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ABSTRACT

E-learningistreatedasalearningapproachinhighereducationworldwide.E-learningsystemsare
allaboutusingdigitaltechnologiestoacquire,store,andprocesslearningresources.Thisarticleaims
toexaminetheend-users’acceptanceofe-learninginthebankingsectorusingtheunifiedtheoryof
acceptanceanduseoftechnology(UTAUT)model.Thepaperreviewstheextantliteraturefromwhich
atheoreticalmodelisdevelopedandtestedempiricallyintheFrenchcontext.TheUTAUTisextended
byincorporatingoneadditionalfactor(topmanagementsupport).Aquantitativeapproachbasedon
cross-sectionalsurveywasusedtocollectdatafrom133bankofficials.Datawasanalyzedusing,
statisticalsoftwareSPSSversion15.Thearticlesuccessfullyconfirmstheapplicabilityofe-learning
inFrance-basedbanks.Themodeldevelopedinthispaperhelpsthepractitionertounderstandthe
factors thatshouldbegivenemphasis toensure theeffectivedevelopmentandacceptanceof the
e-learningtechnologiesinacommercialsetting.

KEywoRdS
Bank, E-Learning Technology, France, Technology Acceptance Model

INTRodUCTIoN

The rapid advancement of information and communication technologies (ICT) has led to the
developmentofnewapplicationsandservices.Theimpactofdigitaltechnologiesissowidethatthe
successfulorganisationshaveundergonea‘digitalbusinesstransformation’inthisknowledge-based
society(Islametal.,2017).Againstthisbackdrop,electroniclearning(E-learning)technologyis
widelyusedasateachingandlearningapproachinhighereducationworldwide.ThetermE-learning
wasinitiallycoinedbyCrossin1998(Dublin&Cross,2002).E-learningtechnologiesisallabout
usingdigitaltechnologiestoacquire,storeandprocessinformationinlearningenvironment.Sangra
etal.(2012)defineE-learningasanapproachtoteachingandlearningisbasedontheuseofdigital
technologiesforimprovingaccesstotraining,communicationandinteraction.HolmesandGardner
(2006)defineitas“onlineaccesstolearningresources,anywhereandanytime(p.14).”AnE-learning
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applicationofferseducatorsandlearnersahighlyuser-orientedsystemthatfocusesonthelecture
materialsforlearningpurposes(Shee&Wang,2008).

E-learningisseenasanextensionofhumanabilitiesasdigitaltechnologieshelpprocessand
exchange educational materials between learners and service providers (instructors) in a virtual
environment.CommunicationinE-learningisnotlocation-boundasfacetoface(F-2-F)contactis
(Jasimuddin,2014;Jasimuddinetal.,2014).Forexample,Ally(2008)arguesthatE-learningallows
learnerstoaccesselectronicmaterialswithoutaphysicalinteractionwithaninstructor.Contrarily,
therearereasonstoend-users’dissatisfactionandrejectionofe-learningsystemusesuchaslackof
cues,lackofF-2-Finteraction,non-verbalcommunication,isolation,andproblemswithnetwork
connectivity(Buckley,2003).Moreover,therearehugeinvestmentsmadetosupporttheadoptionof
E-learningapplications.ThesuccessoftheE-learningimplementationrequirescriticalengagementof
theend-users.Againstthisbackdrop,identifyingthevariablesthataffecttheadoptionofE-learning
toolsisanimportantareaofresearch.

TechnologyAcceptanceModel(TAM)scholarshavecontributedindevelopingtheUnifiedTheory
ofAcceptanceandUseofTechnology(UTAUT)(Alalwanetal.,2017;Almuraqab&Jasimuddin,
2016;Bhatiasevi,2016;Dwivedietal.,2019;Almuraqabetal.,2017).UğurandTuran(2018)contend
thatanumberofstudieswereconductedonE-learningacceptance,mostlywiththeuseofUTAUT
Model.TherearescholarswhoemployedtheUTAUTtoinvestigatefactorsthatinfluencetheadoption
anduseofeducationaltechnologybystudentsofahighereducationinstitutionindevelopingcountries
(Yakubu&Dasuki, 2019).Parallel to this,Uğur andTuran (2018), for example, investigate the
determinantsofacceptanceofacademicE-learningtechnologieswiththeuseofproposedmodified
UTAUTmodelinTurkey.

