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ABSTRACT

As market competition intensifies, companies recognize the value of attracting customers to participate 
in activities and loyalty programs (LPs) that encourage repeat purchases and maintain customer loyalty. 
Literature on LP design explores the positive impact of program structure and rewards on the acquisition 
of customers. However, research is lacking on the role of LP information transparency on customer 
participation intention. This study uses 280 college students in China as the survey object to explore 
the influence of LP information transparency on willingness to participate in such programs. Using 
experimental design methods, the authors verify whether the type of merchant and channel customers 
select affect willingness to participate when customers redeem rewards. This study also explains the 
internal psychological mechanism of information transparency, merchant and channel types, and customer 
participation intention from the perspective of perceptual psychological distance in construal level 
theory (CLT) and the elaboration likelihood model (ELM). Both information visibility and accessibility 
have a positive impact on customer intention to participate in LPs. When a customer redeems a reward 
from a LP operator, information visibility has a more positive impact on willingness to participate 
than redeeming a reward from an alliance partner. Moreover, when a customer redeems a reward from 
online channels, the positive impact of information accessibility on willingness to participate is greater 
than redeeming from offline channels. Under the influence of multiple psychological distance effects, 
the synergistic effect of merchant type and channel type is not significant in the relationship between 
information transparency and willingness to participate in LPs. This article will provide design strategies 
and management suggestions for retail managers to attract customers to participate in LPs.
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INTROdUCTION

Offline companies use loyalty programs (LPs) to promote repeat purchases. With the rapid development 
of e-commerce, many businesses have also begun to implement online LPs. The rapid development of 
omnichannel customer service (with cross channels and touchpoints) allows customers to experience 
a consistent, seamless shopping experience (Melero et al., 2016). However, the omnichannel context 
complicates the assimilation and coordination of LPs across online and offline channels.

Organizations often introduce and implement LPs to provide customers with interactive rewards 
to increase customer participation intention. The benefits of these rewards are especially important 
when acquiring customers (Bruneau et al., 2018). New customers tend to measure the value of a LP 
by evaluating its contents and rewards strength before participating in the program (Kim et al., 2021). 
Customers often base their value assessment on information received, which is simplified through 
the transparency of information (Mol, 2015). Information transparency has already become the 
most important business rule in markets where information flows freely (Halter et al., 2009). Today, 
customers have real-time access to online information through mobile devices. They expect accurate 
information. Organizations should, therefore, develop their marketing strategies around providing 
more transparent information (Tapscott & Ticoll, 2003).

Information transparency is a prominent customer demand (Kim et al., 2020). Finance and 
accounting also link customer and business transparency in marketing. From the customer’s 
perspective, information transparency is the subjective perception of the information provided 
by an enterprise (Eggert & Helm, 2003). It also includes the subjective assessment of the 
availability and comprehensibility of company information (Peschel & Aschemann-Witzel, 
2020). When customers decide to purchase a product or service, they search many sources for 
information. Typically, the customer information inquiry process is made up of an internal query 
and an external search. To a certain extent, information transparency will consolidate internal 
search information, which will reduce the customer’s external search costs. This can eliminate 
the customer’s uncertainty and enhance their confidence. Transparent information reduces 
perceived risk (Liu et al., 2015). In turn, the customer will be more willing to respond in a 
positive manner to a company’s marketing activities. Insufficient information about LP rewards 
will complicate an organization’s ability to meet the customer’s value expectations, hindering 
their decision to participate. Therefore, organizations should focus on enhancing the customer 
participation intention of LPs through effective design and information transparency. These 
efforts will optimize and promote customer perception and recognition of value.

Four stages within a LP help to build customer relationships: (1) acquiring customers; (2) 
onboarding new customers; (3) expanding customer involvement; and (4) retaining high-value 
customers (Kim et al., 2021). The literature on each phase focuses on customer psychological 
mechanisms triggered by LP design and operation (Arbore & Estes, 2013; Bagchi & Li, 2011; Bolton 
et al., 2000; Dorotic et al., 2012). Existing LP-related studies explore the customer acquisition stage by 
focusing on factors within the program design’s structure like partnerships, customer status, alliance, 
and points or reward factors like redemptions, value, fitness, and customer behavior (Breugelmans 
& Liu-Thompkins, 2017; Bruneau et al., 2018; Danaher et al., 2016; Gómez et al., 2012). These 
studies indicate that greater customer expectations and perceived value of LPs impact the likelihood 
to join or participate (Kim et al., 2021). In general, when organizations design LPs, they focus on 
participation requirements, program structure, and the point and reward structure (Breugelmans et al., 
2015). However, information is lacking on the influence of information transparency on customers’ 
willingness to participate in LPs. Customer expectations and perceived value require information 
as their reference and support. Therefore, companies should provide customers with transparent 
information about LPs through relevant media channels (online or offline), simplifying customers’ 
ability to identify the organization’s intention to implement the LP (Turilli & Floridi, 2009). In turn, 
customers can use the information to make their decision to participate.
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Customers who join the LP can redeem rewards from different merchants, including the program’s 
operator or alliance partners. Studies have found that alliance partners offer more effective means of 
increasing customer loyalty than LP operators (Lee & Kim, 2005). Due to advancements in technology, 
many traditional companies have adopted a combination of online and offline sales strategies to 
address competition, changes in customer behavior, and advantages of online channels (Kollmann 
& Hasel, 2008). These tactics are then incorporated into LPs.

Online and offline channels have significant differences in customer perception and behavior 
when buying online vs. offline (Rajamma et al., 2007). Differences in customer perception and 
purchasing behavior will arise as customer LPs become digitalized (for example, mobile app-based 
LPs). Therefore, companies must explore the psychological root cause of behavioral differences to 
formulate corresponding strategies. Scholars have conducted research on the effects and roles of 
merchant types and channel types in LP implementations (Bombaij & Dekimpe, 2020; Frisou & 
Yildiz, 2011); However, limited studies address whether types of reward-redemption merchants and 
channels have a moderating effect on customer participation intention.

In addition to external factors like information transparency and reward-redemption channels, 
customers’ internal psychological factors can affect participation behavior. Scholars have found that 
the fit between information characteristics and construal levels can produce a stronger matching effect, 
which, in turn, has a higher degree of influence on customer behavior. The essence of the construal 
level is the degree of abstraction of the mental representation of people processing information. The 
information itself also has a degree of abstraction. The elaboration likelihood model (ELM) can 
explain the reasons for the formation or change in customer attitudes upon receipt of the information 
(Chang et al., 2020).

