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ABSTRACT

Socialmediaisincreasinglygainingtractionasavaluabletoolforsmallbusiness.Thisisparticularly
thecaseinmicroenterprisesintheIndonesianretailindustry,whereadoptionisanecdotallyincreasing,
butwithlittleunderstandingofthefactorsenablingsuchadoption.Consequently,thisstudyproposes
aresearchmodelderivedfromtheUnifiedTheoryofAcceptanceandtheUseofTechnologyand
extended by integrating the task-technology-fit framework, along with price value propositions.
OnlinesurveysweresenttomicroenterprisesoperatingintheIndonesianretailindustrywith153
validresponsesreceived.DataanalysisusedstructuralequationmodellingwithSmartPLS3.The
resultsshowthatpricevalueandtask-technology-fitareperceivedassignificantfactorsforinfluencing
positiveattitudestowardstheadoptionofsocialmediaamongmicroenterprises.Inaddition,attitude
andfacilitatingconditionswerefoundtohaveasignificantinfluenceonintentiontoadoptsocial
media.Thesefindingsholdimportimplicationstotheoryandpracticeinthisnascentfieldofresearch.
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INTRodUCTIoN

Social media is widely acknowledged as having enabled many recent social, economic, and
politicaltransformations.Overthepastdecade,theeconomicimpactofsocialmediaonbusiness
organizationshasattractedmuchinterestamongresearchers,policymakersandthegeneralpublic.
These media, which include Wikipedia, YouTube, Facebook, Second Life, and Twitter, have
becomeestablishedasessentialforachievingbroadorganizationaladvantage(KaplanandHaenlein,
2010).Suchadvantagesincludebetterconnectionswithstakeholders(KaplanandHaenlein,2010),
improved brand affinity, increased sales opportunities, enhanced customer support, favorable
customersentiment,effectiverecruitment(Wood&Khan,2016),bettercommunicationbetween
customers and sellers, heightened relationship building and trust, and easier identification of
potentialbusinesspartners(Kelleher&Sweetser,2012;Michaelidou,Siamagka,&Christodoulides,
2011).Moreover,socialmediaprovideinnovativewaysforfirmstoidentifyproductbestsellers
andattractandretaincustomers(Wamba&Carter,2014).
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Concurrentwiththeriseofsocialmedia,hascomeagrowingappreciationoftheroleofmicro
enterprises(MEs),whichareviewedaspivotaltotheeconomiesofmanycountries.MEsrepresent
thelargestproportionofcompaniesinthemajorityofeconomiesandplayanimportantrolebecause
oftheirflexibility,substantialemployment,capacitytogenerateincome,andtheirabilitytoinnovate.
Consequently,theirsurvivalandgrowthhasbeenamajorconcerninanincreasinglycompetitive
globalizedbusinessenvironmentoftendominatedbymultinationalcorporations.However,many
moreoptimisticresearchershaveheraldedsocialmediaasapotentialequalizerforMEsthathasthe
potentialtoempowersmallorganizationstoeffectivelycompetewiththeirlargercounterparts.Itis
wellestablishedthatsmall-to-mediumenterprises(SMEs)canbenefitfromtheuseofsocialmedia
(Ainin,Parveen,Moghavvemi,Jaafar,&MohdShuib,2015;Dahnil,Marzuki,Langgat,&Fabeil,
2014;Ghezzi,Gastaldi,Lettieri,Martini,&Corso,2016;McCann&Barlow,2015;Wamba&Carter,
2014).Giventheirwidespreaduseandlowcostofadoption(McCann&Barlow,2015),socialmedia
canbeapotentialsolutiontoovercomethedrawbacksmanyMEsencounterinconductingbusiness,
especiallytheirlimitedhumanresources,scarcefinancialresources,andbasicITinfrastructure.

Although research on social media in SMEs has deservedly attracted attention, research
pertainingtosocialmediaadoptionamongMEs,whichtypicallyhavefiveorfeweremployees,
is still in its infancy,especially indevelopingcountries.This is theprimarymotivator for this
research.This study is empiricallycontextualized in Indonesia’s retail industrybecauseof the
anecdotalevidenceofthegrowingdiffusionofsocialmediainthisindustry,thelackofrelevant
researchinsuchacontext,andpracticalreasonspertainingtoaccesstodata.Wehaveespecially
undertakentoanswerthisresearchquestion:Whatfactorsinfluencetheadoptionofsocialmedia
amongMEsintheIndonesianretailsector?

Thispapercommencesbyprovidingatheoreticalbackground,researchmodel,researchmethods,
thencontinuestoempiricalresultsfollowedbyadiscussionoffindingsandtheirimplicationsfor
theoryandforpractice.Weconcludewithareviewofourkeyfindingsandsuggestionsforfuture
researchdirections.

LITERATURE REVIEw

Characteristics of Micro Enterprises
Firmsarepredominantlyclassifiedbasedontheirnumberofemployeesand,toalesserextent,by
theirfinancialturnover.Governmentalpoliciesanddefinitionsoftendeterminetheseclassifications.
SomegovernmentalpoliciesandresearchersconsideranSMEashavingupto500employees,small
firmstobethosewithfewerthan100employees,andMEsasthosewithnomorethanfiveemployees
(Liberman-Yaconi,Hooper,&Hutchings,2010).

EachcountryhasvaryingcutoffpointsintheirdefinitionsofMEs,andthesemayevenvaryby
industry.Forexample,inSouthAfrica,anMEisdefinedasabusinessthathasaturnoverbelowthe
stipulatedSouthAfricanvalue-addedtax(VAT)registrationlimit.TheseMEsdonotformallyregister
asanenterpriseandemploynomorethanfivepeople(Marnewick,2014).Meanwhile,Indonesia’s
contextdelineatesMEsbasedonfinancialturnoverwithoutregardtonumberofemployees.The
Republicof IndonesiaLawNo.20of2008onmicro, small, andmediumenterprises (MSMEs)
definesanMEasaproductiveenterpriseownedbyanindividualand/orindividualbusinessentities
thathastotalnetassetsofIDR50millionorless,excludinglandandbuildings,orhasannualsalesof
IDR300millionorless.Therefore,thisIndonesianLawdifferentiatesthecriteriaforMSMEsbased
onassets(networth)andannualsalesregardlessofthenumberofemployees.