Althoughthereisenoughresearchontheperceptionoftheend-usersontheintentiontouse
theE-learning technologies in thecontextofhighereducation, there is limiteddiscussion in the
literatureontheperceptionoftheend-usersfromthecommercialenterprisesontheintentiontosuch
technologies.Thelackofknowledgeabouttheviewpointoftheendusersfromcompaniesmaylimit
thevalueofE-learningtechnologiesinbusinesssector.Hence,thisstudyintendstoinvestigatethe
end-users’acceptanceofE-learninginbankingsectorusingVenkateshetal.’s(2003,2012)UTAUT
model.TheinsightsofVenkateshetal.(2003,2012)inspiredthetheoreticalfoundationofthisstudy.

Inthenextsection,theconceptualframeworkispresented,andhypothesesareproposed.The
researchhypothesesaretestedusingasampleofFrenchcompaniesinbankingsector.Theresearch
methodologyandanalysisofresultsarethenpresented.Followingadiscussionoftheresults,we
highlightitsimplicationsandgivesuggestionsforfutureresearch.

THEoRETICAL PERSPECTIVE ANd RESEARCH HyPoTHESES

Thissectionreviewstheextantliteraturetoproposearesearchmodel.Themodelincorporatesthekey
issuessurroundingthetechnologyadoptiontohelpthesuccessfulE-learningapplicationsinFrance-
basedbank.TheUTAUTprovidesanunderlyingrationale,whichleadstoestablishthetheoretical
foundationthatguidesthisresearch.

Performance Expectancy
E-learningcanonlybeacceptedbyemployeesiftheyperceiveitsusefulnessintermsoftheirworking
needs.Performanceexpectancyisdescribedas“thedegreetowhichtheuserexpectsthatusingthe
systemwillhelphim/hertoattaingainsinjobperformance”(Venkateshetal.,2003).Venkatesh
etal.(2003)provedthatperformanceexpectancywasthemostimportantexplanatoryfactorinthe
UTAUTmodel.Performanceexpectancyinvolvestheperceptionsoftheend-usersonthebenefits
suchasimprovingperformanceandincreasingefficiencythatcouldbeachievedthroughtheuseof
e-learningtechnology.
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Ifanend-userisconvincedthatthisnewtechnologyismoreefficientandproductive,thenhe/
shewillbeencouragedtoadopte-learning.Performanceexpectancyismeasuredbytheend-users’
perceptionof adoptinge-learning in termsofbenefits (i.e., saving timeandmoney), facilitating
interactionwithinstructorsandotherlearners,andtherebyimprovinglearningquality.

Severalscholars(e.g.,Uğur&Turan,2018;Ahmedatel.,2017;AlAwadhi&Morris,2008;
Venkateshetal.,2003;Almuraqab,&Jasimuddin,2017,Venkatesh&Davis,2000)suggestthat
there is a linkagebetweenperformanceexpectancyandbehavioral intention touseE-learning
technology. Performance expectancy were determined to be salient factors that positively
influence theactualusageof e-learning technologies (Yakubu&Dasuki,2019).According to
UğurandTuran (2018),performanceexpectancyhasaneffectonbehavioural intention touse
E-learningtechnologies.Tarhinietal.’s(2017)intheirstudyshowedthatbehavioralintentionto
useE-learningtechnologieswassignificantlyinfluencedbyperformanceexpectancy.Itisargued
thatusinge-learningsystemshelpsanindividualtoattaingainsinpersonalperformance.Hence,
performanceexpectancyiskeptasanemployee’se-learningacceptancedeterminant.Therefore,
wehaveformulatedthefollowinghypothesis:

Hypothesis 1: There is a positive relationship between performance expectancy and behavioural 
intention to use E-learning technology.

Effort Expectancy
Effort expectancy has a significant impact on the adoption of e-learning technologies. Effort
expectancyisdefinedasthedegreeofeaseassociatedwiththeuseofthesystem(Venkateshetal.,
2003).Thisconstructrestsoneaseofuseperception.Theend-userswouldliketousetheE-learning
technologiesbecauseitissimple,easytoaccessanduse.Theperceivedeasetotechnologyusehas
influenceonanend-user’sintensionofitsusefulness.Severalauthors(e.g.,Giannakos&Vlamos,
2013;Uğur&Turan,2018;AlAwadhi&Morris,2008;Tarhinietal.,2017;Yakubu&Dasuki,2019)
treateffortexpectancyasanimportantissueintheacceptanceandadoptionofe-learningtechnologies.

