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Recommendersystemshavedevelopedinparallelwiththeweb.Withthedevelopmentofweb,theinforma-
tionavailableonlineincreasedatanexponentialrate.Thisinformationoverloadrequiredasystemwhich
couldremoveredundantinformationandprovidethemostvaluableinformationtoauserinminimum
time.CollaborativeFilteringisonethemostaccurateandwidelyadoptedapproachesforprovidingsuch
information.Ithasfounditsapplicationindomainsrangingfrome-commerceande-learningtosocial
networksandwebsearch.Owingtoitsvastfield,techniques,andchallengespertainingtocollaborative
filteringrequiresittobeconglomeratedatoneplacetounderstanditsunderlyingprinciple,workingand
applicationinitsentirety.Collaborativefilteringfindsitsrootsindata-mining.

Dataminingisfindinghiddenandunknowninformationfrominsidelargedatabases.Datamining
toolsandtechniquesarefindingits immenseapplicationsinthemodernday.Collaborativefiltering
usingdataminingwillwidentheapplicationareaandmoreinterestwillbecreatedinbuddingresearch-
erstopursuetheirresearchinthesame.Theimplicationsofdataminingcanbeunderstoodbythefact
thatwhetherit’sapublicorprivatesectororganization,allaretakingtheadvantageofthedatamining
toolsandtechniquestorevealthehiddenandunknowninformationfromtheavailabledata.Thishas
beenwidenedprimarilybecauseofthelargeorcanwesayterabyteofdatawhichiscollectedbyall
theorganizationsovertheyearandtheyareconfusedashowtousesuchabulkofdata.Thenewand
emergingareasofdataminingtechniqueshavesurprisedmanyresearchersandbusinesspersonswho
aregainingalotofhiddenandunknowninformationforincreasingtheirROI.CollaborativeFiltering
isonethemostaccurateandwidely-adoptedapproachesforprovidingsuchinformation.Ithasfound
itsapplicationindomainsrangingfrome-commerceande-learningtosocialnetworksandwebsearch.
Theprimarilytechniquesofdataminingare:

1. Classification:Asupervisedlearning-basedtechniqueinwhichdifferentitemsareclassifiedinto
targetclasses.Thistechniqueisusedinthecaseswheretheexactpredictionisrequired.Inthis,a
trainingsetispreparedthatfindstheassociationbetweenthevaluesofpredictorsandthetarget.
Thetargetisthevalueassignedtotheclassandthepredictoristhevalueassociatedwiththedo-
mainwhosetargetclassneedstobefound.ThemajorclassificationtechniquesemployedareNaïve
BayesAlgorithm,DecisionTreeandSupportVectorMachines(SVM).Thistechniquefindsthe
significantapplicationinthedetectionofcreditcardfraud,andsuspiciousemails.

2. Clustering:Clusteranalysis,orclustering,istheexerciseoftakingasetofobjectsanddividing
themintogroupsinsuchawaythattheobjectsinthesamegroupsaremoresimilartoeachother
accordingtoasetofparametersthantothoseinothergroups.Thesegroupsareknownasclus-
ters.Clusteranalysisisoneofthemaintasksinthefieldofdataminingandisacommonlyused
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techniqueforthestatisticalanalysisofdata.Clusteranalysisdoesnotrefertoanalgorithmbutan
exercisethathastobeundertakenonthegivendataset.Variousalgorithmscanbeusedforcluster
analysis.Thealgorithmsaredividedintovariouscategoriesandtheydiffersignificantlyintheir
ideaofwhataclusterisconstitutedofandhowtheclustersareidentified.Themostpopularideas
onthebasisofwhichclustersaredefinedandidentifiedincludegroupswithsmalldistancesamong
theconstituentmembers,areasofthedataspacewhicharehighlydense,intervalsorparticular
distributions.Clusteringisamulti-objectiveproblemthatitisamathematicaloptimizationprob-
lem.Aclusteringalgorithmconsistsofparametersettingssuchasadistancefunction,adensity
threshold(thenumberofclustersexpectedtobeformed).Basedontheavailabledatasetandthe
useofresultasintendedbytheuser,aptclusteringalgorithmmaybeused.

