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ABSTRACT

Advancesininformationtechnologyhavehugelyinfluencedthetourismindustry.Manytouristscan
generateandsharetheirtraveltipsthroughsocialmedia,andpeopleconsultonlinereviewsbefore
makingtravelarrangementsbecausetheycouldaccessthesesourcesofinformationeasily.Either
positiveornegativereviewscouldincreaseconsumerawarenessofAirbnb.Usingtheapproachof
textminingandsentimentanalysis,examiningwhetherguests’emotionsarepositiveornegative,this
studyinvestigatestheattributesthatinfluenceAirbnbconsumers’experiencescomparedwiththeir
previoushotelexperiencesbyanalysingbigdataofguests’onlinereviews.Findingsrevealthatthe
factorsofguests’positivesentimentaretheatmosphere,flexibility,specialamenities,andhumanized
service;thefactorsofguests’negativesentimentarenotvalueformoney,havetocleantheroom
beforeleaving,sharingamenitiesandspacewithstrangers,disturbedbyhosts’noisyrecreational
activities,andtroubledbyhosts’requestinggoodreviews.
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INTRoDUCTIoN

Thesharingeconomy,alsocalledthecollaborativeconsumption,basedonpeer-to-peeractivitytoshare
goodsandservicesthroughInternet,movedbygrowingsharedvaluesofthepublicandincreasing
technologicaladvancementofInternetplatforms,includingserviceslikeCouchsurfing,Uberaswell
asAirbnb(Hamarietal.,2016).Airbnb,foundedin2008,isoneofthelargestpeer-to-peer(P2P)
accommodationplatformsinthesharingeconomy,hasenjoyedsignificantworldwidegrowthinmore
than81,000citiesand191countries.Itallowsordinarypeopletorentresidencessuchasanentire
apartmentoraprivateroomtotourists,existstocreateaworldwhereanyonecanbelonganywhere
andprovideshealthytravelthatislocal,authentic,diverse,inclusiveandsustainable(Airbnb,2019).
Givenitspopularityinthetourismindustry,researchershavebegunundertakingstudiesontheAirbnb
phenomenon,mainlyfocusingontheissuesaboutAirbnb’simpactsonthetraditionalhospitality
sector,attributescomparisonbetweenAirbnbandhotelsandAirbnbguests’motivationsforusingthe
service(Birinci,Berezina,&Cobanoglu,2018;Guttentag,2015;Guttentag&Smith,2017;Neeser,
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2015;Tussyadiah,2015;Yannopoulou,2013),however,itseldominvolvesthecomparativestudy
oftourists’emotionalcharacteristicsbetweenAirbnbandhotelsbasedonthesentimentanalysis.

Withtherapiddevelopmentofinformationtechnologies,onlinesocialmediaandwe-media,
amassivenewsourceofdatacalleduser-generatedcontent(UGC)havecomeintobeingandbeen
shared(Kaplan&Haenlein,2010).MostoftheUGCdataatpresentarethetravelphotos,travelvlogs
andtouristreviewsofscenicspots,accommodations,cateringsandtheoveralldestinations,through
whichtouristscouldknowaboutthetourisminformationmoreveritablyandobjectively.Several
recentstudiesexploretheissueofonlinereviews,orelectronicword-of-mouth,focusingmainlyon
matterssuchasmotivationsof,andsocialdynamicsbetween,usersandcontributorsofreviewsites
(Hennig-Thurau,Gwinner,Walsh,&Gremler,2004).Yet,previousstudiesprimarilyrelyonsurveys,
personalinterviews,andothercommunication-basedmethods,butnotmadefulluseofthisUGC
(Xiang,Schwartz,Gerdes,&Uysal,2015).Thepresentsentimentanalysisbasedontravelers’online
reviewshasmainlyrestrictedtheprocessingofunstructuredtextespeciallyAirbnbguests’comments
needstobefurtherstudiedanddeveloped.