MEsareoftenestablishedandrunbyanentrepreneurwhoisoftentheowner,manager,and/or
employee(Bravo,Maldonado,&Weber,2013).KarjaluotoandHuhtamäki(2010)foundthatone
ofthemostprominentdeterminantsofthefataofMEsliesinthecrucialroleoftheowner/manager.
Thus,theowner/manager’spersonalcharacteristicssuchasattitude,aspirations,andvaluesshape
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thoseoftheME.Theowner’sormanager’smotivationisalsoconsideredoneofthemostimportant
factorsdetermininge-businessdevelopmentinMEsbecausecontrolismainlyintheirhands.Prior
studieshighlight thenotablecharacteristicsofMEs.Forexample,MEsseldominvolve informal
contractualagreementswithbanks,suppliers,customers,orotherstakeholders(Liberman-Yaconi
etal.,2010;Roy&Wheeler,2006).Theyusuallydonotformallyregister(Marnewick,2014)and
haveasmallmarketshare(Liberman-Yaconietal.,2010).Furthermore,RoyandWheeler(2006)
indicatedthat,intermsofbusinessactivityselection,MEsareusuallydirectedbyintuitionbasedon
acombinationoftheowner/manager’spersonalinterest,easeofwork,pasttrainingandexperience
(bothformalandinformal),currentfinancialcapacity,andasomewhatsimplebusinessassessment.
Therefore,thedecisioninMEstoadoptITsuchassocialmediaishighlydependentontheowner/
manager’sinterest,experience,intuition,andpredisposition.

MEshavealsobeenacknowledgedasplayinganimportanteconomicroleasamajorsource
ofnationalincomeandemployment(Liberman-Yaconietal.,2010;Marnewick,2014).Theyarea
significantpartoftheeconomyinbothdevelopinganddevelopedcountries.However,MEshave
severallimitationsbecauseofscarcities,includingthoseofhuman,financial,andskill-basedresources,
especiallyininformationtechnology(IT).LimitedtechnologicalskillsmayhinderMEsfromadopting
traditionaltechnologiesandeffectivelyintegratingthemintothebusiness.Therefore,findingsuitable
andeasilyadaptabletools,suchassocialmedia,mayassistMEsinovercomingtheseproblems.

MSMEs, Social Media, and Mobile Technologies
FewresearchershavefocusedonITadoptioninMEs.Theresearchthathasbeendonefocusedaround
grantsfortheadoptionofhardwareandsoftware(Wolcott,Kamal,&Qureshi,2008);theadoption
ofsuitableadvancemanufacturingtechnologies(AMT)inIndia(Singh,Singh,&Yadav,2014);and
theadoptionofcorporateWebsitestostrengthenbrandvisibilityinNigeria(Osakwe&Chovancova,
2016).ThislatterstudysuggestedthatNigeria’spolicymakersandrelatedstakeholdersshouldsupport
theadoptionanddiffusionofcorporateWebsitesamongMEs.Overall,thesestudiesemphasizedthat
thebigproblemsrelatedtoITadoptioninMEsarebornoutofalackofITskills,alackofinterest
amongowners,alackofinfrastructure,alackofgovernmentsupport,andfinancialproblems.

Althoughsocialmediacouldindeedplayaroleinmitigatingthesefactors,specificresearchinto
socialmediaadoptionamongMEsisstillrare.Notably,abroadstudybySyuhadaandGambetta
(2013)describedtheproblemsencounteredbyMSMEsintheadoptionofe-commerceinIndonesia
andhighlightedtheneedforthedevelopmentofonlinemarketplacesforMSMEs.Anotherstudy
conductedbyMandalandMcQueen(2012)emphasizedtheuseofUTAUTtoexplainsocialmedia
adoptionbyMEs.

Priorresearchalsocategorizedthedimensionsofsocialmediaindifferentways.Kaplanand
Haenlein(2010)classifiedsocialmediabasedonsocialpresence/mediarichnessandself-presentation/
self-disclosure.WoodandKhan(2016)specifiedsocialmediabasedontoolsandobjectives(such
as blogs, Twitter, LinkedIn, and Facebook), internally developed social networks (such as the
CiscoLearningNetwork),specialpurposesocialsoftwareforenterprises(suchasChatter,Jiveor
Yammer),anddataderivedfromsocialmediaandtechnologies(suchascrowdsourcingormarketing
intelligence).Conversely,Kietzmann,Hermkens,McCarthy,andSilvestre (2011)used theseven
majorfunctionalitiesaffordedbysocialmediaasthemeansforclassification;thesesevenareidentity,
conversation,sharing,presence,relationships,reputation,andgroups.However,astudybyMcCann
andBarlow(2015)showedoverlapsinthefunctionalityofsocialmediaapplications,thetypeof
human social interactions, and the levelof information content for the classification approaches
adoptedbydifferentauthors.Moreover,severalstudiesproposedtheinclusionoftheinfluenceof
cultureinanalysesofsocialmediaadoption(Ghezzietal.,2016;Wamba&Carter,2014).

Withtheubiquitousdiffusionofmobiledevices,socialmedia,alongwithmanyconsumer-oriented
e-commerceactivities,havebecomemobile.Theuseofmobiledevicessuchassmartphones,tablets,
andlaptopspermiteasyaccesstosocialmediaandtoonlinebusinesstransactions.Moreover,the
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uniquefeaturesofmobiletechnologiessuchasportability,userverification,instantconnectivity,and
convenience(Picoto,Bélanger,&Palma-dos-Reis,2014)canhaveanimportantimpactonbusiness
operations.Consequently,thefusionofmobileandsocialtechnologiesfacilitatesrapidinteractions
betweenbusinessesandtheircustomers.Theyallowforlocalizationandpersonalizationofservices.
Localizationreferstoreal-timeidentificationofauser’sphysical location,henceprovidingthem
withpersonalizedinstantaneousmobileadvertisements,coupons,orservicesbasedontheirinterests
(Turban,King,Lee,Liang,&Turban,2015).

Micro Enterprises and Technology Adoption in Indonesia
Adecadeago,theWorldBankreportedthattwoSoutheastAsiancountries,BruneiDarussalamand
Indonesia,ashavingthehighestdensityofformalMSMEsintheworld.Othersinthetopfive,in
order,wereParaguay,theCzechRepublic,andEcuador(Kushnir,Mirmulstein,&Ramalho,2010).
BruneiDarussalamhad122formalMSMEsandIndonesia100MSMEsper1,000people.High-
incomecountriesgenerallyhavelowerMSMEsratios.Theratioishighlycorrelatedwitheconomic
developmentandjobcreationintheregion.Indonesiawasatthetimealsooneofthefast-growing
marketsforsocialmedia(Kushniretal.,2010).Morerecently,surveyshaveindicatedthatIndonesians
spendalmostthreehoursadayonsocialmedia(Kemp,2015).Thetop10mostactivesocialmedia
platforms used in Indonesia are Facebook (14%), followed by WhatsApp (12%), Twitter (11%),
FacebookMessenger(9%),Google+(9%),LinkedIn(7%),Instagram(7%),Skype(6%),Pinterest
(6%),andLine(6%)(Kemp,2015).

GiventhisgrowthofsocialmediauseinIndonesia,itappearsessentialforbusinessleadersto
consideradoptingsuitablesocialmediathatcanengagecustomersinordertoincreasethevalueof
theirorganizationsandachievetheirbusinessobjectives.Currentfindingsalsoindicatethathigh
numbers of small businesses, including MEs in Asian countries (the top three being Indonesia,
Vietnam,andChina),areusingsocialmediaforbusinesspurposes(92.6%)atrateshigherthanthose
inNewZealand(56.5%)andAustralia(50.2%)(CPAAustralia,2015).Asiansmallbusinessesare
consideredtobemoreinnovativeandcreativecomparedwithAustralianandNewZealand’ssmall
businesses, according to a report by theCharteredProfessionalAccountants (CPA)ofAustralia
(2015).This indicates that theuseof socialmediamayhaveenabledAsian small businesses to
becomemoreinnovative.