In recent years, fields like marketing and customer behavior have started to utilize the 
construal level theory (CLT) and ELM. Under the condition of high-level construal, people 
pay more attention to an object’s essence, core, and overall characteristics. They will process 
the information in a top-down approach, linking near-end information with distant goals and 
perceiving psychological distance as more distant. On the contrary, under low-level construal 
conditions, people pay more attention to an object’s details, local characteristics, and the use of 
bottom-up thinking to process information (Liberman et al., 2002; Nussbaum et al., 2003; Trope 
& Liberman, 2010). The perceived psychological distance is closer. From this point of view, the 
perceived psychological distance will differ when customers choose to redeem rewards online, 
offline, or from the focal organization of the LP or partner organizations. The willingness to 
participate in the LP will also change. Accordingly, this study uses the CLT and ELM to explain, 
from a psychological perspective, why customer cognition and behavior vary. This will depend 
on the type of vendor (operator organization vs. partner organization) and reward-redemption 
channel (online vs. offline) when redeeming a reward.

Information transparency is a key factor that influences customer decision-making 
behaviors. The underlying mechanisms by which information transparency inf luences 
customers’ willingness to participate remain unknown. As a result, organizations have no 
practical guidance on how they should engage customers or expand customer willingness to 
participate in LPs through increased transparency. This study discusses the influence and role 
of LPs’ information transparency on customers’ willingness to participate. It introduces a new 
perspective on LP design to compensate for the shortcomings of existing research on program-
design elements. Regarding the perspective of the CLT and ELM, this study examines customers’ 
choice to redeem rewards from focal or partner organizations. It studies whether online or 
offline rewards redemption can regulate the relationship between information transparency and 
customers’ willingness to participate in such programs. This work expands and complements 
the research context of information transparency. It also provides an interpretive perspective 
from which to study customer LPs in the field of marketing behavior. Marketing managers 
can, therefore, find practical advice on LP-design strategy.
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LITERATURE REVIEw

LP
LPs are an important part of the customer relationship management (CRM) strategy. This type of 
marketing strategy is used to retain loyal cs, expand customer suppliers, retain switched customers, or 
activate inactive customers (Alshurideh, 2017). Organizations know that customer acquisition costs 
more than retention. An organization’s LP offers various incentives to increase customer satisfaction, 
enhance loyalty behavior toward a brand, cultivate strong customer relationships, and build overall 
profitability (Sharp & Sharp, 1997). Incentives may include monetary or non-monetary benefits, such 
as coupons, gifts, premiums, discounts, rebates, or mileage points. The most common incentive is 
points earned by purchasing an organization’s products or services (Lemon & Wangenheim, 2009). 
LPs are often used in today’s business environment, with most people joining at least one.

LPs (or customer reward programs) are created by companies to give customers a variety of 
ways to accumulate redeemable program currency like points or miles. Customers can accumulate 
certain rewards through repeat purchases (Sukmaningsih et al., 2019). A merchant’s marketing 
strategy is oriented toward long-term interests based on the behavioral reward plan. Its fundamental 
purpose is to improve member services, giving customers a stronger sense of identity with the 
enterprise. Increasingly, customers are familiar with and participate in LPs in the financial industry, 
telecommunications, aviation, hospitality, retail, and e-commerce (in the form of clubs or loyalty 
cards). Companies can implement LPs to increase profits and market share by enhancing customer 
loyalty, winning customers, creating communication opportunities, and building a robust database 
to support the overall company.

Most of the literature on this subject focuses on marketing-oriented management issues, 
including the following: LP design and implementation; factors that impact customer attitude, 
purchase behavior, purchase intention, and decision making; influences to an organization’s 
market competition; and operational issues in LP management (Alshurideh et al., 2020; Bijmolt 
et al., 2010; Bombaij & Dekimpe, 2020; Breugelmans et al., 2015; Dorotic et al., 2014; Esmark et 
al., 2016; Gandomi & Zolfaghari, 2011; Liu, 2007; Mimouni-Chaabane & Volle, 2010; Rehnen, 
2016; Taylor & Neslin, 2005).

Early LPs were mostly independent (ILPs), with one company that handled operations and 
controls. ILPs aimed to increase the loyalty of the company’s most important customers to its 
own products or services. This, in turn, limited benefits that customers could obtain through 
ILPs. New marketing technology provided LPs differentiation from their competitors, facilitating 
the evolution of LPs. Yi and Hwa (2018) discussed the evolution of LPs from ILPs to coalition 
(CLPs). These multi-partner or multi-merchant LPs combine three or more organizations that 
share the operational costs, marketing expense, branding, and data ownership of common loyalty 
currency (Capizzi & Ferguson, 2005).

There are several motivating factors for alliances between organizations (Vandaie & Zaheer, 
2015). CLPs attract organizations because they can offer strategic networking benefits and cost 
advantages compared to establishing and running a sole-proprietary LP. Potential spillover is another 
reason companies join a CLP. For example, organizations can take advantage of their partner’s 
valuable resources (Das & Teng, 2000), allowing them to cross-sell (Lemon & Wangenheim, 2009), 
reducing operating and infrastructure costs (Ferguson & Hlavinka, 2006), and differentiating their 
value-added services to increase customer trust, loyalty, and market expansion (Steinfield, 2004). 
CLPs offer customers more convenience, faster point accumulation, and more redemption options 
compared to ILPs (Dorotic, 2010). Accumulating rewards points lets customers choose the vendor 
to approach for point redemption or service rewards. Therefore, purchasing from multiple partners 
brings customers more economic benefits.

Recent developments in big data and database technology support the screening of loyal customers 
and provide targeted offers. This, in turn, increasing LP effectiveness (Bolton et al., 2000). The use 
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of smartphones has ushered in a change from LP based on plastic cards. Organizations can improve 
LP effectiveness by leveraging mobile technology, delivering various offers and driving customer 
participation intention through marketing campaigns.