3. Association Rule Mining:Inassociationrulemining,theassociationbetweenitemsetsarecon-
sideredorfoundwiththehelpofSupportandConfidence.TheRuleareframedaccordingtothe
datavaluesandcorrespondingrelationshipbetweenthem.

4. Neural Network:ANeuralNetwork(NN)isusedtorecognizepatternsindata.Thedatacanbe
specifiedaccordingtothedifferentdomainslikeFinancialFraudincludingCreditCardFraudde-
tectionandphishing,etc.NNsareusedforthoseproblemswheretheexactsolutionisnotrequired,
suchthatthistechniqueisnotsensitivetoerrors.SomecommontypesofNNsareArtificialNeural
Networks(ANNs)andMultilayerArtificialNeuralNetworks(MNNs).

5. Genetic Algorithms:GeneticAlgorithms(GAs)predictusinggeneratedlogicrulesandfitness
functions in order to detect financial fraud and suspicious e-mails. The major steps used are
Mutation,Inheritance,SelectionandCrossover.GAsandNNscanbeusedincombinationtosolve
acomplexproblem.Everymodelinheritstraitsfrompreviousmodelsandcomparesitwiththe
othermodelstomoreaccuratelymodelremains.Itisbasedonthetheoryofthesurvivalofthe
fittest,whichmeansthatthemodelwhichisfitwillsurvivetothenextgenerationandtheothers
willnotbeappliedtothenextlevel.

Thesetechniquesareabletoclassifythegivendataonthebasisofwhetheritissupervisedorunsu-
pervisedlearningmethodologies.Incaseofsupervisedlearning,thedependentandindependentvari-
ablesareconsidered.Thereareasetofindependentvariablesbasedonwhichthevalueofthedependent
variableispredicted,whileinthecaseofunsupervisedlearning,theusefulinformationissearchedby
formingclustersorgroups.Thevariablesinbothcasescanbenominal,ordinal,categoricalorcontinu-
ousvariablesdependingupontheavailabledatawhichenablesustoapplythevariousalgorithmsofthe
differenttechniquesdiscussedabove.Collaborativefilteringfindsitsrootsindata-mining.Datamining
isfindinghiddenandunknowninformationfromlargedatabases.Thedataminingtoolsandtechniques
arefindingitsimmenseapplicationsinthemodernday.Suchanapplicationisbeingproposedbythe
editorofthisbookwhichaimstofindthedataminingapplicationsinemergingareas.Theseareasare
alreadyhottopicsintheresearch.Byincludingdatamininginsuchareas,theapplicationandusability
ofallsaidareaswillbewidened.TheresearchersarealreadyworkingintheareaofCollaborativefilter-
ingusingthetraditionalmethodologies.Theeditorsarefindingthedataminingapplicationsinthisfield
withamotiveofdevelopinganeffectiverecommendationsystemwithaccurateandpreciseinformation
atthedisposaloftheusers.

Collaborativefilteringisdefinedasatechniquethatfilterstheinformationsoughtbytheuserand
patternsbycollaboratingmultipledatasets,suchasviewpoints,multipleagentsandpre-existingdata
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abouttheusers’behaviorstoredinmatrices.Collaborativefilteringisrequiredwhenahugedatasetis
present.Thecollaborativefilteringmethodsareusedtocreaterecommendersystemsforawidevariety
offieldswithlotsofdatahavingvariedformats,suchassensingandmonitoringofdatainbattlefields,
lineofcontrolsandmineralexploration;financialdataofinstitutionsthatprovidefinancialservices,
suchasbanksandstockmarkets;sensingoflargegeographicalareasfromwhichdataisreceivedfrom
allkindsofsensorsandactivities;ecommerceandwebsiteswherethefocusistorecommendproducts
touserstoincreasesales,tonameafew.