Asaresult,basedonthetheoryofsentimentanalysis,thisstudyusesonlinereviewsofworld
touriststoAustraliaandselectsLIWCdictionaryandtextanalysisinstrumenttocomparethesentiment
characteristicsofAirbnbusersandtheirprevioushotelexperience,toinvestigatetheinfluencing
factorsoftheirpositiveandnegativereviews.Thisstudyisanattempttoexplorethesentimentof
touristsbasedonthetourismbigdata.Fortourists,itishelpfulforthemtoobtainusefulinformation
fromthehugeamountofinformationbeforemakingreservations.Forthemanagersandhostsofthe
Airbnbplatform,itwouldbeusefultoperceivetourists’sentimentdemandssothattheycanpromote
thequalityoftheaccommodationproductsandservicesprovidedduringtheirstay.

ReVIew oF LITeRATURe

Comparisons Between Airbnb and Hotel
VariousstudieshaveattemptedtoinvestigateAirbnb’simpactsontraditionalhotelaccommodation
industry.AndsomeresearchershavecomparedAirbnb’sattributeswithhotels(Belarmino,Whalen,
Koh,&Bowen,2017;Guttentag&Smith,2017;Zhang,Cui,Cheng,Zhang&Li,2019).Forexample,
giventhesmallsamplecapacity,Belarminoetal.(2017)madeapreliminarycomparisonbetween
Airbnbandhoteltoseehowsignificanttheconnectionoftouristandhostsis.Byusingguestreviews,
Zhangetal.(2019)foundsomenuancedattributesbetweenAirbnbandhotels:Airbnb’sdistinctive
attributescomparedwithhotelsincludepets,atmosphere,flexibility,valueformoneyandsoon.The
similarattributesarecleanliness,location,servicesaswellasamenities.Theseresearchnotonly
certifiesprominentattributesofAirbnbthathavebeenfoundinprecedingstudies(e.g.Cheng&Jin,
2019)butalsosupplementresearcheswiththecontentthattowhatextentAirbnbisconsideredasa
goodalternativeforhotels.

Specifically, a few researchers have made a comparison of users’ experiences between
Airbnb and Hotel, on the one hand, some studies considered the “social communications” and
“authenticexperience”asthecentralpointoftheAirbnbcostumers’experience(Festila&Müller,
2017;Yannopoulou,2013).Forinstance,Yannopoulou(2013)studiedtwobrandsofAirbnband
Couchsurfing, finally found four themes, including the environment of privacy, humanism, the
interactionbetweenguestsandhostswhichismeaningfulaswellasauthenticity.Ontheotherhand,
“cheaper price” (Guttentag & Smith, 2017), “convenient location” (Tussyadiah & Zach, 2016),
“homeamenities”(Guttentag,2015)and“cleanliness”(BridgesandVásquez2016)areofcritical
importance.However,thereisverylittleliteratureontheemotionalcharacteristicsofAirbnband
hotel’scustomersfromtheperspectiveofsentimentanalysis.Besides,thereisalsoalackofin-depth
researchontheinfluencingfactorsofsentimentcomparingAirbnb’sguestswithtraditionalhotels.
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Big Data and online Reviews
Tourismhasbeenrecognizedasthemostpopularsectorinonlineengagement,traditionalapproaches
are insufficient to academic research because of the volume, velocity, and variety of big data
(McAbeeetal.,2017),sothattheuseofbigdataisrapidlyemerginginthetourismresearch(Fuchs,
Höpken,&Lexhagen,2014).Thereisagrowingliteratureonsocialmediaanalysisthatcombines
webcrawling,computationallinguisticsandmachinelearningtocollectandanalyzethebigdatafor
businesspurposessuchastrackingtrendingtopicsaswellasidentifyingopinionsaboutproducts(Fan
&Gordon,2014).Onlineconsumerreviewcomments,varysignificantlyintermsoftheirlinguistic
characteristicsaswellassemanticfeatures(Xiang,Du,Ma&Fan,2017),widelyconsideredbig
datasourcethatnaturallyreflectsconsumerevaluationofproductsandexperiences,oftenreflecting
consumer’ssentimentssuchashappiness,anxiety,sadnessandsomeothers(O’Leary,2011),have
beenacknowledgedandusedbyresearcherstounderstandarangeofresearchproblemsinhospitality
andtourism(e.g.,Abbie-Gayle&Barbara,2017;Brochadoetal.,2017;Heetal.,2013;Kozinets,
2010;Schuckert,Liu,&Law,2015b;Tussyadiah&Zach,2017;Xiangetal.,2015).Belarminoet
al. (2017) compared relevantonline reviews to investigateguests’motivationsbehind staying in
P2Paccommodationsratherthanhotels;XXX.,however,thetourismandhospitalityfieldhasfew
relevantarticlesbasedonbigdatafromasentimentperspectiveusingonlinereviews(Fuchsetal.,
2014;Xiangetal.,2015).