Reward Redemption
From the customer’s perspective, reward redemption is the most tangible component of their LP 
membership. This makes it an important benefit to the customer. Rewarding customer behavior is 
instrumental in creating an enduring intention to participate in the LP. Reward redemption is central 
to organizations expending considerable effort and money on developing and operating LPs. The 
programs’ data is valuable. Rewards encourage customers’ attitudinal loyalty toward an organization 
or brand, contributing to long-term relationships and customer value. From a management perspective, 
redemption rates can measure and reflect LP success and customer engagement (Taylor & Neslin, 
2005). Research on LP reward redemptions focuses on whether or how organizations can influence 
customers’ reward redemption behavior (Dorotic et al., 2014; Haisley & Loewenstein, 2011). It also 
looks at how reward redemption can create stronger attitudinal or behavioral response to LPs (Stourm 
et al., 2015). However, the impact of information transparency and reward redemption interaction on 
customer behavior requires additional study.

Products and services provide benefits and/or solutions to functional, economic, and psychological 
problems faced by customers. This constitutes the main source of customer value. Through LPs, 
organizations can add their own or their partners’ products or services to the rewards. Dowling and Uncles 
(1997) called this direct reward and indirect reward. The organization can use its own products or services 
if they satisfy customer needs. Conversely, if the organization believes that its products or services are 
not enough to attract customers, it can increase LP attractiveness by adding the advantages of partners’ 
products or services. Direct rewards are more advantageous than indirect rewards because they increase 
loyalty to the program and the products or services. However, alliances between enterprises can offer 
valuable partner resources and capabilities (Das & Teng, 2000). It can also integrate advantages, such 
as cost reduction, differentiation through value-added services, increased customer trust and loyalty, 
and market expansion (Steinfield, 2004a). Indirect rewards, therefore, complement LPs by allowing 
organizations to deliver value to customers and markets more effectively.

The strength of a LP depends on direct or indirect rewards. It must also focus on the timing 
of rewards. Rothchild and Gaidis (1981) argued that delayed LP rewards result in poor outcomes. 
Providing immediate rewards can change customer behavior. Dowling and Uncles (1997) found that 
immediate rewards improve customer value perception and loyalty. Organizations are adopting online 
and offline omnichannel business models to reach a wider market, requiring innovation in marketing 
offline and online LPs. Recently, the interaction interface between customers and organizations 
changed as LPs shifted from non-digital formats (e.g., paper or plastic cards) to mobile app-based 
systems (Son et al., 2020). Enterprises hope to utilize existing resources through online and offline 
channels to achieve online and offline synergies.

Many organizations have implemented omnichannel sales to allow customers to redeem rewards 
in offline stores or through convenient mobile apps. Offline redemption allows the customer to better 
judge the reliability of a product (or service). It reduces perceived shopping risk, provides a positive 
store environment, and enhances quality of service. These factors are not easily achieved in an online 
environment (Hult et al., 2019). However, customers can seamlessly switch vendors through a cost-
effective online environment. Consumers can calculate and compare points at any time before they 
redeem their rewards. Perceived value and willingness to participate may increase if customers receive 
rewards through different channels (online and offline) and LPs.

Information Transparency
The development of Internet and mobile technologies has reduced information asymmetry between 
marketers and buyers. The market has entered a utopian era of perfect information. The proliferation 
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of Internet-based markets has created a sea of product, price, transaction, and competitor information. 
This, in turn, has increased transparency.

Many studies have addressed the importance of information transparency (Bhaduri & Ha-
Brookshire, 2011; Vandaie & Zaheer, 2015). The concept of transparency stems from finance-related 
research, especially in stock-market regulation and banking policies. Information transparency is, 
however, a newer concept in the field of marketing research (Zhu, 2002). Vishwanath and Kaufmann 
(2001) argued that information transparency should include the following five attributes: (1) 
availability; (2) comprehensiveness; (3) relevance; (4) quality; and (5) reliability. Hofstede (2003) 
pointed out that transparency of information should feature the following six attributes: (1) relevance; 
(2) accuracy; (3) authenticity; (4) quantity; (5) reliability; and (6) timeliness. According to Zhu (2002), 
information transparency is the degree of information visibility and accessibility. Visibility includes 
the adequacy and easy identification of information (greater visibility equals greater transparency). 
Accessibility includes the ease of understanding and increasing transparency. Granados et al. (2008) 
defined transparency as the level at which product and price information is available. Walther (2004) 
argued that information transparency is an attribute of information comprehensibility, an important 
criterion for customer evaluations of a website. Michener and Bersch (2013) argued that information 
transparency refers to the degree to which a company provides information about a product, making it 
easy for customers to find and understand the information. For this study (product-based information), 
the authors refer to visibility and/or accessibility through the elimination or reduction of barriers that 
can impact customers’ ability to make decisions. Here, visibility is the adequacy of the LP information 
content. Accessibility is the ease of understanding the content.

Customers have shared beliefs that increased transparency of information is desirable and 
improved quality of information can enhance customers’ purchasing decisions. The transparency of 
information depends on availability, conditions of accessibility, and method of transparency. These 
factors may support a user’s practical or cognitive decision-making process (Turilli & Floridi, 2009). 
This study argues that information transparency is the degree to which information is comprehensive, 
reliable, visible, and accessible. Customers want a minimum amount of information when they find 
themselves struggling to make a purchase decision (due to doubts about information transparency). 
They do not care about other attributes of the product (Pan et al., 2013). For example, when dealing 
with complex options on a travel website, customers can set a maximum and minimum price to 
filter products, regardless of the other attributes (Pan et al., 2013). Seeking a minimum amount of 
information leads to the failure of the company’s marketing efforts. Thus, it is important to understand 
how information transparency affects customer perception and behavioral intentions.

Customers rely on limited information cues to selectively process messages. Transparency in the 
decision-making process more likely refers to one’s ability to make quick judgments through a short 
cognitive process (Kester et al., 2011). Defining information transparency varies with the research 
perspective, social background, and company environment. No matter the definition, its importance 
is evident. Van Riel et al. (2001) noted that transparency has become an important tool for companies 
to maintain and ensure service quality.

Participation Intention
Customer participation is a key component of LP success. This refers to customer input, including 
effort, time, knowledge, or other resources related to the production and delivery of services. Customer 
participation may affect the company’s efficiency and productivity, service processes, results, customer 
satisfaction, and relationships (Mustak et al., 2016). An organization can use customer participation 
to assess the degree to which the customer believes that the enterprise’s product or service is relevant 
and they are willing to participate. This, in turn, influences service production and delivery.