Adefinitionofcollaborativefiltering,whichissomewhatnewerandabitnarrowinsensestates
thatitisawayofautomatingtheprocessofmakingpredictions,aprocesswhichisknownasfiltering,
aboutthepreferencesanddislikesofauserbycollectingdatafromasbiganumberofusersaspossible,
aprocesswhichisknownascollaborating,hencethenamecollaborativefiltering.Theunderlyingas-
sumptionofthecollaborativefilteringapproachisthatifapersonAhasthesameopinionofanissueasa
personB,thenAismorelikelytohaveanopinionsimilartoB’sopiniononarelatedbutdifferentissue.
Itisnoteworthythatsuchpredictionsarespecifictotheuser,buttheyareformedbyusingdatafroma
numberofusers.Thepersonalinformationoftheusersuchasage,genderandlocationaregenerallynot
usedincollaborativefiltering(CF)butapartiallyobservedmatrixofratingsisused.Theratingmatrix
maybebinaryorordinal.Thebinarymatrixcontainstheratingsbytheusersincolumnsintheformof
likesordislikeswhiletheuser’nameoridisintherows.Theordinalmatrixcontainsratingsinform
ofanumberofresponsesfromtheusersuchasexcellent,verygood,good,average,poororsimplyin
formofstarsoutoffiveorten,asystemthatisusedfrequentlyinthisdayandage.Theratingmatrixcan
easilybegatheredimplicitlybythewebsite’sserver,forexampleusingclickstreamlogging.Clickson
linkstopagesofgoodsorservicesprovidedcanbeconsideredtobeapositivereviewoftheuser.While
theratingmatricescanprovetobeuseful,onemajordrawbackisthattheyareextremelysparse,soitis
verydifficulttoclumpsimilaruserstogetherintoclasses.Thisisduetoeachandeveryuserdoesnot
givereviewsabouteachandeveryproduct.Thus,collaborativefilteringconsistsofstoringthissparse
dataandanalyzingittocreatearecommendationsystem.

Theobjectiveoftheproposedpublicationwastomakeawareresearchersandotherprospectiveread-
erswithlatesttrendsandpatternsintheinclusionofthedataminingtoolsandtechniquesintheareasof
Collaborativefilteringwhichhelpstodevelopasystemwithpreciseknowledgeandaccuracyforhelping
theusersofthesystem.Theinclusionofimprovedandprovenalgorithmsofthedatamininghelpsto
extractthenuggetsofhiddenandunknowninformationwhichhelpstoframeaneffectiverecommenda-
tionsystemusingCollaborativefiltering.Themissionoftheproposedpublicationwastocomeupwith
aneditedbookwhichaimsatbeingthelatestandmostadvancedtopicinclusionandsimultaneously
actsasadiscussionofthecontributionsofrenownedresearcherswhoseworkhascreatedarevolution
inthisarea.Thecontributionsbyeminentresearchersinfieldsofdatamining,opinionmining,senti-
mentanalysisandCollaborativefilteringwillbepartofbookinemerginge-areaslikeretail,financial
institutionsandsocialnetworks.TheobjectivewouldbetocovereachandeveryaspectofCollaborative
filtering,suchasmemory-based,model-basedandHybridmethodologies.Theuniquecharacteristics
ofthepublicationwere:

1. TheproposedworkofeminentresearchersintheaspectofCollaborativefiltering—likememory-
based,model-basedandHybridmethodologies—inareassuchasretail,financialinstitutionsand
socialnetworkswhicharecurrentfocusesofresearchwillbepartoftheproposedpublication.
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2. Theproposedpublicationwillbetargetedtowardsprovidingthehighestquality,mostaccurateand
latestresearchbyeminentresearchersconsideringthefactsofhowsuchresearchaffectsandinflu-
encescommonpeopleintheireverydayliveswitheffectiveandpreciserecommendationsystems.

3. Theareawhichwillbepartofpublishedworkwillhaveasignificantinfluenceonbusinessusers,
commonpeopleandhaveagreatimpactonsociety.