Effortexpectancyisagoodpredictorofintentiontoutilizee-learningtechnologies.Thefact
thateffortexpectancywasdeterminedtobesalientfactorsthatpositivelyinfluencetheactualusage
ofE-learningtechnologies(Uğur&Turan,2018).AccordingtoYakubuandDasuki(2019),effort
expectancyhasaneffectonbehaviouralintentiontousee-learningtechnologies.Tarhinietal.(2017)
in their study showed that behavioral intention to use e-learning technologies was significantly
influencedbyeffortexpectancy.

Effortexpectancyismeasuredbytheend-users’perceptionofadoptinge-learningintermsof
benefits,sucheaseofuseofe-learningapplications.Effortexpectancyinvolvestheperceptionsof
theend-usersonsuchbenefitthatcouldbeachievedthroughtheuseoftechnology.Basedonthese
arguments,thefollowinghypothesescanbeproposed:

Hypothesis 2: There is a positive relationship between effort expectancy and behavioral intention to 
use E-learning technologies.

Social Influence
SocialinfluenceisoneofthemajorfactorsoftheintentiontotechnologyuseinE-learningsystem.
AccordingtoVenkateshetal.(2003),socialinfluenceisthedegreetowhichanindividualperceives
importanceofsystemthroughtheinfluenceofothers(e.g.,fellowcolleagues,family,andfriends.It
isvitaltorealisetheimportanceoffriendsandfamilyinthedecisionofadoptingsuchtechnology.
Theend-userswouldliketoutilisee-learningapplicationsiftheirfriendsusethem.Sincethisstudy
examines the adoption of e-learning in France-based banks, this construct will be measured by
examiningtheperceptionofhowothersaffecttheuseofe-learningsystems.
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Several authors (e.g.,Yakubu&Dasuki,2019;Tarhini et al., 2017;Luet al., 2005;Pavlou
&Fygenson,2006;Jasimuddin,etal.,2017;Uğur&Turan,2018)suggestthatsocial influences
areanimportantdeterminantofbehavioural intentionstousethee-learningtechnologies.Social
Influencewasdeemedtobeasignificantfactorininfluencingbehaviouralintentionstousesuch
systems(Tarhinietal.,2017).AccordingtoUğur&Turan(2018),socialinfluenceisoneofthemost
significantfactorsindeterminingtheleveloftechnologyacceptance.YakubuandDasuki(2019),in
theirstudyshowedthatsocialinfluencewassignificantfactortoeffectthebehaviouralintentionto
usethee-learningapplications.

Social influence involves theperceptionsof theend-users that familymembers, friendsand
colleaguesmayinfluencetheirdecisiontouseE-learningirrespectiveofwhetherthisinfluenceis
positiveornegative.Basedonthispremise,thefollowinghypothesisisproposed:

Hypothesis 3: There is a positive relationship between social influence and behavioral intention to 
use E-learning technologies.

Facilitating Conditions
Facilitating conditions is the degree to which an individual believes that an organizational and
technicalinfrastructureexiststosupporttheuseofthee-learningsystem(Venkateshetal.,2003).
Itisthefourthbasicdeterminantofe-learningtechnologiesuse.Thefactthattheexistenceofsuch
infrastructurecomesasabackupfortheuseofthesystem.Itisalsoinfluencedbytheperceptionof
thetechnologyfittingintothelifestyleoftheuser.Accordingly,thisconstructismeasuredbythe
perceptionofbeingabletoaccessrequiredresourcesandthenecessarysupportneededtousee-learning
technology.Severalscholars(e.g.Venkateshetal.,2003;Moore&Benbasat,1991;Thompsonetal.,
1991;Taylor&Todd,1995;Venkatesh&Speier,1999;Ahmedatel.,2017;Yakubu&Dasuki,2019;
Tarhinietal.,2017;Uğur&Turan,2018)treatfacilitatingconditionsasanimportantdeterminant
ofbehaviourandtheintentiontousethetechnology.Forexample,UğurandTuran’s(2018)results
showedthatfacilitatingconditionswassignificantfactorininfluencingthebehaviouralintentionto
usethee-learningtechnologies.YakubuandDasuki(2019)alsofoundthatbehavioralintentiontouse
e-learningtechnologieswassignificantlyinfluencedbyfacilitatingconditions.Facilitatingconditions
aremeasuredbytheperceptionofbeingabletoaccessrequiredresourcesandthenecessarysupport
neededtousee-learningsystems.