Stimuli or situations prompt customer participation intention or the customer’s perception of 
the relevance of an object based on needs, interests, values, or external stimuli. Studying the aspects 
of intensity, direction, and continuity impacts the customer information search process and purchase 
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decisions. In the context of customer LPs, participation intention often concerns the customer’s 
belief that the use of a LP relates to their purchases (Söderlund, 2019). Therefore, to better attract 
LP participants, organizations must understand previous purchasing behavior and buying habits to 
develop customized customer LPs. Today, the application of big data facilitates this customization.

Research has investigated how to evaluate customer participation intention in LPs. For example, 
Evanschitzky et al. (2012) adopted the frequency of customer membership card use as an indicator 
of loyalty. Some studies have used customer reward redemption behavior as a loyalty measurement 
(Dorotic et al., 2012). Steinhoff and Palmatier (2016) used whether LPs rewarded them to rate 
customers’ LP participation. Steinhoff and Palmatier (2016) used whether to receive loyalty program 
rewards to rate the degree of customer loyalty program participation. Bruneau et al. (2018) measured 
participation behavior based on loyalty card usage records, redeemed points, earned rewards, shared 
LP information, LP attention, and active searches for LP content. Berman (2006) suggested that 
paying to participate in LPs is more likely to increase sales or profits.

The level of customer participation intention can regulate the perceived value-satisfaction-
loyalty-intent linkage. Customers with high-level participation intention show a high level of interest 
and knowledge of or service experience with LPs. Accordingly, they respond in a positive manner. 
Conversely, customers with low-level participation intention in LPs show little interest and/or may 
be in the process of learning about the program (Winters & Ha, 2012). Customer reactions to LPs 
vary based on their involvement. On the one hand, under conditions of low-level involvement in 
activating peripheral information processing, customers may pay more attention to peripheral routes 
(diversity and richness of information) when evaluating LPs. On the other hand, core routes (clarity 
of the messaging) appeal to those in high-level involvement conditions who support customers’ 
thinking hard about LP advantages.

CLT and ELM
In the past 20 years, deepening research on CLT has shifted its focus from excavating underlying 
psychological mechanisms to interdisciplinary, cross-field applied research. Many studies have 
explored the effects of CLT in the fields of negotiation, advertising, proposal adoption, self-control, 
entrepreneurship, and marketing and customer behavior (Behrens & Ernst, 2014; Chen et al. 2018; 
Henderson et al., 2006; Kim et al., 2019; Septianto et al., 2019; Yi et al., 2017). These studies detail the 
differences in individual behaviors and the impact of mental representations on individual behaviors. 
Interdisciplinary integration provides a new distance perspective on interpreting customer attitudes 
and behaviors. Psychological distance, a universal feature of customers’ psychological states, has a 
meaningful impact on customer judgment and decision making (Dhar & Kim, 2007; Trope et al., 2007).

According to CLT, different mental representations affect individual responses (Liberman et al., 
2002; Nussbaum et al., 2003). A higher degree of psychological representation causes more attention 
to be paid to core characteristics. Individuals tend to function at a highly interpretive level, such as 
“locked doors ensure safety.” Conversely, a lower degree of psychological representation causes 
more attention to be paid to surface features. A lower level example is “insert key into keyhole to 
characterize locking doors” (Liviatan et al., 2008; Trope & Liberman, 2010).

Researchers found that the same principles can apply to temporal distance, spatial distance, social 
distance, and probability (Liberman et al., 2002; Liviatan et al., 2008; Trope et al., 2007; Wakslak 
et a., 2006). In 2007, many scholars proposed the term “psychological distance” to summarize the 
dimensions of CLT from a more abstract and superior concept. They believed that is was a two-way 
relationship between psychological distance and level of interpretation (Bar-Anan et al., 2007). 
Psychological distance affects the mental representation of cognitive objects, changing the level of 
interpretation and impacting an individual’s mental representation and mental distance (Bar-Anan et 
al., 2006; Liberman & Förster, 2009).

The level of customer cognitive elaboration can implement various LP attributes. According to 
the ELM (Petty & Cacioppo, 1986), an individual’s motivation and ability to consider information 
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or its advantages will have a strong ability to persuade. In addition, people process persuasive 
information through central and peripheral routes (Chen & Ku, 2012). The central route is cognitive 
thinking, which forms judgment. The peripheral route is experience-based noncognitive thinking, 
which consists of simple cues (Bhattacherjee & Sanford, 2006; Cacioppo et al., 2018). Central route 
processing is activated when an individual is motivated and can process the information. Individual 
participation is highly elaborated. Conversely, peripheral route processing ensues under the condition 
of low-level elaboration. This allows an individual to judge information and form attitudes from the 
shallow processing of clues or reliance on simple rules. Cognitive elaboration affects how much a 
person thinks about information and, thus, affects the formation of attitudes. For example, product 
information in advertising is abstract (the central route). Advertising models or music are empirical 
and concrete (peripheral routes). Therefore, a high level of elaboration will form when individuals are 
psychologically distant from the object of interpretation. The information is processed through the 
central route. Low-level elaboration forms when individuals are psychologically close to the object. 
Peripheral routes process the information.

HyPOTHESIS

Information Transparency and Participation Intention
With the market environment’s complex, volatile, and fierce competition, the business cycle continues 
to accelerate. Organizations are able to compete on bases like cost, rapid response, and ability to 
meet changing customer needs. Today’s customers are increasingly aware of protecting their rights. 
Whether they buy products online or offline, they demand transparent product information to assess 
if a product brings them value and benefits. According to the theory of reasoned action (TRA), an 
individual’s behavioral intention is a function of their attitude and subjective norms. In addition, 
attitude is a function of behavioral beliefs. An individual who believes that executing an action will 
have a positive outcome is more likely to perform the action. These beliefs may form through direct 
observation, indirect reception of information, and/or self-determination (Bhaduri & Ha-Brookshire, 
2011). Therefore, TRA and customer-perceived value perspectives may help to explain the relationship 
between information transparency and participation intention.