Sentiment Analysis
Thesentimentisanemotionalpsychologicalreactionproducedinthehumanperceptionprocess,
which is situational andunstable, changingwith the external environment.Aftermany timesof
emotionalchanging,peoplewillformamorerationalandorganizedattitude.Fromthislevel,wecan
understandthattourismcommentaryexpressedbywrittenlanguageistheexpressionofsentiment.

Therearetwomainorientationsinthecurrentsentimenttheory,includingthecategoricalapproach
anddimensionalapproach.CategoricalorientationisenlightenedbyDarwin’sevolutionism,which
holdsthatemotionscanbedividedintobasicemotions(happiness,sadness,anger,disgust,fearand
surprise)andcomplexemotions.Dimensionalorientationholds thatemotionsarenotcomposed
ofbasicemotionsandcomplexemotions,butdependontheinfluenceofthreevectordimensions:
valence,arousalandpower(EkmanandFriesen,1971;Russell,1980).

Sentimentanalysisisatypeoftextminingthatmeasurespeople’ssentimentsonwhetherthey
arepositive,negativeorneutraltowardaparticulartopicthroughextractingandanalyzingpeople’s
subjectiveinformationbutnotobjectiveinformation(Ma,Cheng,&Hsiao,2018;Zhou,Yang,Bao,
&Huang,2016),forthatobjectivereviewsusuallydonotcontainthosewordsthatcanbeclassified
aspositiveornegativeinasentimentdictionary.WhenComparedwithtraditionalquestionnaires,
usingsentimentanalysistoevaluatecustomersatisfactionhasbecomeamoreobjectiveapproachin
themarketingandconsumerbehaviorfield(Das&Chen,2007;Mady,2011).Therefore,itisemerging
asanautomatedprocessofexaminingsemanticrelationshipsandmeaninginreviews.

At present, mature analysis techniques include semantic localization and machine learning.
Semanticlocalizationmethodistoclassifywordsbymeasuringthedistancebetweenpositiveand
negativewords,whilemachinelearningmethodistomineideasandanalyzeemotionsthroughprior
supervisorytrainingtests,whichincludesNaiveBayesian,SupportVectorMachineandsoon(Pang
andLee,2008).Sentimentanalysiscanbeexploredattheword,sentence,paragraphanddocument
levels.Relativelylessresearchhasfocusedonsentence-levelanalysissinceitismoredifficultto
exemplify from words compared with paragraphs and documents (Schmunk et al., 2014). Data
collection,cleaning,miningandevaluatingof thedataresultsare themajorsteps inmostof the
sentimentanalysisintourism(Hippner&Rentzmann,2006;Schmunketal.,2014).Therearethree
considerationsinthesesteps:1)thedatacollectionsourceshouldbedistinguished,researchershave
typicallystudiedtwotypesofonlinecontentforanalysisincludingprofessionaltourismplatforms
suchasTripAdvisorandsocialmedialikemicro-blogandFacebook,theseonlinetextareusually