Moreover,topmanagementandlinemanagershavearoletoencouragetheend-userusee-learning
system.Topmanagementsupport,inparticular,iscrucialtoensurehugeinvestmenttoinstallthe
e-learning system. Scholars, most notably AlAwadhi and Morris (2009), state that management
awarenessandsupportisfoundtobeveryimportantwhenacceptingandadoptingnewE-learning
technologies. Top management support implies positive attitude towards technology adoption
(Alshamailaetal.,2013;Lianetal.,2014),andwillingnesstoinvest inthetechnology(Chan&
Chong,2012;Lowetal.,2011).

The fact that the decision to invest in the adoption of E-learning system depends on top
management.Iftopmanagementconsideritasavalueformoney(Lianetal.,2014;Lowetal.,2011),
thenitisobviousthattheywillfavortomakesuchinvestment.Topmanagementhasaroletocreate
facilitatingconditionthatenhancestheend-user’sintentiontouseE-learningsystem.Thisleadsto
thefollowinghypotheses:

Hypothesis 4: Facilitating conditions will have a positive impact on the behavioral intention to use 
E-learning technology.

Hypothesis 4a: Top management will have a positive impact on creating facilitating conditions that 
leads to enhance the intention to use E-learning technology.
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Attitude Towards E-Learning Technology Use
AttitudetowardsE-learningsystemsuseisconsideredtobeanimmediateantecedentofbehaviour
intentiontousetechnology.AttitudetowardsE-learningsystemsisdefinedas“anindividual’spositive
ornegativefeelingaboutperformingthetargetbehavior”(Fishbein&Ajzen,1975,p.216).Thereis
considerableevidenceofthesignificanteffectofattitudetowardsE-learningonbehaviourintention
totechnologyacceptancestudies(e.g.,Awan,2011;Venkateshetal.,2003,2012;Almuqarubetal.,
2017;Venkatesh&Zhang,2010).Itistobenotedthatinhismeta-analysisoftheUTAUTliterature,
Williamsetal.(2015)identifybehaviouralintentionastheonlyfactorintheUTAUTwhichisbeing
consistentlyshown in the literature tosignificantlypredict theacceptanceanduseofE-learning
technologies. Since attitude towards e-learning technology is an important factor in explaining
technologyacceptance,suchattitudemayleadtopositiveornegativefeelingregardingtheuseof
e-learningtechnologyinanorganizationalsetting.Thus,weproposethefollowinghypothesis:

Hypothesis 5: Attitude toward using E-learning technology has a significate influence on the behavioral 
intention to use such technology.

METHodoLoGy

Amultipleregressionanalysisisusedtotestthehypotheses,usingstatisticalsoftwareSPSSversion
15(Islametal.,2015).Amultipleregressionallowstoexaminewhetherpredicatorvariableshelpto
increasethestatisticalpowerofthemodel(Kotabeetal.,2011;Jasimuddinetel.,2015;Jasimuddinet
el.,2019).Thepaperreviewstheexistingliteraturefromwhichitdevelopsatheoreticalmodelwhich
isthentestedempiricallyintheFrenchcontext.TheunitsofanalysisinthisstudywereFrance-based
bankswhereE-learningsystemisemployedtoprovidetrainingtotheiremployees.Thedatacollection
processresultedin133useablequestionnaires,witharesponserateof61%.StatisticalPackagefor
SocialSciences(SPSS)software,version23.0(SPSS,2014)wasusedtoanalyzethecollecteddata.

TherespondentsweretheemployeesoftheFrance-basedbanks.Thequestionnaireusedinthis
researchwasdevelopedthroughtheliteraturereview.Initially,thequestionnairewaspilotedusing15
respondentstoincreasetheclarityofthequestionsandtoavoidinterpretationerrors.Moreover,itwas
translatedandback-translatedtoensurethattheFrenchtranslationaccuratelyreflectedthemeaning
oftheEnglishversionandtoreducecomprehensionproblems(Sperberetal.,1994;Jasimuddin&
Nakshabandi,2019).Mostrespondentswerefemale(56%),inthe31+agegroup(80%)andjunior
employees(58%).Table1showsthedemographicinformation.