RESEARCH ModEL ANd HyPoTHESES

Unified Theory of Acceptance and Use of Technology (UTAUT)
Theunifiedtheoryofacceptanceanduseoftechnology(UTAUT)providesaholisticamalgamation
ofeighttheoriesandmodels,allaimedatexplainingintentionandbehaviorastheyrelatetotheuse
oftechnology.ThisstudyusestheUTAUTastheunderpinningtheorytoexplaintheadoptionof
socialmediaamongMEs.Itmodifiesandextendsthetheorytoaccommodatetheresearchobjective.

TheUTAUTwasoriginallyproposedbyVenkatesh,Morris,Davis,andDavis(2003)toprovide
ausefulinstrumenttoassessuseracceptanceandusagebehaviorinIT.Thetheoryhelpsmanagers
assesstheprospectofsuccessofnewtechnologyadoptionandassiststheminunderstandingthe
driversofacceptancetoproactivelydesigninterventionssuchastrainingandmarketing.Theeight
theoriesandmodelsintegratedbyUTAUTare:thetheoryofreasonedaction(TRA),thetechnology
acceptancemodel(TAM),themotivationalmodel(MM),thetheoryofplannedbehavior(TPB),a
modelcombiningthetechnologyacceptancemodelandthetheoryofplannedbehavior(Combined
TAM-TPB),themodelofPCutilization(MPCU),theinnovationdiffusiontheory(IDT),andthe
socialcognitivetheory(SCT).

The original UTAUT theory proposed three direct determinants of behavioral intention —
performanceexpectancy,effortexpectancy,andsocialinfluence—andtwodirectdeterminantsof
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usagebehavior,intentionandfacilitatingconditions.ThesearedemonstratedinFigure1.Thetheory
alsoassumesgender,age,experience,andvoluntarinessofusemoderatetheeffectofthefourcore
constructs.ThisoriginalversionoftheUTAUTwasabletoaccountfor70%ofthevariance(adjusted
R2)inusageintention,aresultsuperiortoanyoftheeightmodelsappliedindependently(Venkateshet

al.,2003).Therefore,theUTAUTcouldbeappliedtogainanunderstandingofavarietyofproblems
relatedtoInformationSystems(IS)orITadoptionanddiffusion(Williams,Rana,&Dwivedi,2012).

TheUTAUThasbeenwidelyusedinvarioustechnologyadoptionstudiesofonlinebehavior.
Someexamplesareonlinebankingbehavior(Al-Qeisi,Dennis,Hegazy,&Abbad,2015;Oh&Yoon,
2014), mobile device acceptance (Carlsson, Carlsson, Hyvönen, Puhakainen, & Walden, 2006);
mobilecommerce(Qingfei,Shaobo,&Gang,2008);microbloggingadoptioninenterprises(Günther,
Krasnova,Riehle,&Schöndienst,2009);socialmediaamongstudententrepreneurs(Shokery,Nawi,
Nasir,&AlMamun,2016);ande-commerceadoption(Chiemeke&Evwiekpaefe,2011).

Intermsofsocialmediaadoption,specifically,theUTAUThasbeenusedinseveralstudies.For
example,Gruzd,Staves,andWilk(2012)examinedtheuseofsocialmediabyscholars;Güntheretal.
(2009)studiedmicroblogginginenterprises;MandalandMcQueen(2012)investigatedsocialmedia
adoptionbyMEs;Salim(2012)studiedsocialmediainEgypt;Talukder,Quazi,andDjatikusumo
(2013) investigated the impactofsocial influenceonindividuals’adoptionofsocialnetworks in
SMEs;Wong,Tan,Loke,andOoi(2015)exploredfactorsthatinfluenceusers’behavioralintentions
toadoptmobilesocialnetworkinginlearning;andYueh,Huang,andChang(2015)investigated
factorsaffectingstudents’continuedWikiuseforindividualandcollaborativelearning.Therefore,the
UTAUTiswell-establishedintechnologyadoptionresearchingeneralandinsocialmediaadoption
researchinparticular.

TheUTAUTalignswellwithourobjectiveofinvestigatingtheadoptionofsocialmediaamong
MEsintheIndonesianretailsector.Nevertheless,itdoeshavelimitationsinrelationtoconceptsof
pricevalueandtechnologyfit.MEsusuallydonothaveformalprocessesanddelegationandhave
limitedaccesstoresources,allconceptsnotwellcapturedintheoriginalUTAUTmodel.Toaddress
theselimitationswhilestillbuildingupontheoriginalUTAUT,wehaveextendedtheUTAUTwithtwo
additionalconcepts.Thesearepricevalue(adaptedfromUTAUT2)andtasktechnologyfit(Goodhue

Figure 1. Original UTAUT model adapted from Venkatesh et al. (2003)
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&Thompson,1995).Thisextendedmodelallowsadeeperexaminationofpricevaluepropositionsin
resourcepoorMEsalongwithanexaminationofthefitbetweentasksandtechnology.Weexpected
agoodfitbetweentasksandtechnologycouldpromoteusers’adoptionofsocialmedia.Incontrast,
apoorfitcoulddecreaseusers’intenttoadopt.Theseconceptsarediscussedindetailbelow.

Price Value
WeadaptedthepricevalueconstructfromtheUTAUT2modelproposedbyVenkatesh,Thong,and
Xu(2012).Animportantdifferencebetweenaconsumerusesetting(UTAUT2)andanorganizational
usesetting—thecontextinwhichtheoriginalUTAUTwasdeveloped—isthatconsumersusually
bearthemonetarycostofsuchusewhereasemployeesdonot.Thecostandpricingstructuremayhave
asignificantimpactonconsumers’technologyuse.Similarly,becauseoftheirlimitedfinances,MEs
mustconsiderthecostandvaluepropositionofusingcertaintechnologiesfortheirbusinessactivities.

Inmarketingresearch,themonetarycost/priceconstructisusuallyconceptualizedtogetherwith
thequalityofproductsorservicestodeterminetheperceivedvalueofsuchproductsorservices
(Zeithaml,1988).Ourstudyfollowedthisprincipleanddefinedpricevalueasconsumers’cognitive
tradeoffbetweentheperceivedbenefitsofapplicationsandthemonetarycostforusingthem(Dodds,
Monroe,&Grewal,1991).Thepricevalueispositivewhenthebenefitsofusingatechnologyare
perceivedtobegreaterthanthemonetarycost.Then,suchpricevaluewouldbeconsideredtohave
apositiveimpactonintentiontouseatechnology,whichwouldnecessitatetheadditiontothemodel
ofthisvariableasapredictorofbehavioralintentiontousetechnology(Venkateshetal.,2012).