InAugust2015,inthecallforchapters,Iurgedandsoughtcontributionstothisbookfromresearchers,
ITsavvy’s,andyoungEngineersacrosstheglobewithanaimtoextractandaccumulatethemodernday
researchinthefieldofCollaborativeFilteringUsingDataMiningandAnalysis,andgraduallyIstarted
receivingqualityandveryconceptual,basicandadvancedcontributions fromdifferentcontributors
fromacrosstheglobe.Initially,IthoughtaswhetherIwillbegettinganychaptersonthistopicasitis
verynewandemergingarea,butsurprisinglyIsawagreatresponsewithauthorsstartedtorespond,
whichencouragedmeandmotivatedmebyshowingthatthisareaisgainingimportance.Afterscreening
throughthem,myobjectivewasclear,thisaimedandconcentratedongettingchapterswhichfocused
onelementaryissues,needs,andthedemandforCollaborativeFiltering.

Thebookisacollectionofthefourteenchapterswhichhavebeenwrittenbyeminentprofessors,
researchers,andindustrypeoplefromdifferentcountries.Thesechapterswereinitiallypeer-reviewedby
theEditorialboardmembers,reviewers,andindustrypeoplewhothemselvesspanovermanycountries.
Thebookisdividedintothreesections:Section1,DataMiningtechniquesandanalysis:AnOverview;
Section2,Collaborativefiltering:AnIntroduction;andSection3,Applicationsofdataminingtechniques
anddataanalysisincollaborativefiltering.

SECTION 1: DATA MINING TECHNIQUES AND ANALYSIS: AN OVERVIEW

Chapter1byDr.RenukaMahajan,revolvesaroundthesynthesisof threeresearchareas-datamin-
ing,personalization,recommendationsystemsandadaptivee-Learningsystems.Italsointroducesa
comprehensive listofparameters, extricatedby reviewing theexisting research intensityduring the
periodof2000toOctober2014,forunderstandingwhatshouldbeessentialparametersforadaptingan
e-learning.Ingeneral,wecanconsiderandanswerfewquestionstoanswerthisbodyofliterature‘what’
canbeadapted?Whatcanweadaptto?Howdoweadapt?Thisreviewtriestoansweron‘what’canbe
adapted.Thus,itadvancesearlierpersonalizationstudies.Thegapsinthepreviousstudiesinbuilding
adaptivee-learningsystemswerealsoreviewed.Itcanhelpindesigningnewmodelsforadaptationand
formulatingnovelrecommendersystemtechniques.Thiswillprovideafoundationtoindustryexperts
andscientistsforfutureresearchinadaptivee-learning.

Chapter2byMamtaMittal,Dr.R.K.Sharma,Dr.V.P.SinghandLalitMohanGoyalenlightenedthat
Clusteringisoneofthedataminingtechniquesthatinvestigatesthesedataresourcesforhiddenpatterns.
Manyclusteringalgorithmsareavailableinliterature.Thischapteremphasizesonpartitioningbased
methodsandisanattempttowardsdevelopingclusteringalgorithmsthatcanefficientlydetectclusters.
Inpartitioningbasedmethods,k-meansandsinglepassclusteringarepopularclusteringalgorithmsbut
theyhaveseverallimitations.Toovercomethelimitationsofthesealgorithms,aModifiedSinglePass
Clustering(MSPC)algorithmhasbeenproposedinthiswork.Itrevolvesaroundthepropositionofa
thresholdsimilarityvalue.Thisisnotauserdefinedparameter;instead,itisafunctionofdataobjects
lefttobeclustered.Inourexperiments,thisthresholdsimilarityvalueistakenasmedianofthepaired
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distanceofalldataobjectslefttobeclustered.ToassesstheperformanceofMSPCalgorithm,fiveex-
perimentsfork-means,SPCandMSPCalgorithmshavebeencarriedoutonartificialandrealdatasets.