Table 1. Research sample demographic information

Description Frequency Percent

Gender

Male
Female

58
75

44%
56%

Age

19–30
31–45
46+

30
88
15

23%
66%
11%

Position

Seniormanager
Linemanger
Junioremployees

13
43
77

10%
32%
58%
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ANALySIS ANd FINdINGS

Cronbach’salpha(α)reliabilityestimateswereusedtomeasuretheinternalconsistencyofthese
multivariatescales(Nunnally,1978;Fornell&Larcker,1981).Table2displaysthereliabilitytest
resultsfortheconstructs.AccordingtoNunnally(1967),asuitablecriterionforinstrumentsinthe
earlystagesofdevelopmentisregardedasbetween0.5and0.6.Itwouldtypicallybeabout0.7for
establishedscales.Inthisstudy,allthescaleshadCronbach’scoefficient(α)scoresthatarecloser
toorgreaterthan0.70.ThissatisfiestherequirementsetbyNunnally(1978)andindicatesastrong
reliabilityforourquestionnairecontent.

Convergentvaliditywasassessedbyexaminingthecompositereliability.Compositereliability
valuesshouldbe0.6asacut-offvalue(Bagozzi&Yi1988).Inourstudy,allcompositereliability
valuesexceeded the recommended thresholdvalue,demonstratingconvergentvalidity.Toassess
discriminantvalidity,thesquarerootofAVEneedstobehigherforthatconstructthanitscorrelation
with other constructs (Fornell & Larcker, 1981). Discriminant validity is confirmed for all the
variablesasthesquarerootofeachvariable’sAVEaregreaterthanthebivariatecorrelation.Table
3displaysthemeans,standarddeviations,theinter-constructcorrelationmatrixandthesquareroot
ofAVEdepictedinbold.

The Results of Hypotheses Testing
Ahierarchicalmultipleregressionanalysisisusedtotestthehypotheses,usingstatisticalsoftware
SPSSversion15.Table4summarizestheparameterestimates,significancelevels,andhypotheses
testresults.

Hypothesis1suggeststhatthereisasignificantrelationshipbetweenperformanceexpectancyand
behaviouralintentiontousee-learningtechnology.Thestandardizedcoefficient(β)ofperformance
expectancyandbehaviouralintentiontouseE-learningis0.485,andissignificantasindicatedby
thep-value(p<0.01).Performanceexpectancyexplained23.5%ofthevariance(R2)inbehavioural
intentiontouseE-learningapplication.Thus,Hypothesis1isfullysupported.

Similarly,Hypothesis2suggeststhatthereisasignificantrelationshipbetweeneffortexpectancy
and behavioural intention to use E-learning system. The standardized coefficient (β) of effort
expectancyandbehaviouralintentiontouseE-learningis0.492,andissignificantasindicatedbythe
p-value(p<0.01).Effortexpectancyexplained24.2%ofthevariance(R2)inbehaviouralintention
touseE-learning.Hence,Hypothesis2isfullysupported.

Hypothesis 3 suggests that there is a significant relationship between social influence and
behaviouralintentiontouseE-learningtechnology.Thatis,thereisnosignificantrelationshipbetween
socialinfluenceandbehaviouralintentiontousee-learning.Thestandardizedcoefficient(β)ofsocial
influenceandbehaviouralintentiontousee-learningis0.358,andissignificantasindicatedbythe
p-value(p<0.01).Socialinfluenceexplained12.8%ofthevariance(R2)inbehaviouralintentionto
usee-learning.Thus,Hypothesis3issupported.

Hypothesis 4 predicts there is a significant relationship between facilitating conditions and
behaviouralintentiontousee-learningtechnology.Thatis,thereisasignificantrelationshipbetween
facilitatingconditionsandbehaviouralintentiontousee-learning.Thestandardizedcoefficient(β)
offacilitatingconditionsandbehaviouralintentiontousee-learningis0.396,andissignificantas
indicatedbythep-value(p<0.01).Facilitatingconditionsexplained15.7%ofthevariance(R2)in
behaviouralintentiontousee-learning.Hence,Hypothesis4issupported.