Task-Technology Fit
The task-technology-fit (TTF) model attempts to explain how technology affects performance.
ProposedbyGoodhueandThompson (1995), theTTFmodel suggests that technologyadoption
dependsonhowwell thenew technology fitsor supports the requirementsofparticular task(s).
Specifically,theTTFmodelisusedtoinvestigatethecorrespondencebetweentaskrequirements,
individualabilities,andthefunctionalityofthetechnology.

TheTTFmodelhasbeensuccessfully implemented topredictacceptanceofgroupdecision
supportsystems(Zigurs,Buckland,Connolly,&Wilson,1999),adoptionofsystemsforaccounting
decisionmaking(Benford&Hunton,2000),andtoevaluateonlineshopping(Klopping&McKinney,
2004).DishawandStrong(1999)usedanintegratedTTFmodelwithTAMtoexplaintherelationship
betweensoftwareuseandusers’performance;andLee,Choi,Kim,andHong(2007)usedamodified
TTFmodeltoexplorethefactorsaffectingtheadoptionofmCommerce(MobileCommerce)inthe
insuranceindustry.Moreover,Oliveira,Faria,Thomas,andPopovic(2014)usedanintegratedmodel
ofUTAUT,TTF,andtheInitialTrustModel(ITM)tostudymobilebankingadoption.

Figure 2 illustrates the proposed research model in which we extended the UTAUT by
incorporatingpricevalueandTTF.Takingpreviousfindingsintoconsideration, inourstudythe
threeUTAUTvariables,togetherwithadditionalvariablesrelatingtopricevalueandTTF,arethe
determinantsofattitude.ThisbuildsuponDavis,Bagozzi,andWarshaw(1989).Theyassertedthat
individualbehavioralintentiontouseatechnologyisdeterminedbyanindividual’sattitudetoward
suchtechnology.ThiswasfurtherreinforcedbyfindingsinFinlandinthecontextofmobiledevices
andservices(Carlssonetal.,2006).Meanwhile,facilitatingconditionshaveadirecteffectonthe
behavioral intentionofusing socialmedia.Eachof thevariables in theproposedmodelwill be
explainedinthefollowingdiscussion.

Performance Expectancy
Performance expectancy is the degree to which an individual believes that using a system will
provideabenefitorenhance jobperformance (Venkateshetal.,2003).Performanceexpectancy
correspondswithperceivedusefulnessinTAM.Perceivedusefulnessandperceivedeaseofusein
TAMaredeterminantsofattitude(Davis,1989;Davis,Bagozzi,&Warshaw,1989;Venkateshetal.,
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2003).MEoperativesmayhavecertainexpectationsthattheuseofsocialmediacanimprovetheir
businessperformance.Consequently,theywillusesocialmediatofacilitatetheirbusinessprocesses.
Therefore,weproposethefirsthypothesis:

H1:Performanceexpectancyhasapositive influenceonattitudes towardsocialmediaadoption
amongMEsintheIndonesianretailindustry.

Effort Expectancy
Effortexpectancyisthedegreeofeaseanindividualassociatewiththeuseofasystem(Venkatesh
etal.,2003).ItisderivedfromperceivedeaseofuseintheTAM,anditisoneofthedeterminants
ofattitude(Davis,1989;Davisetal.,1989).Dealingwithlimitedtechnologicalskills,operativesin
MEsmayhaveacertainexpectationthatsocialmediaiseasytouseinhelpingthemconducttheir
businesses,leadingthemtousesocialmedia.Therefore,weproposeoursecondhypothesis:

H2:Effortexpectancyhasapositiveinfluenceonattitudestowardsocialmediaadoptionamong
MEsintheIndonesianretailindustry.

Social Influence
Socialinfluencedescribesasituationinwhichanindividualperceivesthatothersbelieveheorshe
shoulduseanewtechnology(Venkateshetal.,2003).Socialinfluenceisderivedfromasubjective
norminwhichthereisaperceptionofsocialpressuretoperformoravoidabehavior(Ajzen,1991;
Venkatesh,Morris,&Ackerman,2000).TheattitudesofMEstowardusesocialmediacancome
throughtheinfluenceofapersonoragroup.Forexample,theinfluencemaycomefromfamily,

Figure 2. Research model
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friends, competitors, suppliers, retail customers, etc., whose influence is considered important.
Therefore,weproposeourthirdhypothesis:

H3:SocialinfluencehasapositiveinfluenceonattitudestowardsocialmediaadoptionamongMEs
intheIndonesianretailindustry.

Price Value
Price is thesumofall thecosts (suchasmoney, time,andenergy) thatbuyersexchangefor the
benefitsofhavingorusingaservice(Strauss&Frost,2013).Thecostandpricingstructuremayhave
asignificantimpactonconsumers’decisionstousetechnology(Venkatesh,Thong,&Xu,2012).
Monetarycostorpriceisusuallyconjecturedtogetherwiththequalityofproductsorservicesto
establishaperceivedvalue.Forinstance,thereisevidencethatthepopularityofshortmessaging
services(SMS)inChinaisowedtoitslowpricingcomparedwithothertypesofmobileInternet
applications(Chan,Gong,Xu,&Thong,2008).Usersconsiderpricevalueorcostindecidingwhether
tousecertaintechnology.Low-costtechnologywithmanybenefitswilllikelyattractusers.Social
mediacanattractMEsbecauseitcanpotentiallyprovidesignificantbenefitsforrelativelylittlecost.
Therefore,weproposethefollowinghypothesis:

H4:PricevaluehasapositiveinfluenceonattitudestowardsocialmediaadoptionamongMEsin
theIndonesianretailindustry.

Task-Technology-Fit
TheTTFmodelsuggeststhatuseradoptiondependsonhowwellthetechnologyfitstherequirement
ofaparticulartask(Goodhue&Thompson,1995).TheTTFmodelconnectsthetaskrequirements,
individualabilities,andfunctionalityofatechnology.SeveralstudieshaveimplementedtheTTF
modelinresearch;forexample,ine-commerce,theusemayberelatedtohowwelltheconsumer
feelsWebtechnologyfitsatask(Klopping&McKinney,2004).AnotherimplementationoftheTTF
modelrelatestotheattractionoftraditionalbankstomobilebanking(Zhou,Lu,&Wang,2010)and
theadoptionofmobilebankinginPortugal(Oliveiraetal.,2014).Thosestudiesconfirmedthatthe
TTFmodelisasignificantpredictorofusers’adoptionofcertaintechnologies.OperativesofMEs
willusesocialmediaiftheyfeelsuchtechnologiesfitwiththetaskorbusinessactivitiesconducted
bytheenterprise.Therefore,weproposethefollowinghypothesis:

H5:Task-Technology-Fithasapositiveinfluenceonattitudestowardsocialmediaadoptionamong
MEsintheIndonesianretailindustry.