Customers tend to rely on external cues like product attributes to evaluate products and assess the 
potential benefits (Dodds et al., 1991; Zeithaml, 1988). Zhu (2002) pointed out that the transparency 
of information in electronic markets (business-to-business [B2B], business-to-customer [B2C]) makes 
the matching of buyers and sellers more effective and efficient. In this sense, relevant information 
helps customers make more rational decisions. In addition, accessible information impacts the level 
of customer satisfaction in the shopping process (Shankar et al., 2003). Informed customers believe 
they can save cost and time in searching, which makes their decision-making process easier and faster 
(Broekhuizen & Jager, 2004). That is, more transparent information equates to less effort spent by 
customers to find the best product or save time and money.

Disclosed information about a company can improve customer relationships and increase 
corporate attractiveness and customer affection (Laurenceau et al., 1998; Mohan et al., 2022). The 
greater the price of transparency, the greater the customer’s willingness to pay (Miao & Mattila, 
2007). In other words, transparency has a positive impact on purchase intention (Zhou et al., 2018). 
Therefore, this study argues that high transparency of information through LPs equates to adequate 
and understandable content. In turn, customers’ willingness to participate in the LP will increase. 
Thus, we hypothesize:

H1-1: LP information visibility has a positive impact on customer participation intention.
H1-2: LP information accessibility has a positive impact on customer participation intention.
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Moderating Effect of Reward Redemption Merchant Type
Organizations that partner with LPs can influence the popularity of the program (Dekay et al., 
2009). These alliance organizations or brands may offer similar products or services, increasing 
customer satisfaction and cross-buying behaviors (Bolton et al., 2004; Lemon & Wangenheim, 2009). 
Receiving rewards from LP operators or brands (direct reward redemption) compared to alliance 
partner merchants or brands (indirect reward redemption) causes customer elaboration. The reward 
directly relates to the product; the valuation of the reward is quick and objective. Customers prefer 
immediate rewards to delayed rewards (Rothschild & Gaidis, 1981); therefore, they want to receive 
easily evaluated rewards as soon as possible. In the case of direct compensation, an immediate 
evaluation of the reward will be more positive than an evaluation of the delayed reward. On the other 
hand, if the customer receives a reward from a partner, the customer self-elaborates less because the 
reward is less relevant to the product. Rewards that customers receive directly from LP operators 
are evaluated as a product-based bonus. However, rewards received indirectly from partners differ 
because consumers perceive the reward as a separate product (Strahilevitz & Loewenstein, 1998). 
Therefore, customers who choose to redeem rewards from operators or alliance partners will have a 
different perception and evaluation.

From a customer perspective, a high degree of similarity and correlation exists between the reward 
operator’s offers. Thus, when customers redeem rewards from the operators, they provide a higher LP 
rating (Colliander et al., 2016). People are more inclined to use abstract language to describe those 
who do not resemble them; therefore, interpersonal similarity is a manifestation of psychological 
distance (Liviatan et al., 2008). That is to say, the more similar, the closer the psychological distance. 
The less similar, the greater the psychological distance. Redeeming rewards from LP operators creates 
a closer psychological distance for customers. Redeeming rewards from alliance partners creates a 
greater psychological distance.

According to CLT and ELM, a high-level explanation will form and information will be processed 
along the central path when people are psychologically far from the object. Conversely, people who 
are psychologically close to an interpreted object will form a low-level interpretation and process 
information according to the surrounding path. Therefore, when the LP operator redeems the reward, 
the customer pays more attention to the central path. They focus on the surrounding path when 
redeeming the reward from the alliance partner operator.

The degree of information processing is high when customers process information through 
the central route. In addition, the role of information accessibility (the possibility of understanding 
information) will be more significant. Customers who process information through the peripheral 
route have a low degree of information processing. Thus, the role of information visibility (evident 
information) is more significant. The authors propose the following hypotheses:

H2-1: Information visibility more positively impacts customer participation intention when redeeming 
a reward from a LP operator than from an alliance partner.

H2-2: Information accessibility more positively impacts customer participation intention when 
redeeming a reward from an alliance partner than from a LP operator.

Moderating Effect of Reward Redemption Channel Type
According to Wirtz et al. (2019a, 2019b), customer perceptions of LPs vary by program characteristics 
and whether the reward is offered online (delayed reward) or offline (timely reward). Collections of 
information drive decisions on offline and online channels (Shankar et al., 2003). Online channels 
offer access to more information than offline channels. More information allows the customer more 
time to make decisions as they compare the benefits. Therefore, customers who use online channels 
require more awareness and effort than offline channels (Shankar et al., 2003).



Journal of Organizational and End User Computing
Volume 35 • Issue 1

10

Shorter time to make choices and a lack of alternatives reduce the customer’s self-elaboration 
(Carmon & Ariely, 2000). Dhar and Wertenbroch (2000) asserted that different choices impact the 
length of customers’ decision-making process. Customers lose their preference for unrealistic things 
when the selection time is short. Instead, they prefer realistic alternatives. They do not consider 
potential benefits due to the inability to imagine alternatives (Dhar & Wertenbroch, 2000). Consumers 
often visit a brick-and-mortar store to obtain timely rewards when redeeming through offline channels. 
Online reward redemption requires that customers submit their reward choice and wait for the reward.

Regarding reward timing, instant rewards (offline) shorten the time customers spend investigating 
and engaging with rewards. They consider the actual rather than potential benefits (S. M. Lee et al., 
2019). Therefore, if customers have less voluntary elaboration, they will value and prefer the direct 
reward (offline) compared to the indirect (online rewards). From the perspective of temporal distance, 
an immediate reward is “closer” and a delayed reward is “far away.” That is, customers experience 
offline channel reward redemption as a closer psychological distance. The online channel reward 
redemption is a greater psychological distance.

According to CLT and ELM, when customers perceive the psychological distance of the 
explanatory object to be far, they will form a high explanatory level and process the information 
according to central routes. Conversely, when people perceive the object of interpretation as closer, 
they will develop a low-level interpretation and process information along peripheral routes (Trope 
& Liberman, 2010). The authors believe that customers pay more attention to the central path when 
they redeem rewards through online channels. When redeeming rewards through offline channels, 
customers pay more attention to the surrounding paths. That is, when customers process information 
by the central routes, the degree of information refinement is higher and the role of information 
accessibility (the possibility of understanding information) is more significant. When customers 
process information through the peripheral routes, the degree of information refinement is lower and 
the role of information visibility (how much information the customer can see) is more significant. 
Therefore, the authors propose the following hypotheses:

H3-1: Offline channel reward redemption entails information visibility that more positively impacts 
customers’ willingness to participate in LPs than online channel reward redemption.