Hypothesis4asuggeststhatthereisasignificantrelationshipbetweentopmanagementsupport
andbehaviouralintentiontousee-learningsystem.Thatis,thereisasignificantrelationshipbetween
top management support and behavioural intention to use e-learning systems. The standardized
coefficient(β)oftopmanagementsupportandbehaviouralintentiontousee-learningis0.330,and
issignificantasindicatedbythep-value(p<0.01).Topmanagementsupportexplained10.9%ofthe
variance(R2)inbehaviouralintentiontousee-learning.Accordingly,topmanagementhaveapositive
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Table 2. Confirmatory factor analysis

Factors Coding Items Composite 
reliability

Average 
Variance 

Explained

Cronbach’s 
alpha

Performance
Expectancy

PE1 I would find the e-learning useful for 
my job. 0.89

0.75 0.83PE2 UsingE-learningenablesmetotrain
mefaster. 0.85

PE3 UsingE-learningenablesmetotrainme
moreefficiently. 0.86

EffortExpectancy

ER1
MyinteractionwiththeE-learning
systemwouldbeclearand
understandable.

0.79

0.67 0.83
ER2 Itwouldbeeasyformetobecome

skillfulatusingthee-learningsystem. 0.72

ER3 Iwouldfindthee-learningsystemeasy
touse. 0.89

ER4 Learningtooperatethee-learning
systemiseasyforme. 0.89

SocialInfluence

IS5 Mylinemanagerencouragesmetouse
thee-learningsystem. 0.87

0.81 0.89IS6 Mycolleaguesareconvincedbythe
interestofthee-learningsystem. 0.92

IS7 Mylinemanagersencouragemetouse
thee-learningsystem 0.93

FacilitatingConditions

CF1 Ihavetheresourcesnecessarytousethe
e-learningsystem. 0.80

0.61 0.69CF2 Ihavetheknowledgenecessarytouse
thee-learningsystem. 0.79

CF3 Thesystemiscompatiblewithother
systemsIuse. 0.77

TopManagement
Support

CF5 Mymanagermakeseveryeffortto
facilitatetheuseofe-learningsystem. 0.87

0.84 0.91CF6
Mymanagerarrangesmyworking
timetoallowmetoplanmye-learning
sessions.

0.94

CF7 Mymanagerprotectsmye-learning
trainingtime. 0.94

AttitudeTowardUsing
E-learningTechnology

AUT1 Usingthee-learningsystemisagood
idea. 0.86

0.78 0.91
AUT2 Thee-learningsystemmakesworkmore

interesting. 0.88

AUT3 Workingwiththee-learningsystemis
fun. 0.88

AUT4 Ilikeworkingwiththee-learning
system. 0.94

BehavioralIntention

IU1 Iintendtousethesysteminthenext6
months. 0.96

0.94 0.97IU2 IpredictIwouldusethesysteminthe
next6months. 0.98

IU3 Iplantousethesysteminthenext6
months. 0.97
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impactoncreatingfacilitatingconditionsthatleadstoenhancetheintentiontousee-learning.Thus,
Hypothesis4aisfullysupported.

Hypothesis5predictsthatthereisasignificantrelationshipbetweenattitudetowardsE-learning
andbehavioural intention touse e-learning.The standardized coefficient (β) of attitude towards
e-learningandbehaviouralintentiontousee-learningis0.470,andissignificantasindicatedbythe
p-value(p<0.01).Attitudetowardse-learningexplained22.1%ofthevariance(R2)inbehavioural
intentiontousee-learning,Thus,Hypothesis5isfullysupported.Theresultsofouranalysisare
showninFigure1.

dISCUSSIoN ANd IMPLICATIoNS

BasedonthebanksoperatinginFrance,ourstudysetsouttoidentifyanumberoffactorsinfluencing
theadoptionandapplicationofe-learning,withtheuseoftheUTAUTmodel.Theempiricalresults
derivedfromthisstudywarrantadiscussionalongseverallines.Atotalofsixresearchhypotheses
were tested to examinewhether the independentvariables significantly explained thedependent
variables.Allofthesixresearchhypothesesweresupportedbythedataanditmeansthatmostof

Table 3. Survey structure and description of statistics for dimensions

Dimensions Mean SD PE EE SI FC TMS ATE BIU

Performanceexpectancy(PE) 4.03 0.44 0.888

Effortexpectancy(EE) 3.05 1.29 0.65** 0.819

Socialinfluence(SI) 4.47 1.57 0.51** 0.67** 0.90

Facilitatingconditions(FC) 3.44 0.74 0.48** 0.59** 0.64** 0.781

Topmanagementsupport(TMS) 4.06 1.11 0.39** 0.71** 0.65** 0.83** 0.926

AttitudetowardE-learning(ATE) 3.88 1.14 0.76** 0.74** 0.61** 0.64** 0.59** 0.88

BehavioralIntentiontouse(BIU) 3.70 0.81 0.43** 0.55** 0.64** 0.61** 0.68** 0.51** 0.97

Notes: The bold values on the diagonal represent the square root of the AVE (√AVE). Other entries represent intercorrelations of the constructs.