International Journal of Tourism and Hospitality Management in the Digital Age
Volume 4 • Issue 2 • July-December 2020

4

limited,forinstance,micro-bloginChinaallowsnomorethan140charactersinlength;2)indata
cleaning, some meaningless words, repetitive words and non-text content should be filtered out
initially;3) in thedataminingprocess, threesentimentanalysismethodscanbeselected, that is
machine learning (supervisedandunsupervisedmachine learning),dictionary-based (relyon the
useofcomprehensivesentimentlexiconsandsetsoffine-tunedrulescreatedeitherbyhumansorby
machine)andhybridapproaches.

Althoughthestudyofjudgingconsumersatisfactionthroughtheevaluationoftourists’emotions
isbecominganewhotspotinrecentyears,thereisstillalackofsentimentanalysisbasedonbigdata
tocomparethehotelandAirbnbusers,sothatherewechoosedictionary-basedsentimentanalysis
methodonaccountthatitcanmoreflexiblyinterpretAirbnbusers’commentsontheInternet,and
moresuitablefortheanalysisoftourismphenomena.

ReSeARCH MeTHoDS AND DATA

Research Area and Data Collecting 
ThispaperfocusedonthetourismcityofSydneyinAustraliafortworeasons.OneisthatSydneyis
thelargestcityinAustraliawithspectacularnaturalscenicspotsandrichculturaltourismresources
locatedontheeastcoast.TheotheristhattheSydneyhasseenanexplosiveincreaseinthenumber
of Airbnb listings (about 23,615) by December 2016, which is ranked the fourth most popular
destinationforAirbnbintheworld(Stuart,2017),therefore,ithasimportantresearchvaluetomine
thepotentialinfluencingfactorsbehind.

ThisstudyusedthedataavailableonInsideAirbnbwebsiteinSydney.Withthehelpofaweb
crawler tool, the researcherscollected181263online reviews in total.Todirectly investigate the
dissimilaritybetweenAirbnbguests’andthehotel’sinpreferencesandsentimentcharacteristics,
onlyreviewswiththekeyword‘hotel’inEnglishwereselected,whichcommendablyreflectAirbnb
guests’directcomparisonwiththeirprevioushotelexperiencesbecausetheserelevantreviewswere
derivedfromthesamerespondents.Therefore,2938onlinereviewsof331997wordspostedbetween
24July2010and4December2016wereretainedforanalysis.

Processing Methods
ThefirstnecessarystepwastousetheTextBlobtoprocesstextualdataandcalculatetheemotional
scoresoftheguests’review.TextBlobisaPythonlibrarywhichprovidesasimpleAPIfordiving
intocommonnaturallanguageprocessing(NLP)tasks(Loria,2018).Ithasvariousfeaturessuchas
nounphraseextraction,classification(naiveBayes,decisiontree),spellingcorrection,tokenization
andsentimentanalysis.TextBlobcanbreakreviewscanintowordsorsentencesandthesentiment
propertyreturnsanamedtupleoftheformSentiment(polarity,subjectivity).Thepolarityscoreis
afloatwithintherange[-1.0,1.0],ifthescoreofonereviewwaspositive,itwouldbecategorized
asapositivereviewandviceversa.Thesubjectivityrangesbetween0.0and1.0where0.0isvery
objectiveand1.0isverysubjective.Inthetourismfield,“positive”and“negative”mayrespectively
mean“satisfied”and“unsatisfied”,butfurtherresearchtolinksentimentwithsatisfactionstillunder
explored.