InChapter3byNeethuAkkarapatty,AnjalyMuralidharan,NishaS.RajandDr.VinodPunderlined
thatSentimentanalysisisanemergingfield,concernedwiththeanalysisandunderstandingofhuman
emotionsfromsentences.Sentimentanalysisistheprocessusedtodeterminetheattitude/opinion/emotions
expressedbyapersonaboutaspecifictopicbasedonNaturalLanguageProcessing(NLP).Proliferation
ofsocialmediasuchasblogs,Twitter,FacebookandLinkedInhasfuelledinterestinSentimentanaly-
sis.Astherealtimedataisdynamic,themainfocusofthechapteristoextractdifferentcategoriesof
featuresandtoanalyzewhichcategoryofattributeperformsbetter.Moreover,classifyingthedocument
intopositiveandnegativecategorywithfewermisclassificationsistheprimaryinvestigationperformed.
ThevariousapproachesemployedforfeatureselectioninvolvesTF-IDF,WET,Chi-SquareandmRMR
onbenchmarkdatasetpertainingdiversedomains.

SECTION 2: COLLABORATIVE FILTERING: AN INTRODUCTION

Chapter4byVenkatesanMandDr.ThangaduraiKanalyzestherecommendersystems,theirhistory
anditsframeworkinbrief.Thecurrentgenerationoffilteringtechniquesinrecommendationmethods
canbebroadlyclassifiedintothefollowingfivecategories.Techniquesusedinthesecategoriesare
discussedindetail.Dataminingalgorithmstechniquesareimplementedinrecommendersystemsto
filtersuserdataratings.AreaofapplicationofRecommenderSystemsgivesbroadideaandsuchashow
itgivesimpactandwhyitisusedinthee-commerce,OnlineSocialNetworks(OSN),andsoon.Ithas
shiftedthecoreofInternetapplicationsfromdevicestousers.Inthischapter,issuesandrecentresearch
inrecommendersystemarealsodiscussed.

InChapter5byNeetiSangwanandNaveenDahiyaurgedthatRecommendationmakingisanimpor-
tantpartoftheinformationande-commerceecosystem.Recommendationrepresentapowerfulmethod
thatfilterlargeamountofinformationtoproviderelevantchoicetoendusers.Toproviderecommenda-
tionstotheusers,efficientandcosteffectivemethodsneedstobeintroduced.Collaborativefilteringis
anemergingtechniqueusedinmakingrecommendationswhichmakesuseoffilteringbydatamining.
Thischapterpresentsaclassificationframeworkontheuseofdataminingtechniquesincollaborative
filteringtoextractthebestrecommendationstotheusersonthebasisoftheirinterests.

Chapter6byAmritPalandDr.ManishKumardescribesthatSizeofdataisincreasing;itiscreating
challengesforitsprocessingandstorage.Thereareclusterbasedtechniquesavailableforstorageand
processingofthishugeamountofdata.MapReduceprovidesaneffectiveprogrammingframeworkfor
developingdistributedprogramforperformingtaskswhichresultsintermsofkeyvaluepair.Collabora-
tivefilteringistheprocessofperformingrecommendationbasedonthepreviousratingoftheuserfor
aparticularitemorservice.Therearechallengeswhileimplementingcollaborativefilteringtechniques
usingthesedistributedmodels.Sometechniquesareavailableforimplementingcollaborativefiltering
techniquesusingthesemodels.Clusterbasedcollaborativefiltering,mapreducebasedcollaborative
filteringaresomeofthesetechniques.Chapteraddressesthesetechniquesandsomebasicsofcollab-
orativefiltering

InChapter7byAnuSaini focused that todayeverybigcompany, likeGoogle,Flipkart,Yahoo,
Amazonetc.,isdealingwiththeBigData.Thisbigdatacanbeusedtopredicttherecommendationfor
theuseronthebasisoftheirpastbehaviour.Recommendationsystemsareusedtoprovidetherecom-
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mendationtotheusers.Theauthorpresentsanoverviewofvarioustypesofrecommendationsystems
andhowthesesystemsgiverecommendationbyusingvariousapproachesofCollaborativeFiltering.
Variousresearchworksthatemploycollaborativefilteringforrecommendationssystemsarereviewed
andclassifiedbytheauthors.Finallythischapterfocusesontheframeworkofrecommendationsystem
ofbigdataalongwiththedetailedsurveyontheuseoftheBigDataminingincollaborativefiltering.