Table 4. Test significance synthesis

Hypothesis test R2 Path coefficient 
(β) Decision

H1 Thereisapositiverelationshipbetweentheperformanceexpectancy
andthebehavioralintention. 0,235 0,485***

(12,528) Supported

H2 Thereisapositiverelationshipbetweentheeffortexpectancyandthe
behavioralintention. 0,242 0,492***

(12,767) Supported

H3 Thereisapositiverelationshipbetweentheproximitymanager’s
influenceandthebehavioralintention. 0,128 0,358***

(8,671) Supported

H4 Facilitatingconditionshavesignificantimpactonthebehavioral
intention. 0,157 0,396***

(9,738) Supported

H4a Thereisapositiverelationshipbetweenthetopmanagementsupport
andthebehavioralintention. 0,109 0,330***

(7,907) Supported

H5 Attitudetowarde-learningtechnologyhavesignificantimpactonthe
behavioralintention. 0,221 0,470***

(12,022) Supported

(***) significant at 1%, (**) significant at 5%, (*) significant at 10%
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theindependentvariablessignificantlyexplainedtheintentiontoaccepte-learningtechnology.This
paperconfirmsothers’work(e.g.Ally,2008;Buckley,2003;Lowetal.,2014;AlAwadhi&Morris,
2008;Uğur&Turan,2018;Yakubu&Dasuki,2019;Tarhinietal.,2016).

Theresultsshowedthatperformanceexpectancy,effortexpectancy,socialinfluence,facilitating
conditions,topmanagementsupport,andattitudetowardse-learningtechnologyusewereallimportant
andsignificantintheadoptionofe-learningsystemwithinthebankingsector.

Most specifically, performance expectancy and effort expectancy are the most significant
determinants of the intention to use e-learning technologies in the banking sector. Performance
expectancyistheextenttowhichtheend-usersperceivethatusingthesystemwouldbenefittheir
performance.Thecurrentresearchrevealsthatperformanceexpectancyisoneofthefactorsthat
significantlydeterminedbehaviouralintentiontousedigitaltechnologyforlearning,confirmingthe
findingsofothers’(Uğur&Turan,2018;Giannakos&Vlamos,2013;Tarhinietal.,2017;Yakubu
&Dasuki,2019).

Theoutcomesfromthepreviousstudies(e.g.,Yakubu&Dasuki,2019;Tarhinietal.,2017;Lu
etal.,2005;Pavlou&Fygenson,2006;Uğur&Turan,2018)suggestedthesignificanceofsocial
influenceinexplainingthebehaviourofusageandadoptionoftechnology.Theresultsfromthestudy
alsoconfirm,indicatingthatthereisasignificantrelationshipbetweensocialinfluenceconstructand
thebehaviouralintentiontousedigitaltechnologyforlearning.

Thestudyprovidesaninterestingfindingontopmanagementsupportincreatingfacilitating
conditions.Previousstudies(Hennington&Janz,2007;Venkateshetal.,2003;Venkateshetal.,
2012)foundthatfacilitatingconditionisasignificantpredictoroftheintentiontousethee-learning
technologies.Thisstudyconfirmedthehypothesisrelatedtotheeffectsofthefacilitatingconditionon
behaviouralintentiontousedigitaltechnologyforlearning.Inaddition,thefindingsoftheprevious
studies(e.g.,Alshamailaetal.,2013;Lianetal.,2014;AlAwadhi&Morris,2009)illustratedthe
significant influence of top management on behavioural intention to the adoption of e-learning

Figure 1. Analytical results of the research model
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technologies.Thepaper shows that topmanagement supportconstruct ismodelled tobe related
directlytoattitudetowardE-learningapplications.Thatis,topmanagementhaveapositiveimpact
oncreatingfacilitatingconditionsthatleadstoenhancetheintentiontousee-learningtechnologies
inFrance-basedbanks.