Impact of Attitudes
Theconnectionbetweenattitudeandbehaviorhasbeenwelldocumentedinthepreviousliterature.
TheTRAandTAMsuggestthatattitudesaresignificantpredictorsofbehavioralintentionsthatin
turnarepredictiveofbehavior(Davisetal.,1989;Krishnan&Hunt,2015).Attitudesdifferfrom
behaviors.Attitudesare internalevaluationsaboutpeople,products,andotherobjects.Theycan
beeitherpositiveornegative,buttheevaluationprocessoccursimplicitlyinsideaperson’smind.
Behaviorsrefertowhatapersondoesphysically,suchastalking,registeringataWebsite,postinga
commentonablog,likingaFacebookfanpage,orvisitingaWebsitetopurchaseaproduct(Strauss
&Frost,2013).Anattitudetowardusingtechnologyisdefinedasanindividual’soverallaffective
reactiontousingasystem(Venkateshetal.,2003).Itistheindividual’spositiveornegativefeelings
aboutperformingabehavior(Klopping&McKinney,2004;Krishnan&Hunt,2015).Empiricaltesting
indicatesthattheattitudeconstructinsomecases(e.g.,TRA,TPB/DTPB,andMM)issignificant
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across timeperiods (e.g.,post-training,onemonthafter implementation, and threemonthsafter
implementation)andisthestrongestpredictorofbehavioralintention.Therefore,wehypothesizethat:

H6:AttitudeshaveapositiveinfluenceonbehavioralintentiontoadoptsocialmediaamongMEs
intheIndonesianretailindustry.

Facilitating Conditions
Facilitatingconditionsaredefinedasthedegreeofbeliefintheexistenceoftechnicalandorganizational
infrastructuretosupporttheusageofanewtechnology(Venkateshetal.,2003).Theyrelatetothe
availabilityoftechnologicalororganizationalresourcessuchasknowledge,infrastructure,andthe
abilitytoeliminateobstaclestousingasystem(Venkatesh,Brown,&Maruping,2008).Facilitating
conditionshaveadirectinfluenceontheusageofatechnology.Ourgoalwastoassesssuchconditions
bytestingwhetheroperativesofMEsintendtousesocialmediawhenresourcesandsupportare
available.Therefore,weproposethefollowinghypothesis:

H7:Facilitatingconditionshaveapositiveinfluenceonbehavioralintentiontoadoptsocialmedia
amongMEsintheIndonesianretailindustry.

RESEARCH METHodS

Weadoptedapositivistresearchapproachbyusingaquantitativemethodologyandmethodstocollect
andanalyzeempiricaldata.Indonesianowners/operativesofMEsintheretailindustryaretheunitof
datacollectioninthisstudy.Theresearchwasapprovedbytheuniversityandconductedaccording
toitsstipulationsofhumanethicsdirectives.Asurveyinstrumentwasderivedfromtheresearch
model,andweusedQualtrics toconstructanonlinequestionnaire.All the itemsweremeasured
usinga7-pointLikert-typescalerangingfrom“stronglydisagree”(1)to“stronglyagree”(7).Table
1containsadescriptionofeachconstructandmeasurementitem.

WeobtainedalistofpotentialparticipantsfromtheCentralBankoftheRepublicofIndonesia’s
database(https://www.bi.go.id/id/umkm/klaster/Contents/Default.aspx)andfromretailergroupson
popularsocialmediaWebsitessuchasFacebook,WhatsApp,andLine.Weselected600Indonesian
MEsintheretail industrybasedonthecriteriastipulatedinIndonesia’sLawNo.20of2008on
micro,small,andmediumenterprises.Thesurveywasthensentoutdirectlytotheownersofthe
MEs.MostIndonesianMEsareoperatedbyoneindividual.Werequestedthatoneperson,theowner/
manager,answerthesurvey.Empiricaldatawerecollectedfrom5Julyto19August2016.Intotal,
invitationemailswithalinktothequestionnaireweresentoutto600MEsintheretailingsector.We
received153validanonymousresponsesduringtheperiodforaresponserateof25.50%basedon
the600questionnairesdistributed.DemographicdataoftheMEswereexaminedusingIBMSPSS
version22.Meanwhile,weusedSmartPLS3withaPLS-SEMapproachtoevaluatethestructural
andmeasurementmodelsandtestourhypotheses.

Thedemographicprofileindicatesthatmostoftherespondentswerefromtheclothingand
footwearandfoodandbeveragessectors.Thesetwosectorsseemtobefavoredbyconsumersin
theIndonesianonlineretailindustry.Femalerespondentsaccountedfor59.5%inthisstudyand
malerespondents39.9%.Meanwhile,theageofmostrespondentswasintherangeof20to29
yearsand30to39years.Ineducationalachievement,bachelor’sdegreeswerethemostnumerous,
withhighschoolgraduatessecond,andmaster’sdegreesthird.Mostrespondentsaccessedsocial
mediathroughmobiledevices,mostlyfromsmartphones(62.8%),laptops(21.2%)andtablets
(16%).Importantly,mostoftherespondentsspentmorethantwohoursadayonsocialmedia
forbusinesspurposes(62.7%).
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RESULTS

Evaluation of Measurement Model
Weconductedreliabilityandvalidityteststoensuretheaccuracyofthestructuralmodelanalysis.
Table2presentstheresultsofreliabilitytestingviabootstrapping.TheanalysisincludesPLSloadings,
T-statistics,significancelevels,compositereliability,averagevarianceextracted(AVE)andCronbach’s
alpha.Overall, reflectivescalesconfirmedacceptableperformanceabove theminimumvalueof

Table 1. Description of the construct

Construct Description Adapted From

IV
Performance
Expectancy
(PE)

Thedegreetowhichanindividualbelievesthatusingthesystemwill
provideabenefitorenhancejobperformance.
PE2:Usingsocialmediahelpsmetoaccomplishtasksmorequickly
PE3:Usingsocialmediaincreasestheeffectiveuseofmytimeinhandling
mytasks
PE4:IfIusesocialmedia,Iwillincreasemychancesofgettingaraise

(Oh&Yoon,2014;
Venkateshetal.,2003;
Venkateshetal.,2012)

Effort
Expectancy
(EE)

Thedegreeofeaseanindividualassociatewiththeuseofasystem.
EE1:Learninghowtousesocialmediaiseasyforme.
EE2:Myinteractionwithsocialmediaisclearandunderstandable.
EE3:Ifindsocialmediaeasytouse.
EE4:Itiseasyformetobecomeskillfulatusingsocialmedia.

(Oh&Yoon,2014;
Venkateshetal.,2003;
Venkateshetal.,2012)

SocialInfluence
(SI)

Thesituationinwhichanindividualperceivesthatsignificantothers
believethatheorsheshouldusethenewtechnology.
SI1:Myfamilyinfluencesmetousesocialmediaformybusiness.
SI2:Myfriendandcolleaguesinfluencemetousesocialmediaformy
business.
SI3:Mostofmycompetitorsusesocialmediaforbusiness.