H3-2: Online channel reward redemption entails information accessibility that more positively impacts 
customers’ willingness to participate in LPs than offline channel reward redemption.

Synergy Effect of Reward Redemption Channels
The multiple psychological distance effect refers to the interaction of temporal distance and 
social distance (Petty et al., 1983). For example, in the case of a future with a long temporal 
distance and a closer social distance or one with a closer temporal distance and a longer social 
distance, the two psychological distances work at the same time (interact), leading to high- or 
low-level explanations (Andrews & Shimp, 1990). The proximity of both psychological distances 
prompts a low level of interpretation (realistic, concrete). Conversely, when the two psychological 
distances of interaction are long, a high level of interpretation (conceptual, abstract) affects 
customer evaluations (Kim et al., 2008).

Therefore, the interaction of redeeming rewards through offline channels (near mental distance) 
and LP operators (near mental distance) results in a low level of interpretation. That is, customers 
will use low-level interpretation to process LP-related information. However, the interaction 
between offline channel redemption (close psychological distance) and alliance redemption (long 
psychological distance), online channel redemption (long psychological distance) and LP operator 
redemption (close psychological distance), or online channel redemption (long psychological distance) 
and alliance partner redemption (long psychological distance) will form a high-level explanation. 
Whether customers redeem rewards from an offline alliance partner, an online LP operator, or an 
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online alliance partner, they process the provided LP information with a high level of interpretation. 
Kim and Park (2019) found no difference in product evaluations in the three cases of psychological 
distance interaction (long social distance and long time distance, long social distance and close time 
distance, or near social distance and long time distance).

Accordingly, the authors suggest that when customers’ perception of the object of interpretation 
is far away, a high level of interpretation will form. The information processing will follow the central 
path, with a high degree of finely processing information. Thus, the role of information accessibility 
(the possibility of understanding information) will be more significant. When perception of the 
object of interpretation is close, a low level of interpretation will form. The information processing 
will take the surrounding path, with a low degree of finely processing information. Thus, the role 
of information visibility (the amount of information evident) will be more significant. The authors 
propose the following hypotheses:

H4-1-1: When a customer chooses to redeem a reward through an offline LP operator, information 
visibility will have a more positive impact on the customer’s willingness to participate in the 
LP than if the choice were to redeem the reward through an offline alliance partner channel.

H4-1-2: When a customer chooses to redeem a reward through an offline LP operator, information 
visibility will have a more positive impact on the customer’s willingness to participate in the LP 
than if the choice were to redeem the reward through an online LP operator channel.

H4-1-3: When a customer chooses to redeem a reward through an offline LP operator, information 
visibility will have a more positive impact on the customer’s willingness to participate in the LP 
than if the choice were to redeem the reward through an online alliance partner channel.

H4-2: The positive impact of information visibility on the customer’s willingness to participate in the 
LP does not differ whether they choose to redeem a reward through an offline alliance partner, 
an online LP operator, or an online alliance partner channel.

H4-3-1: When a customer chooses to redeem a reward through an offline LP operator, information 
accessibility will have a less positive impact on the customer’s willingness to participate in the 
LP than if the choice were to redeem a reward through an offline alliance partner channel.

H4-3-2: When a customer chooses to redeem a reward through an offline LP operator, information 
accessibility will have a less positive impact on the customer’s willingness to participate in the 
LP than if the choice were to redeem a reward through an online LP operator channel.

H4-3-3: When a customer chooses to redeem a reward through an offline channel LP operator, 
information accessibility will have a less positive impact on the customer’s willingness to 
participate in the LP than if the choice were to redeem a reward through an online alliance 
partner channel.

H4-4: The positive impact of information accessibility on a customer’s willingness to participate 
in the LP will not differ whether they choose to redeem the reward through an offline alliance 
partner, an online LP operator, or an online alliance partner channel.

METHOd

Experiment design
The current study used the FamilyMart LP operator. The stimuli for this experiment were merchant 
types (i.e., FamilyMart, operator, and alliance partner [Wanda Cinema]) and reward redemption 
channel types. The offline FamilyMart store and online FamilyMart app served as the respective 
offline and online operator channels. The offline Wanda Cinema and online Wanda Cinema app 
served as the respective offline and online channels of the alliance partner. The study adopted the 
between-group experimental design, using 2x2 experimental conditions. These were the reward 
redemption merchant types (operator vs. alliance partner) × reward redemption channel types 
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(online vs. offline). The authors randomly and evenly assigned participants to the four groups. 
They designed four FamilyMart LP leaflets to serve the research purpose, showing only one to 
the participants in each group (see Appendix). The authors asked each group to read and think 
about the membership instructions for joining. They distributed the questionnaire and collected 
questionnaires upon completion. See Figure 1.

Questionnaire design
The authors placed the described experimental stimuli on the front page of the questionnaire. The 
content of the questionnaire covered the participant’s demographic characteristics and questions 
relating to information transparency and participation intention. A study by Miao and Mattila (2007) 
was used as the source of the information transparency measurement. The relevant measurement items 
were modified to support the study. The authors also adopted three items that Sharma and Verma 
(2014) used for measuring participation intention. All scales used a seven-point Likert scale, with 
choices ranging from “completely disagree” (1 point) to “strongly agree” (7 points). The authors 
explained the precautions for filling out the questionnaire before participants started the survey. It 
took six minutes to complete the questionnaire. The 70 participants (college students in Hangzhou, 
China) were randomly arranged in the experiment groups. Only nine of the collected questionnaires 
were invalid. A total of 271 questionnaires (113 males [41.7%] and 158 females [58.3%]) were used for 
analysis. Participants between the age of 19 and 22 years accounted for most of the analysis (82.6%). 
The authors analyzed the data with SPSS25.0 and AMOS 24.0 statistical software.