Theoretical and Managerial Implications
Thisarticlemakesseveralcontributionstotheliterature.Thisstudycontributestotheliteratureby
empiricallyexaminingtherelationshipsamongtheconstructs.Thisstudycontributestothecontinuous
efforts tovalidateUTAUTinspecificallybankingsector.Mostspecifically,wecontribute to the
conceptualisationof the intention touseE-learning technologies in thebanking sector.There is
limitedempiricalattempttoexplorethefactorsthatinfluencetheend-users’adoptionofe-learning
technologyinFrance-basedbakingsector.Thepaperemphasisestheroleoftopmanagementsupport
astheimportantdeterminantsoftheintentiontoadopte-learningtechnologies.Thefactthatthepaper
expandsthetraditionaldiscussionbyincorporatingtopmanagementsupportasaconstruct,inaddition
toVenkateshetal.’s(2003,2012)variables,inamodelthatactsasfacilitatorintheintentiontouse
e-learningtechnologies.Weproposeandtestanintegratedframeworkbybringingthemtogetherto
explaintheirlinkage,andquantifiestherelationship.

This article helps practitioners to understand of the possible factors that should be given
emphasis inenhancing the intention toadopte-learningsystems.Thisstudycanalsobeseen to
providemanagersandpractitionerswithanunderstandingthatthekeyconstructsinvariousformsare
issuesincausingthevariationintheintentiontoaccepte-learningapplications.Theresultsrevealed
fromthisstudyoftheUTAUTmodelwithinFrenchcontextdemonstratesthattheframeworkcan
beappliedbyothereducatorstopredictbehaviouralintentionsofe-learningtechnologiespriorto
implementation.Thiswillbenefitfuturecourseofactionforthesuccessfuladoptionofsuchsystem.
Thestudyalsoprovidesinsightstothebanksinunderstandingofthesephenomenathatcanhelp
managersinselectingappropriatefactorstoreducetheresistanceofusingtechnologies,therebyto
enhance e-learning applications.Moreover, themodeldeveloped in thispaperhelpspractitioner
toidentifyanappropriateconstructtoensuretheeffectivedevelopmentanduseofthee-learning
technologiesinacommercialsetting.

FUTURE RESEARCH dIRECTIoNS ANd CoNCLUSIoN

Thisstudylookedtoexplorefactorsthatinfluencedtheacceptanceofe-learningfromtheperspective
ofFrenchbankofficials.Thisstudyconfirmsthehypothesesrelatedtotheeffectsofperformance
expectancy, effort expectancy, social influence, factor conditions, and management support on
behaviouralintentiontousee-learningtechnologies.Thepapersuccessfullysuggeststheapplicability
ofe-learninginaFrenchbankingcontext.TheresultsfromthedataobtainedsupporttheUTAUT’s
ability toexplainthefactorsresponsiblefor theacceptanceofe-learningtechnologies.However,
likeanyotherempiricalresearch,thisstudyhasseverallimitationsthatshouldbeconsideredbefore
interpretingthefindings.

First,thedataweredrawnonlyfromoneparticularsectorwithinacountry.Thefindingsmaynot
begeneralizabletoothercontexts.Futurestudycantesttheresearchmodelinothercontexts.Second,
thisstudywasbasedonaquantitativeresearchapproach.Futureresearchmayuseamix-method
approachthatwouldstrengthenourfindings.Third,futureresearchmayuselongitudinaldatatotest
themodelofthisstudy.Four,thisresearchdidnotcoveracomprehensivelistofpotentialfactorsthat
mayinfluencetheend-users’intentiontoE-learningapplication.Forexample,thereareimportant
variables,suchasawareness,perceivedtrustintechnology,perceivedtrustingovernment,perceived
costandperceivedrisk.Moreover,age,gender,andprofessioncanbecontrolledfor.Hence,these
variablesarebeingtakenintoaccountinthefuturework.



Journal of Global Information Management
Volume 28 • Issue 4 • October-December 2020

48

Althoughtheresearchmodelwhereattitudeswouldhaveanimpactonbehaviouralintentionto
usesuchtechnology,therespondents’educationlevelorthetypesofeducation,andcompetencyin
computingcouldhaveanimpactontheirbehaviouralintention.Thesevariablescanbeincorporated
infuturestudytoaddresstheirimpactonbehaviouralintentiontousesuchtechnology.

Theacceptanceofe-learningtechnologiesbytheend-usersisamajorconcernofthepolicy-
makers,practitionersandscholars.Thepaperidentifiedthefactorsthataffectthesuccessfuladoption
ofE-learning technologies.The results revealed from this studyof theVenkateshetal.’s (2003)
UTAUT frameworkwithinFrench context demonstrates that themodel canbeutilizedbyother
educators(bankofficials)beyondhighereducationsector.
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