Second, to analyze tourists’ preference and understand what features customers are mainly
concernedabout,theresearchersutilizetheROSTCM6instrumenttocarryouthigh-frequencyword
analysis.ROSTContentMiningisatoolofcontentanalysis,developedbyprofessorShenyangofan
informationmanagementinstituteinWuhanuniversityinChina.Thissystemcannotonlyassistvarious
disciplinesinscientificresearch,butalsocarryouttextandcontentanalysisfromalargenumberof
data.Atpresent,itcanbeusedtoanalyzepapers,micro-blogs,blogs,forums,webpages,e-mails,
chatrecordsandothercontentfilescomposedoftext.Thesoftwarehasmanypowerfulfunctions
suchaswordclassification,wordfrequency,wordtypeandwordfrequency,emotionalanalysisfrom
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simpletocomplex,citationandcitationanalysis.Thefrequencyofwordsiscalledwordfrequency,
moreover,beforeusingthistooltoanalyzethefrequencyofwords,weshoulddealwiththedataof
onlinereviewsinadvance,thatisdeletethepictures,emoticons,wronglywrittencharacter,unknown
adverbs,singularandpluralnumbersinthecommentsformodificationandreplacementatfirst,and
thenfilteroutmeaninglessprepositionsandarticles.

Third, tofurtheranalyze tourists’preferenceandimpactfactorsof thepositiveandnegative
review,eachoftheclassifiedreviews,filteringtheneutralreviews,wentthroughtheLIWC(Linguistic
Inquiry and Word Count) program. The way that the LIWC program works is reading a given
text andcounting thepercentageofwords that reflectdifferent emotions, thinking styles, social
concerns,andevenpartsofspeech.AndLIWC2015isthemostrecentevolutioninwhichtheheart
isdefaultLIWC2015Dictionary,composedofalmost6,400words,wordstems,andselectemoticons
(Pennebaker,Booth,Boyd,&Francis,2015).Foreachtextfile,approximately90outputvariablesare
writtenasonelineofdatatoanoutputfile.Thisdatarecordincludesthefilenameandwordcount,4
summarylanguagevariables(analyticalthinking,clout,authenticity,andemotionaltone),3general
descriptorcategories(wordspersentence,percentoftargetwordscapturedbythedictionary,and
percentofwordsinthetextthatarelongerthansixletters),21standardlinguisticdimensions(e.g.,
prepositions,conjunctions,negations,etc.),41wordcategoriestappingpsychologicalconstructs(e.g.,
affectiveprocesses,socialprocesses,drives,etc.),6personalconcerncategories(e.g.,work,home,
money,etc.),5informallanguagemarkers(assents,fillers,swearwords,netspeakandnonfluencies),
and12punctuationcategories(colons,questionmarks,etc.).ThisstudyappliedLIWC2015intwo
steps:(1)selectingthecategoriestheresearcherswanttoanalyzeand(2)color-codingthewordsin
thedictionaryfromselectedcategories.

ReSULTS AND DISCUSSIoNS 

Aftertheprocessoftheabovemethods,thisstudyextracts2872positive,10neutraland56negative
onlinereviewsrespectively,ofwhichpositivesentimentsarethemainones,accountingfor97.75%
ofthetotalnumberofonlinecomments.