RESULT

EFA Analysis
To extract the factors, the authors carried out an exploratory factor analysis (EFA) by the maximum 
imitation method and direct oblimin rotation method. The analysis results appear in Table 1, with a 
Kaiser Meyer Olkin (KMO) result of 0.864 and p < 0.000 from the Bartlett sphericity test. Among 
them, the index with a factor loading value of less than 0.5 was judged to have low reliability. Therefore, 
except for indicator 1 of information accessibility with a load value below 0.50, the remaining eight 
measurement indicators were used for analysis.

Figure 1. Conceptual research model
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Reliability and Validity Analysis
The study used conorganizationatory factor analysis (CFA) to further test the reliability and validity 
of the variables. The results appear in Table 2, where χ2/DF = 1.450 indicates the model’s acceptable 
goodness of fit (Hu & Bentler, 1999). The fitting index criteria often used in structural equation 
models are GFI ≥ 0.9, AGFI ≥ 0.85 (Hong, 2000).

In addition, when the number of samples is greater than 250 and the observed variables are 
fewer than 12, the criteria for judging the fitting index are TLI ≥ 0.95, CFI ≥ 0.97, RMSEA ≤ 0.07 
(Hair, 2009). In Table 2, GFI = 0.977, AGFI = 0.952, TLI = 0.989, CFI = 0.993, RMSEA = 0.041, 
indicating that the research model meets the fitting criteria. The loading values in Table 2 are all 
greater than 0.60 and the p-value is less than 0.000 (Hair et al., 2006). All measurement items have 
CR values greater than 0.6 and AVE values greater than 0.5 (Bagozzi & Yi, 1988). Cronbach’s α 
≥ 0.70 (Nunnally, 1994). Therefore, all measurement items have good convergence validity and 
reliability. Table 3 shows that the correlation coefficients between variables are all smaller than the 

Table 1. Results of EFA

Observed Variables Factor 1 Factor2 Factor3

information visibility1 .795 -.055 -.116

information visibility2 .966 -.020 .041

information visibility3 .675 .130 -.005

information accessibility2 -.051 -.023 -.928

information accessibility3 .073 .096 -.704

participation intention 1 -.072 .701 -.156

participation intention 2 .078 .796 .020

participation intention 3 .013 .834 .061

explanatory power of cumulative variance (%) 53.828 67.773 77.198

Table 2. Results of confirmatory factor analysis

Latent Variable Measurement items Loading 
Value AVE CR Cronbach’s 

α

Information 
visibility

Reward content is sufficient. 0.844

0.598 0.816 0.868Reward content is appropriate. 0.922

There are many types of reward content. 0.745

Information 
accessibility

Reward content is easy to value judgement. 0.808
0.570 0.726 0.830Reward content can be easily compared with other 

suppliers. 0.877

Participation 
intention

Do you intend to enroll in a reward program?

Unlikely - Likely 0.763

0.524 0.767 0.836Improbable - Probable 0.831

Impossible - Possible 0.786

a. *** p < 0.001
b. Goodness of fit: χ2 = 24.652, df = 17, p = 0.103, χ2/df = 1.450, GFI = 0.977, AGFI = 0.952, TLI = 0.989, CFI = 0.993, RMSEA = 0.041
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AVE values. The AVE values of all variables are greater than the squared correlation coefficients 
between variables. Thus, differences between the variables have good distinction validity.

Results of Hypotheses Test
Results of Path Analysis
Table 4 shows the verification results of the impact of information transparency on customer 
involvement intention. The fit of the structural equation model in this study is as follows: χ2 = 24.652, 
DF = 17, χ2/df = 1.450, GFI = 0.977, AGFI = 0.952, TLI = 0.989, CFI = 0.993, RMSEA = 0.041; 
therefore, the fit of the structural model meets acceptable standards.

The results show that information visibility had a positive impact on customers’ willingness to 
participate in LPs. The path coefficient was 0.216 (t = 2.521, p = 0.012). Information accessibility 
had a positive impact on customer participation intention. It path coefficient is 0.489 (t = 5.153, p = 
0.000). That is, both information visibility and information accessibility had a positive (+) impact on 
customer willingness to participate in the LP. Accordingly, H1-1 and H1-2 were accepted.

Results of the Moderating Effect of Reward Redemption Channel
Table 5 shows the results of the reward redemption merchant type moderating the impact of information 
transparency on customers’ willingness to participate in LPs. When a customer chooses to redeem 
a reward from the LP operator, the path coefficient of information visibility to their willingness to 
participate is 0.449. This is greater than if they choose to redeem the reward from the alliance partner, 
with the path coefficient of 0.095. The difference between path coefficients validation results shows 
that z-value = -1.973 (p = 0.048). Thus, H2-1 was accepted.

When customers choose to redeem rewards from LP operators, the path coefficient of information 
accessibility to customers’ willingness to participate is 0.306. This is less than when they choose to 
redeem rewards from alliance partners, with the path coefficient of 0.561. However, the difference 
between the path coefficients verified that z-value = 1.296 (p = 0.195). This was not significantly 
different; therefore, H2-2 was rejected. Table 6 shows the moderating effect of reward redemption 
channel types on the influence of information transparency on customers’ willingness to participate 

Table 3. Correlation analysis between variables

Latent Variable AVE
The square value of the correlation coefficient between variables

Information visibility Information 
accessibility Participation intention

Information visibility 0.598 1.000

Information accessibility 0.570 0.424 1.000

Participation intention 0.524 0.285 0.396 1.000

Table 4. Results of path analysis

Path Standardize 
coefficient

Unstandardized 
coefficient

Standard 
deviation t-value p-value

IV → PI 0.216 0.188 0.075 2.521* 0.012

IA →PI 0.489 0.380 0.074 5.153*** 0.000

a. *p < 0.05, ** p < 0.01, *** p < 0.001
b. IV (information visibility), IA (information accessibility), PI (participation intention)
c. Goodness of fit: χ2 = 24.652, df = 17, p = 0.103, χ2/df = 1.450, GFI = 0.977, AGFI = 0.952, TLI = 0.989, CFI = 0.993, RMSEA = 0.041
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in LPs. When customers choose to redeem rewards from offline channels, the path coefficient of 
information visibility on customers’ willingness to participate is 0.302. This is greater than when they 
redeem rewards from online channels, with the path coefficient of 0.094. However, the verification 
results of the difference between the path coefficients showed that the z-value = -1.054 (p = 0.292), 
with no significant difference. Therefore, H3-1 was rejected.