(Oh&Yoon,2014;
Venkateshetal.,2003;
Venkateshetal.,2012)

PriceValue
(PV)

Users’cognitivetradeoffbetweentheperceivedbenefitsoftheapplication
andthemonetarycostforusingit.
PV1:CosttosetupmobileInternetconnectionisreasonable
PV2:Atthecurrentprice,Icanexperiencesocialmediafacilities
reasonably
PV3:Usingsocialmediacansavemyoperationalexpenses

(Venkateshetal.,
2012)

Facilitating
Conditions(FC)

Thedegreeofbeliefintheexistenceofthetechnicalandorganizational
infrastructuretosupporttheusageofanewtechnology.
FC1:Ihavetheresourcesnecessarytousesocialmedia.
FC2:SocialmediaiscompatiblewithothertechnologiesIuse.
FC3:ThequalityofInternetconnectionisgoodenoughtooperatethe
business

(Oh&Yoon,2014;
Venkateshetal.,2008;
Venkateshetal.,2003;
Venkateshetal.,2012)

Task-
TechnologyFit
(TTF)

Useradoptiondependsonhowwellthetechnologyfitstherequirementof
aparticulartask.
TTF1:Socialmediaarecompatiblewithallaspectsofmywork
TTF2:SocialmediafitswellwiththewayIliketowork.
TTF3:Socialmediafitsintomyworkstyle

(Goodhue&
Thompson,1995;
Klopping&
McKinney,2004;
I.Leeetal.,2007;
Vatanasakdakul,2008)

DV Attitude(ATT)

Anindividual’soverallaffectivereactiontousingasystem.
ATT1:Usingsocialmediaisagoodidea
ATT2:Socialmediamakesworkmoreinteresting
ATT3:Workingwithsocialmediaisfun
ATT4:Theeffectofusingsocialmediamakesmefeelsatisfied

(Venkateshetal.,
2003)

Behavioral
Intention(BI)

Ameasureofthestrengthofone’sintentiontoperformaspecified
behavior.
BI1:Iintendtocontinueusingsocialmediainthefuture
BI2:Iwillalwaystrytousesocialmediainmydailylife
BI3:Iplantousesocialmediafrequently

(Oh&Yoon,2014;
Venkateshetal.,2003;
Venkateshetal.,2008)

Notes: IV = Independent Variable; DV = Dependent Variable
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compositereliability,whichisgreaterthan0.7.Theresultsindicatethatall thescalesperformed
acceptablyinthisstudy,andtheT-statisticsindicatethatallitemswereatasignificancelevelof99%.

ThestatisticalresultsinTable2indicatealltheCronbach’salphascalesexceededtheacceptable
limitof0.7.Hair,Hult,Ringle,andSarstedt(2014)havesuggestedthattheAVEscalesshouldexceed
0.5,indicatingthattheconstructclarifies50%ormoreofthevarianceofitsindicators.Allthescales
performedacceptablyonthisstandard.ThecorrelationmatrixinTable3showsthatthesquarerootsof
AVEaregreaterthanthecorrespondingoff-diagonalelements.Thisresultindicatesthatnomeasure
tappedintodifferentconcepts.Thus,discriminantvalidityisconfirmed.Thecross-loadingsprocedure
wasalsocalculatedtoconfirmdiscriminantvalidity.Thisprocedureshowswhethertheindicatorswere
tobedeclinedorkept.Alltheresultsindicatethatthevaliditycriteriainthisstudyhavebeenmet.

Structural Model Results
WeusedPLS-SEMtoevaluate thestructuralmodel.Theevaluationincludedtheassessmentsof
coefficientsofdetermination(R2),f2effectsizes,predictiverelevance(Q2),andthesignificanceof
pathcoefficients.Figure3presentsthefullpartialleastsquaregraphicoutputforthisresearch.The
coefficientofdeterminationiscommonlyusedtoassessthestructuralmodel.TheR2valuesuggests
theextenttowhichtheindependentconstructscouldpredictorexplainthedependentconstructs.The
biggerR2is,themorepredictivepowerthemodelimplies.Figure3showsthattheR2ofAttitudeis
0.726.ThisindicatesthatthePE,EE,SI,PVandTTFaccountedfor72.6%ofthevarianceofthe
construct.TheR2of0.607ofbehavioralintentionindicatesthatattitudeandfacilitatingconditions
accountedfor60.7%ofthevarianceoftheconstruct.

Thestrengthoftheeffectofaparticularindependentconstructonthedependentconstructinthe
modelcanbeinvestigatedbylookingattheeffectsizeorfsquare(f2).Hairetal.(2014)recommended
thecriteriafordeterminingthedegreeoftheeffectsizeasf2=0.02,whichisclassifiedasasmall
effect;f2=0.15isclassifiedasamediumeffect,andf2=0.35isalargeeffect.Theresultsindicate
thatattitudehasalargeinfluenceonbehavioralintention,withasizeeffectof0.488.Meanwhile,
theTTFaffectsattitudemoderately.

Furthermore,theStone-Geisser’sQ2valueshouldbeexaminedasanadditionalevaluationofthe
magnitudeofR2values.Q2valueslargerthanzeroforcertainreflectiveendogenouslatentvariables
indicate thepathmodel’spredictive relevance for thisparticularconstruct (Hairet al.,2014).A
blindfoldingprocedurewasusedtoobtaincross-validatedredundancymeasuresforeachendogenous
construct.TheQ2predictivevaluesofattitude(0.576)andbehavioralintention(0.466)exceed0,
indicatingthatthemodelhaspredictiverelevancefortheseconstructs.

Wefurthervalidatedtestingofthehypothesesbyconductingsignificancetestsofpathcoefficients.
BootstrappinganalysiswasperformedtoestimatetheprecisionofthePLSestimates.Theresultsof
pathcoefficientsinTable4showthatPE,EE,andSIhadnosignificantinfluenceonattitudestoward
usingsocialmedia.Meanwhile,theresultsoftheanalysissupportthehypothesesthatPVandtheTTF
modelhadsignificantimpactonattitudestowardusingsocialmedia.Task-technologyfitissignificant
at0.01,andPVsignificantat0.05.Furthermore, facilitatingconditionshaveadirect significant
influenceonbehavioralintentiontousesocialmediaamongIndonesianMEsintheretailsector.The
findingsalsosuggestthatattitudepositivelypredictsthebehavioralintentiontousesocialmedia.