Next,weextractthetop150high-frequencywordsoftheAirbnbguests’onlinecomments,as
showninTable1.Aswecansee,thetoptenwordsare“hotel”,“stay”,“great”,“place”,“apartment”,
“Sydney”,“location”,“room”,“host”and“walking”,theirwordsfrequencyareallmorethan1000,
ofwhichthehighest is“hotel”of3160in total,hencewecouldconcludethatguestscareabout
“location”,“amenities”and“host”.First,guestsnotonlyemphasizeplace’sconveniencesuchasnear
thestation(rankingNo.25of778wordsfrequency),airport(rankingNo.33of684wordsfrequency),
restaurant(rankingNo.54of464wordsfrequency)andshops(rankingNo.64of373wordsfrequency)
andCBD(rankingNo.102of220wordsfrequency),butalsopreferAirbnb’ssuperioritythatthey
caneasilyhaveafantasticlandscapeofbeautifulbeach(rankingNo.42of568wordsfrequency)and
culturalharbor(rankingNo.97of231wordsfrequency).Second,“hotel”,“apartment”,“room”are
boutAirbnblistings’qualityandtypebecausethey’rethebasicelement,ontheotherhand,theyput
emphasizeonhouses’specificamenities,forinstance,“bed”ranksNo.17of922wordsfrequency,
“kitchen”ranksNo.54of464wordsfrequency,“bathroom”ranksNo.57of435wordsfrequency.
Third, thehighrankingof“stay”,“great”and“host” indicate thatAirbnbguest regard thegreat
experienceofconnectingtohostsduringtheirstayasexactlyimportant,theatmosphereisofvital
importancebecausetheword“home”,“feel”,“comfortable”,“nice”,“lovely”,“helpful”,“friendly”,
“wonderful”and“happy”wellreflectedthefeelingsoremotionsthattouristshavewhenstayingin
Airbnblistingsandcommunicatingwithhosts,thisfullyillustratestheimportantvalueofsentiment
analysisbasedonLIWCsentimentlexiconofthethirdstepofprocessingmethod.

Theoretically,thewayspeopleusewordsandexpressionscanprovideabundantinformationabout
theirfaiths,dreads,thinkingstyles,socialconnections,andtheirowncharacteristics(Dunphy,Stone
&Smith,1965;Gottschalk&Glaser,1969;Weintraub,1989).Accordingtoallofthecategoriesof
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Table 1. Top 150 high frequency vocabulary of tourists’ online reviews