SECTION 3: APPLICATIONS OF DATA MINING TECHNIQUES 
AND DATA ANALYSIS IN COLLABORATIVE FILTERING

ArushiJain,Dr.VishalBhatnagarandPulkitSharmainChapter8canvassthatthereisaproliferation
intheamountofdatageneratedanditsvolume,whichisgoingtopersevereformanycomingyears.Big
dataclusteringistheexerciseoftakingasetofobjectsanddividingthemintogroupsinsuchawaythat
theobjectsinthesamegroupsaremoresimilartoeachotheraccordingtoacertainsetofparameters
thantothoseinothergroups.Thesegroupsareknownasclusters.Clusteranalysisisoneofthemain
tasksinthefieldofdataminingandisacommonlyusedtechniqueforstatisticalanalysisofdata.While
bigdatacollaborativefilteringdefinedasatechniquethatfilterstheinformationsoughtbytheuserand
patternsbycollaboratingmultipledatasetssuchasviewpoints,multipleagentsandpre-existingdata
abouttheusers’behaviourstoredinmatrices.Collaborativefilteringisespeciallyrequiredwhenahuge
datasetispresent.

Inchapter9Prof.CarsonK.Leung,FanJiang,EdsonM.DelaCruzandVijaySekarElangopresents
thatCollaborativefilteringusesdataminingandanalysistodevelopasystemthathelpsusersmake
appropriatedecisionsinreal-lifeapplicationsbyremovingredundantinformationandprovidingvalu-
abletoinformationusers.Dataminingaimstoextractfromdatatheimplicit,previouslyunknownand
potentiallyusefulinformationsuchasassociationrulesthatrevealsrelationshipsbetweenfrequently
co-occurringpatterns inantecedentandconsequentpartsofassociationrules.Thischapterpresents
analgorithmcalledCF-Minerforcollaborativefilteringwithassociationruleminer.TheCF-Miner
algorithmfirstconstructsbitwisedatastructurestocaptureimportantcontentsinthedata.Itthenfinds
frequentpatternsfromthebitwisestructures.Basedontheminedfrequentpatterns,thealgorithmforms
associationrules.Finally,thealgorithmrankstheminedassociationrulestorecommendappropriate
merchandiseproducts,goodsorservicestousers.EvaluationresultsshowtheeffectivenessofCF-Miner
inusingassociationruleminingincollaborativefiltering.

Chapter10byMahimaGoyalandDr.VishalBhatnagardiscussesthattherecenttrendofexpress-
ingopinionsonthesocialmediaplatformslikeTwitter,Blogs,Reviewsetc.,alargeamountofdatais
availablefortheanalysisintheformofopinionmining.Thisanalysisplayspivotalroleinproviding
recommendationforecommerceproducts,servicesandsocialnetworks,forecastingmarketmovements
andcompetitionamongbusinesses,etc.Theauthorspresentaliteraturereviewaboutthedifferenttech-
niquesandapplicationsofthisfield.TheprimarytechniquescanbeclassifiedintoDataMiningmethods,
NaturalLanguageProcessing(NLP)andMachinelearningalgorithms.Aclassificationframeworkis
designedtodepictthethreelevelsofopinionmining–documentlevel,SentenceLevelandAspectLevel
alongwiththemethodsinvolvedinit.Asystemcanberecommendedonthebasisofcontentbasedand
collaborativefiltering.
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Sheng-Jhe Ke and Wei-Po Lee in Chapter 11 emphasise that Traditional collaborative filtering
recommendationmethodscalculatesimilaritybetweenuserstofindthemostsimilarneighboursand
takeintoaccounttheiropinionstopredictitemratings.Thoughthesemethodshavesomeadvantages,
however,theyencounterdifficultiesindealingwiththeproblemsofcoldstartusersanddatasparsity.
Toovercomethesedifficulties,researchershaveproposedtoconsidersocialcontextinformationinthe
processofdeterminingsimilarneighbours.Inthischapter,wepresentadataanalyticsapproachthat
combinesuserpreferenceandsocialtrust.Thisapproachregardsthecollaborativerecommendationas
aclassificationtask.Itincludesadataanalysisproceduretoexplorethetargetdatasetintermsofuser
similarityandtrustrelationship,andadataclassificationproceduretoextractdatafeaturesandbuild
upamodelaccordingly.Aseriesofexperimentsareconductedforperformanceevaluation.Theresults
showthatthisapproachcanenhancetherecommendationperformanceinanadaptivewaywithoutan
iterativeparameter-tuningprocess.