ANALySIS ANd dISCUSSIoN

TheresultsinthisstudyrevealthattheextendedresearchmodelbasedontheUTAUTisapplicable
inexplainingfactorsthatinfluenceadoptionofsocialmediaamongMEsintheIndonesianretail
sector.Severaltheoreticalmodelshaveemphasizedthatbehavioralintentionisthebestpredictorof
humanbehavior.ThefindingsofLeeandRao(2009)andZuiderwijketal.(2015)areexamples.
Interestingly,inthecaseofIndonesianMEs,thefindingsindicatethatthethreemainvariablesfrom
theoriginalUTAUTmodel—PE,EE,andSI—arenotmajordeterminantsofattitudestoward
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Table 2. Summary statistics of measurement model

Construct and 
Items PLS Loadings T Statistics Significance 

Level
Composite 
Reliability AVE Cronbach’s 

Alpha

Attitude 0.950 0.827 0.930

ATT1 0.922 46.134 0.01

ATT2 0.912 38.144 0.01

ATT3 0.914 42.901 0.01

ATT4 0.890 26.517 0.01

Behavioral
Intention 0.916 0.784 0.861

BI1 0.842 26.858 0.01

BI2 0.923 41.265 0.01

BI3 0.889 32.346 0.01

Task-
Technology-Fit 0.950 0.864 0.921

TTF1 0.905 35.759 0.01

TTF2 0.946 73.247 0.01

TTF3 0.937 60.011 0.01

Effort
Expectancy 0.965 0.874 0.952

EE1 0.966 85.284 0.01

EE2 0.940 38.456 0.01

EE3 0.887 21.939 0.01

EE4 0.946 51.312 0.01

Facilitating
Conditions 0.902 0.754 0.836

FC1 0.874 27.021 0.01

FC2 0.909 50.832 0.01

FC3 0.819 19.846 0.01

Performance
Expectancy 0.944 0.849 0.911

PE2 0.883 31.840 0.01

PE3 0.949 79.406 0.01

PE4 0.932 58.433 0.01

PriceValue 0.941 0.843 0.906

PV1 0.948 79.283 0.01

PV2 0.939 69.462 0.01

PV3 0.865 22.164 0.01

Social
Influence 0.887 0.725 0.809

SI1 0.862 37.889 0.01

SI2 0.909 50.222 0.01

SI3 0.779 12.381 0.01
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adoptionofsocialmedia.However,thevariablesaddedtotheextendedresearchmodel—PVand
TTF—havesignificant influenceonsuchattitudes.Thisvalidates theextendedresearchmodel
conceptuallyandempirically.

Moreover,priorresearchshowedthatPEanditsrelatedconstructsarethestrongestpredictors
ofbehavioralintention(Duycketal.,2008;vanDijk,Peters,&Ebbers,2008).Forinstance,Davis
(1989)arguedthattheextenttowhichpeoplebelieveacertainapplicationisgoingtohelpthem
performtheirjobbetterwouldinfluencewhethertheywilluseit.VenkateshandSpeier(1999)also
acknowledgedthattheachievementofvaluedoutcomes,suchasincreasedpaymentandimproved
jobperformance,areimportantmotivatorsforusingcertaintechnologies.However,theinsignificant

Table 3. Correlation of variables compared with square root AVEs

Measures Attitude Behavioral 
Intention

Effort 
Expectancy

Facilitating 
Conditions

Performance 
Expectancy

Price 
Value

Social 
Influence

Task-
Technology 

Fit

Attitude 0.910*

BehavioralIntention 0.764 0.885

EffortExpectancy 0.711 0.573 0.935

FacilitatingConditions 0.699 0.645 0.598 0.868

PerformanceExpectancy 0.705 0.690 0.681 0.609 0.922

PriceValue 0.773 0.596 0.758 0.782 0.684 0.918

SocialInfluence 0.710 0.702 0.657 0.678 0.793 0.740 0.851

Task-TechnologyFit 0.803 0.738 0.706 0.669 0.764 0.739 0.764 0.929

*Diagonal elements are square roots of average variance extracted (AVE)

Figure 3. Structural model result



Journal of Global Information Management
Volume 28 • Issue 3 • July-September 2020

197

resultofthePEvariableinthecaseofMEscouldmeantheyhavenotyetfullydecipheredhowto
optimizetheuseofsocialmediaintheircontextsandhowitcouldbebestcustomizedtoimprove
performance.Anecdotally,itmaybethatsocialmediaisstillviewedasatoolforcasualinteractionand
notyetfullreconceptualizedasaneffectivetransformativetooltoimprovebusinessperformance.The
provisionofexpertadviceandtrainingcouldassistMEsindevelopingandoperationalizingstrategies
andperformancematricesthatcouldalleviateanyconfusionaboutexpectedperformancemeasures.

Furthermore,skillsfordeployingsocialmediaplatformsforbusinessobjectivesmayvaryamong
MEs.Therespondentshavevaryingcapacitiestoaccessandusesocialmedia,andthesecapacities,
toacertainextent,shapetheimpacts,outcomes,anddistributionofsocialmediabenefitstoMEs.
Thisbarriermayincreaseaperson’sororganization’sEEforsocialmediauseandacceptance.The
useofsocialmediaoftencombinestheformalwiththeinformal.Sortingoutlegitimatebusiness
communicationfromothersocialchattercouldbetime-consumingandcomplicated.Ironically,the
moresuccessfulanMEisinitssocialmediaoperations,themoreeffortitrequirestotimelysort,
analyze,andrespondtoissues.MEsmayalsolacktheresourcesandabsorptivecapacitytodeal
withsuchissues.Moreover,anynegativefeedbackorrumorscouldbehardtodealwith,leadingto
perceivedconcernsinrelationtotheeffortrequired.

Surprisingly,theSIvariablewasnotamaindeterminingfactorfortheintentiontousesocial
media.AlthoughpreviousresearchindicatedthatSImayalsocomefromfriends,familyandother
peoplewhoareimportanttoaperson(Oh&Yoon,2014;Venkateshetal.,2003;Venkateshet
al.,2012;Zuiderwijketal.,2015),IndonesianMEoperativesapparentlyarenotsubjecttosuch
pressures,althoughweexpectedthatsuchpressureswouldbesignificantinIndonesia’scollectivist
culture.WealsoexpectedthatbecauseofthesmallsizeofMEs,thisinfluencewouldbehigher.
Conversely,itcouldbethattheoppositeistrue,becauseentrepreneurswhotendtoleadMEsare
generallymore independentandnotsubject to thepeerpressures typicalof largebusinessand
organizationalenvironments.

ThecharacteristicsofMEsalignedwiththePVandTTFvariables.Wefoundtheseindependent
variableshaveasignificantinfluenceonattitudes.IntegratingsocialmediaintooperationsofMEsin
theretailsectorcouldcomewithaminimalinvestment(i.e.,buyingcomputingequipment,Internet
connectivity, planning, responding to, and monitoring social media interactions), but align well
withbusinesstasksandprocesses,thusresultinginvaluablerewardssuchasgeneratingsales,brand
recognition,viralmarketing,andcustomerloyaltyandsatisfaction.

Tothebestofourknowledge,ourresearchisthefirsttoaddresstheissueofTTFintheadoption
ofsocialmediaamongIndonesianMEs.OurfindingsreinforcepriorstudiesonTTFinothercontexts
byGoodhueandThompson(1995)andKloppingandMcKinney(2004).ItseemsthatIndonesian

Table 4. Path coefficient test

Actual 
Effect

Path 
Coefficient T Statistics P Values Significance Level

PerformanceExpectancy->
Attitude + 0.076 0.875 0.382 NotSignificant

EffortExpectancy->Attitude + 0.114 0.992 0.321 NotSignificant

SocialInfluence->Attitude + 0.034 0.344 0.731 NotSignificant

PriceValue->Attitude + 0.303 2.136 0.033 0.05

Task-TechnologyFit->Attitude + 0.416 4.726 0.000 0.01

Attitude->BehavioralIntention + 0.612 7.350 0.000 0.01

FacilitatingConditions->
BehavioralIntention + 0.217 1.987 0.047 0.05
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MEsrecognizethealignmentbetweentheretailtasksthattheyneedtoaccomplishandthesalient
functionalitiesofthevarioussocialmedia.Inturn,thisrecognitionpromptsMEstodevelopafavorable
attitudetowardincorporatingsocialmediaintotheiroperations.