No. words words 
frequency No. words words 

frequency No. words words 
frequency

1 hotel 3160 51 beautiful 486 101 work 221

2 stay 2828 52 back 485 102 CBD 220

3 great 2162 53 love 471 103 extremely 219

4 place 2063 54 restaurant 464 104 central 216

5 apartment 2002 55 need 463 105 nearby 211

6 Sydney 1654 56 kitchen 441 106 park 210

7 location 1586 57 bathroom 435 107 new 205

8 room 1469 58 accommodation 431 108 balcony 203

9 host 1258 59 enjoy 422 109 price 195

10 walking 1148 60 highly 404 110 flat 194

11 clean 1062 61 wonderful 402 111 modern 193

12 house 1047 62 use 399 112 warm 192

13 home 1030 63 fantastic 395 113 food 187

14 feel 962 64 shops 373 114 living 186

15 recommend 941 65 after 372 115 parking 181

16 everything 929 66 check 370 116 WIFI 173

17 bed 922 67 private 366 117 kind 171

18 really 873 68 trip 362 118 amenity 170

19 well 866 69 short 359 119 fresh 168

20 me 866 70 booking 349 120 water 167

21 staying 859 71 most 343 121 quality 162

22 comfortable 831 72 best 342 122 communication 161

23 nice 805 73 provide 338 123 unit 157

24 time 804 74 looking 335 124 fridge 155

25 station 778 75 street 332 125 early 153

26 perfect 723 76 star 304 126 far 152

27 thanks 719 77 people 302 127 equipment 151

28 they 717 78 friends 300 128 large 150

29 good 720 79 family 297 129 public 149

30 lovely 700 80 bus 294 130 couple 147

31 experience 699 81 excellent 285 131 TV 146

32 her 686 82 breakfast 277 132 road 146

33 airport 684 83 studio 272 133 guest 146

34 when 680 84 weekend 269 134 tidy 144

35 easy 665 85 arrival 266 135 room 141

36 better 640 86 happy 264 136 information 135

37 helpful 637 87 small 262 137 appreciate 133

38 city 620 88 super 257 138 old 131

39 close 611 89 convenient 255 139 awesome 129

40 space 579 90 neighborhood 252 140 describe 128

41 quiet 577 91 local 252 141 facility 128

42 beach 568 92 visit 251 142 extra 127

43 Airbnb 565 93 value 244 143 service 123

44 area 563 94 enough 244 144 floor 122

45 minutes 561 95 distance 242 145 safe 120

46 your 522 96 towel 233 146 darling 118

47 coffee 509 97 harbor 231 147 free 117

48 first 505 98 shower 224 148 noise 115

49 view 493 99 question 224 149 bar 114

50 friendly 489 100 access 223 150 business 113
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LIWC2015dictionary,firstofall, thecategoryof“affectiveprocesses”includespositiveemotion
words (such as nice, love, and sweet) and negative emotion (anxiety, sadness and anger) words
(suchasannoyed,worriedandhurt),andthroughthisdictionary’sfilter,inthecolumnofpositive
emotion,thebiggestnumberis35.29,whichmeansthattheproportionofpositiveemotionwords
inthetotalonlinereviewsis35.29%,forexample,reviewNo.42statesthat“fantasticlocationand
greatvaluewhencomparedtonearbyManlyhotels,Iwoulddefinitelycomebackagain”,inthis
sentence,“fantastic”,“greatvalue”and“definitely”arecoloredredbyLIWCsentimentlexicon,that
is,thesewordsbelongtoaffectiveprocesseswords.InreviewNo.40“verywelcominghost,spacious
andcleanbedroom,comfybed,goodwifi...”,andtheredcolorwordsare“welcoming”and“good”.
ReviewNo.97said:“Stuartwastheperfecthost,reallyhelpful,couldn’thavebeenbetter.Bestvisit
tobondiever.Willneveruseahotelagain.”Thisreview’saffectiveprocesseswordsare“perfect”,
“helpful”,“better”and“best”.AndinreviewNo.446“Thiago’splaceisinagreatlocationandvery
modernandnice.Thebedisamazinglycomfortable-easilyasgoodasany5-starhotelI’vebeenin.
Communicationwasquickandeasy,andThiagowasveryhelpfulandfriendly.Iwouldgladlystay
hereagain”,thesentimentwordsare“great”,“nice”,amazingly”,“comfortable”,“easy”,“helpful”
and“friendly”.Also,No.951said:“Theroomisclean,niceandcozy.15minuteswalkfromCentral
station.HazelandGarethareverynice,theyevengavemeAConmysecondday.Iorderedfoodfrom
restaurantdownstairsandgot30%discount(workslikein-roomdiningatthehotel).Amenitieslike
towel,bedsheet,tissue,wifi,TVandxboxavailableintheroom.Overall,Iamverysatisfiedwithmy
experiencestayinghere.”Thecoloredwordinthisreviewis“satisfied”,consequently,wecaninfer
thatwhytheguestispleasedisthatthequalityofhouseisgood,theattitudeandserviceofhostis
great,thelocationisveryconvenienttoeatingandtheamenitiesarewell-considered.Insummary,
factorsaffectingthepositiveemotionsoftouristsincludetheatmosphere(e.g.homefeeling,authentic
feelingandfriendlyfeeling),flexibility(e.g.earliercheck-inandlatecheck-out),specialamenities
(e.g.kitchen)andhumanizedservice(e.g.allowingtobringpetsin,offeringcoffeeandlocalfood,
providingtraveltipsandadvice,lendingbicycleorcar,etc.).Thesefactorsareuniquecomparedto
theirprevioushotelexperience.