InChapter12Dr.MarenglenBiba,Dr.NarasimhaRaoRaoVajjhalaandLedionaNishaniprovides
astate-of-the-artsurveyofvisualdataminingtechniquesusedforcollaborativefiltering.Thechapter
willbeginwithadiscussiononvariousvisualdataminingtechniquesalongwithananalysisof the
state-of-the-artvisualdataminingtechniquesusedbyresearchersaswellasintheindustry.Collabora-
tivefilteringapproacheswillbepresentedalongwithananalysisofthestate-of-the-artcollaborative
filteringapproachescurrentlyinuseintheindustry.Thechapterwillalsoincludethekeysectionofthe
discussiononthelatesttrendsinvisualdataminingforcollaborativemining.

Chapter13bySnehalataSewakdasDongreandDr.LateshMalikexploredthatAdatastreamisgiant
amountofdatawhichisgenerateduncontrollablyatarapidratefrommanyapplicationslikecalldetail
records,logrecords,sensorsapplicationsetc.Datastreammininghasgraspedtheattentionofsomany
researchers.ArisingprobleminDataStreamsisthehandlingofconceptdrift.Tobeagoodalgorithm
itshouldadaptthechangesandhandletheconceptdriftproperly.Ensembleclassificationmethodisthe
groupofclassifierswhichworksincollaborativemanner.Overallthischapterwillcoveralltheaspects
ofthedatastreamclassification.Themissionofthischapteristodiscussvarioustechniqueswhichuse
collaborativefilteringforthedatastreammining.Themainconcernofthischapteristomakereader
familiarwiththedatastreamdomainanddatastreammining.Insteadofsingleclassifierthegroupof
classifiersisusedtoenhancetheaccuracyofclassification.Thecollaborativefilteringwillplayim-
portantroleherehowthedifferentclassifiersworkcollaborativewithintheensembletoachieveagoal.

LedionaNishaniandProf.MarenglenBibainChapter14presentsthatpeoplenowadaysbasetheir
behaviourbymakingchoicesthroughwordofmouth,media,publicopinion,surveys,etc.Oneofthemost
prominenttechniquesofrecommendersystemsisCollaborativefiltering(CF),whichutilizestheknown
preferencesofseveraluserstodeveloprecommendationforotherusers.CFcanintroducelimitationslike
new-itemproblem,new-userproblemordatasparsity,whichcanbemitigatedbyemployingStatistical
RelationalLearning(SRLs).Thisreviewchapterpresentsacomprehensivescientificsurveyfromthe
basicandtraditionaltechniquestothe-state-of-the-artofSRLalgorithmsimplementedforcollaborative
filteringissues.AuthorsprovideacomprehensivereviewofSRLforCFtasksanddemonstratestrong
evidencethatSRLcanbesuccessfullyimplementedintherecommendersystemsdomain.Finally,the
chapterisconcludedwithasummarizationofthekeyissuesthatSRLstackleinthecollaborativefilter-
ingareaandsuggestfurtheropenissuesinordertoadvanceinthisfieldofresearch.

TheapplicationsofCollaborativeFilteringUsingDataMiningandAnalysisaresovastthatitcannot
becoveredinsinglebook.Howeverwiththeencouragingresearchcontributionbytheresearchersin
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thisbook,we(contributors)triedtosumthelatestdevelopmentandworkinthearea.Thiseditedbook
willserveasthesteppingstoneandafactorofmotivationforthoseyoungResearchersandBudding
EngineerswhoarewitnessingtheeverystoppinggrowthinthefieldofCollaborativeFilteringUsing
DataMiningandAnalysis.

Vishal Bhatnagar 
Ambedkar Institute of Advanced Communication Technologies and Research, India
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