Overall, attitude has a positive significant influence on behavioral intention to adopt social
media,whichreinforcesstudiesbyDavisetal.(1989)andKrishnanandHunt(2015).Facilitating
conditions also have a significant influence on behavioral intention to adopt social media. The
resultsdifferfromtheoriginalUTAUTmodelthatassumedattitudeisnotadirectdeterminantof
behavioralintentionandfacilitatingconditionsdonothaveasignificantinfluenceonsuchintention
(Venkateshetal.,2003).However,theoriginalUTAUTacknowledgedthatattitudeandfacilitating
conditionslikelyhaveadirectinfluenceonbehavioralintention,butonlyundercertaincircumstances
becausedifferentenvironmentsmightgeneratedifferentresults.Theresultsofourstudyprovidean
interestingcontrastwiththeoriginalmodelwhenitcomestothesetwovariables,especiallyinlight
ofthefacttheempiricaldatawascollectedfromarelativelydistinctcontext(comparedwiththe
originalempiricalmodel).

CoNTRIBUTIoN

Theoretical Contributions
This study contributes to the IT adoption literature in several ways. First, it contributes to
understandingthefactorsinfluencingsocialmediaadoptionamongMEs.Thisresearchexpands
theUTAUTmodeldevelopedbyVenkateshet al. (2003),by includingTTF,which is tailored
to the characteristics ofMEs and influences their adoptionof socialmedia.When considered
independently,theoriginalUTAUTisnotaseffectiveintheempiricalcontextstudiedinexplaining
factorsinfluencingadoptionintentionamongMEs.Theproposedextendedmodelprovidesfora
richerandmorecomprehensiveconsideration.Consequently,inthisresearch,PE,EE,andSI,along
withPVandTTF,alignedtoexplainattitude.Specifically,PVandtheTTFmodelwerefoundto
besignificantvariablesinfluencingattitude.

Thesecondcontributionliesinusingattitudetoexplainbehavioralintention.Theresearchasserts
thatattitudehasalargeandsignificanteffectamongMEsinexplainingbehavioralintentiontouse
socialmedia.AssuggestedintheTRA,attitudeisasignificantpredictorofbehavioralintention,
whichinturnispredictiveofbehaviorinadopting/usingtechnology(Davisetal.,1989;Krishnan
&Hunt,2015).ThisfindingisdifferentfromtheoriginalUTAUTbyVenkateshetal.(2003).This
studyprovidesforaninterestingcontrast.

Practical Contributions
ThefindingsfromthisresearchcaninformpolicymakersinpromotingIT-enablednationalstrategies
inAsiaandespeciallyinIndonesia(Karjaluoto&Huhtamäki,2010;Liberman-Yaconietal.,2010;
Marnewick,2014).InIndonesia,ourfindingscouldcontributetothegovernment’sdrivetowarddigital
economydevelopmentbyinformingpolicymakersaboutfactorsthatenableMEstoadoptsocial
media.Thefindingsofthisresearchcouldhighlightfactorsimportantforadoptionofsocialmedia
toovercomethechallengesMEscouldbefacinginachievingadigitaltransition.Importantly,given
thesignificanceoffacilitatingconditionsnotedinthefindings,governmentsareadvisedtoprovide
notonlythetechnicalinfrastructure,butalsothesupportandexpertiseneededtoadvancetheuse
ofsocialmediaforbusinesspurposes.Thiscouldcomeintheformofacallcentertocontactifan
MEencountersproblemsinadoptingtechnology(e.g.alistofcasestudies,expectedbenefits,online
training,startguides,mentorship,etc.)orintheuseofsocialmedia(e.g.hacking,defamation,etc.).

ThefindingsofthisstudycouldalsoamplifyamongownersandoperativesofMEsthepotential
ofconductingcommercedigitallythroughsocialmedia.MEsgenerallyhavelimitedhumanresources,
scarcefinancialresources,andinadequateaccesstobasicITinfrastructure.Accessibilitytosocial
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mediaplatformsformobilecommerce,especiallyviasmartphones,enablesMEstoengagedirectly
anytime and from anywhere with customers as well as promote their products and make quick
operationalbusinessdecisions.Inaddition,giventhattheTTFmodelisanothercontributingfactor
tothesuccessofMEswithsocialmedia,ownersandoperativescaninformthemselves,throughthe
findingsofthisstudy,ofthemostappropriatesocialmediaplatformsthatcouldbetailoredtofittheir
businessactivitiesandtheircustomers’purchasingbehaviors.

CoNCLUSIoN ANd FUTURE RESEARCH

WeconceptualizedandoperationalizedanextendedresearchmodelthatintegratedPVandtheTTF
modelwiththeUTAUTtostudytheadoptionofsocialmediaamongIndonesianMEsoperatingin
theretailindustry.OurfindingssuggestthatPVandtheTTFmodelaresignificantfactorsinfluencing
attitude.Ourresearchalsoconfirmsthatattitudesandfacilitatingconditionsarestrongpredictors
ofbehavioralintentiontowardsocialmediaadoptionamongIndonesianMEsintheretailindustry.

Despiteitscontributionsandimplications,thisstudyhasseverallimitations.Asmallsamplesize
limitsthegeneralizabilityoftheresultsandlessensitsstatisticalpower.Therefore,futureresearchcan
beexpandedbyincreasingthesamplesizeandmodifyingthemodeltodevelopadeeperunderstanding
oftheseandotherconstructs.ThestudyalsotargetedMEsthathavealreadydemonstratedadegreeof
socialmediaadoption.FutureresearcherscouldalsoconsiderMEsthatlackasocialmediapresence
andtherefore,studythehindrancesandlimitationstheyfaceaswellascontrastingtheirfindings
withthoseinthisstudy.Furthermore,thescopeofsuchfutureanalysescouldbeexpandedtoother
industriesandnationalcontextstounderstandmorebroadlythefactorsthatinfluencesocialmedia
adoptioninMEs.

Finally,futureresearchcouldthoroughlyconsiderhowsocialmediafits/clasheswithIndonesian
culture.Culturaldifferencesbetweendevelopedanddevelopingcountriesmayinfluencehowowners
andoperativesofMEsperceivesocialmediaandtheircompatibilitywiththeirbusinessoperations.
ComparativestudieswithothernationalcontextsregardingtheadoptionofsocialmediainMEswill
alsoyieldinsightsintothisimportantbusinesssectorthathasnotyetattractedtheattentionitdeserves.
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