Moreover,inthecolumnofnegativeemotion,thehighestproportionofnegativeemotionwords
is12.5%,including3.57%of“anxiety”,3.23%of“anger”and12.5%of“sadness”.Forinstance,the
No.355describedthat“justfeltnotcomfortabletostayinthere.Havetowipethefloorbyourselves,
it is ridiculous!Didyouhear thatbeforewhenyoustay inhotel, thestaffaskyouwipe thewet
flooraftershower?Sameinhere,right?”Wecanseethatthefactorofguest’snegativeemotionis
cleaningtheplacebeforecheck-out.Inaddition,theNo.105reviewof“theapartmentwassmaller
thanexpectedandtherewasnoair-condition,Wefoundtheapartmentquiteexpensivecomparedto
ahotelwithbreakfastincluded”andtheNo.89reviewof“thisisabudgethotel,notanapartment,
theroomandfurnishingswereoldandworn.Dirtycarpetandverypoorwifi”bothreflectedthat
the lower-than-expectedhousingqualitywill bring todissatisfaction.ReviewofNo.383wrote:“
accommodation trap,notsuitable foranyseriousguest.Poorcheck-inprocess,verynoisehosts.
Hadtoleave12:00Pmandstayarehotelaccommodation,bedwasincrediblyuncomfortable.This
isserious,thepositivecommentsbelowmustbenotgenuine.Donotstay!”Thisremarkstrongly
expressestheguest’scomplaintsanddistrust,demonstratingthatthepoorserviceofhostseriously
affectscustomersentiment.Onthewhole,factorsaffectingthenegativeemotionsoftouristsinclude
thatnotvalueformoney,havetocleantheroombeforeleaving,sharingamenitiesandspacewith
strangers,disturbedbyhosts’noisyrecreationalactivitiessuchasparty,troubledbyhostsrequesting
goodreviewsandsoon.

CoNCLUSIoN AND ReCoMMeNDATIoNS

EitherpositiveornegativereviewscouldincreaseconsumerawarenessofAirbnb.Usingtheapproach
oftextminingandsentimentanalysis,examiningwhetherguests’emotionispositiveornegative,
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thisstudyidentifiedtheattributesthatinfluenceAirbnbconsumers’experiencescomparedwiththeir
previoushotelexperiencesbyanalysingbigdataofguests’onlinereviews,findingsrevealthatthe
factorsofguests’positivesentimentaretheatmosphere,flexibility,specialamenitiesandhumanized
service;thefactorsofguests’negativesentimentarenotvalueformoney,havetocleantheroom
beforeleaving,sharingamenitiesandspacewithstrangers,disturbedbyhosts’noisyrecreational
activitiesandtroubledbyhostsrequestinggoodreviews.

Thestudy’stheoreticalcontributionliesindemonstratinghowbigdatacanbeusedandvisually
interpretedintourismandhospitalitystudies,itnotonlymakesausefulsupplementtothesharing
platformAirbnbinthetourismaccommodationindustry,butalsoprovidesguests’directexperience
comparisonsbetweenAirbnbandhotelthroughsentimentanalysis,revealsthemainfactorsaffecting
thepositiveandnegativeemotionsofAirbnbguests,layingthefoundationforfurthertheoretical
discussions.

Themajorcontributionofthisstudyispractical.ItisofgreatvaluetousemassiveUGCsuchas
touristreviewsforthatitnotonlyhelpstouristsmakebetterreservationsbutalsoprovidesimportant
managerialguidanceforAirbnbdevelopers,operatorsandhoststograspguests’sentimentpreference
andstrengthentheircompetitiveadvantagesintourismmarketingandmanagementfield.

Notwithstandingthisstudy’scontributions,thisstudyisnotwithoutlimitations.First,theonline
reviewswererestrictedtothepeoplewhoareInternetsurfersandcapableofusingAirbnbapptomake
tourbookings.Carryingoutsomein-depthinterviewsofflinecouldbemorecomprehensive.Second,
thisstudywaslimitedtoacollectionofdatafromonlyonecity,i.e.,Sydney.Therefore,different
datasetsofAirbnbcollectedinothercitiesinAustraliawouldhelptogeneralizethefindings.Third,
researcherscouldmakecomparisonstoXiaozhuinChinaaswellastheculturalvarietiesleading
tothedifferencesinreservationpreferenceinthefuture.Also,aspecificlexiconinthetourismand
hospitalityindustryneedstobeconducted.
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