When customers choose to redeem rewards from offline channels, the path coefficient of the 
influence of information accessibility on customers’ willingness to participate is 0.285. This is less 
than 0.678 (when redeeming rewards from online channels). The verification results of the difference 
between the path coefficients show that the z-value = 2.592 (p = 0.010). This is a significant difference. 
Hence, H3-2 was accepted.

Results of Multiple Psychological Distance Effects
Table 7 provides the test results of multiple psychological distance effects. When the customer 
chooses to redeem their reward from the offline operator, the path coefficient of information visibility 
to the customer’s willingness to participate is 0.705. The path coefficient is 0.062 when redeeming 
their reward from the offline partner. When redeeming the reward from the online operator, the path 
coefficient is 0.193. When redeeming the reward from the online partner, the path coefficient is -0.013.

When customers redeem rewards from the offline operator, the path coefficient of information 
visibility on customers’ willingness to participate is greater than the path coefficient when they 
choose to redeem rewards from the offline partner. Moreover, the verification results of the difference 
between the path coefficients showed that z = -2.468 (p = 0.013), which was statistically significant. 
Hence, H4-1-1 was accepted.

Table 5. Moderating effect of reward redemption merchant types

Path Merchant types Standardize 
coefficient

Unstandardized 
coefficient

Standard 
deviation t-value p-value

Pairwise Parameter 
Comparison

z-value p-value

IV → PI
Operator (n = 136) 0.449 0.391 0.128 3.052** 0.002

-1.973* 0.048
Partner (n = 135) 0.095 0.082 0.09 0.914 0.361

IA → PI
Operator (n = 136) 0.306 0.236 0.115 2.06* 0.039

1.296 0.195
Partner (n = 135) 0.561 0.427 0.092 4.616*** 0.000

a. *p < 0.05, **p < 0.01, ***p < 0.001
b. IV (information visibility), IA (information accessibility), PI (participation intention)
c. Goodness of fit: χ2 = 38.661, df = 34, p = 0.267, χ2/df = 1.137, GFI = 0.966, AGFI = 0.927, TLI = 0.993, CFI = 0.996, RMSEA = 0.023

Table 6. Moderating effect of reward redemption channel types

Path Channel types Standardize 
coefficient

Unstandardized 
coefficient

Standard 
deviation t-value p-value

Pairwise Parameter 
Comparison

z-value p-value

IV → PI
Offline (n = 132) 0.302 0.240 0.100 2.394* 0.017

-1.054 0.292
Online (n = 139) 0.094 0.084 0.109 0.775 0.439

IA → PI
Offline (n = 132) 0.285 0.195 0.091 2.147** 0.002

2.592** 0.010
Online (n = 139) 0.678 0.577 0.116 4.967*** 0.000

a. *p < 0.05, **p < 0.01, ***p < 0.001
b. IV (information visibility), IA (information accessibility), PI (participation intention)
c. Goodness of fit: χ2 = 43.290, df = 34, p = 0.132, χ2/df = 1.273, GFI = 0.963, AGFI = 0.922, TLI = 0.987, CFI = 0.992, RMSEA = 0.032
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When customers redeem rewards from the offline operator, the path coefficient of information 
visibility on customer’s willingness to participate is greater than the path coefficient when they 
choose to redeem rewards from the online operator. However, the verification results of the difference 
between the path coefficients showed that z = -1.737 (p = 0.082). There was no statistically significant 
difference. Therefore, H4-1-2 was rejected.

When customers redeem rewards from the offline operator, the path coefficient of the impact 
of information visibility on customers’ willingness to participate is greater than the path coefficient 
when they choose to redeem rewards from an online partner. Moreover, the verification results of 
the difference between the path coefficients show that z = -2.758 (p = 0.006), which is statistically 
significant. Hence, H4-1-3 was accepted.

When customers redeem rewards from offline partners and redeem rewards from online operators, 
the difference in the path coefficient of the influence of information visibility on customer participation 
intention shows that z = 0.744 (p = 0.456). There is no statistically significant difference. When customers 
redeem rewards from offline partners or online partners, the verification results of the path coefficient 
difference in the impact of information visibility on customers’ willingness to participate show that 
z = -0.306 (p = 0.759). There is no statistically significant difference. Also, when customers redeem 
rewards from an online partner or an online operator, the verification results of the path coefficient 
difference in the impact of information visibility on customers’ willingness to participate show that z 
= -1.053 (p = 0.292). This is not statistically significant. Based on these results, H4-2 was established.

When customers redeem the reward from the offline operator, the path coefficient of information 
accessibility to the customers’ willingness to participate is -0.156 (0.590 when redeeming the reward 
from the offline partner, 0.657 when redeeming the reward from the online operator, and 0.715 when 
redeeming the reward from the online partner). The path coefficient when the customer redeems the 
reward from the offline operator is lower than the path coefficient when redeeming the reward from 
the offline partner. Moreover, the verification results of the difference between the path coefficients 
showed that z = 2.807 (p = 0.005), which was statistically significant. Hence, H4-3-1 was accepted.

The path coefficient when the customer redeems the reward from the offline operator is lower 
than the path coefficient when redeeming the reward from the online operator. The verification 
results of the difference between the path coefficients showed that z = 3.706 (p = 0.000), which was 
statistically significant. Hence, H4-3-2 was accepted.

Table 7. Results of the interaction of reward redemption channels

Path Standardize 
coefficient

Unstandardized 
coefficient

Standard 
deviation t-value Moderator 

variables

Pairwise parameter comparison

Offline x 
operator 
(n=66)

Offline x 
partner 
(n=66)

Online x 
operator 
(n=70)

Online x 
partner 
(n=69)

IV → PI

0.705 0.601 0.157 3.823*** Offline x operator 0 - - -

0.062 0.054 0.155 0.347 Offline x partner -2.468* 
(0.013) 0 - -

0.193 0.216 0.157 1.378 Online x operator -1.737 
(0.082)

0.744 
(0.456) 0 -

-0.013 -0.012 0.154 -0.080 Online x partner -2.758** 
(0.006)

-0.306 
(0.759)

-1.053 
(0.292) 0

IA → PI

-0.156 -0.119 0.141 -0.842 Offline x operator 0 - - -

0.590 0.457 0.145 3.153** Offline x partner 2.807** 
(0.005) 0 - -

0.657 0.655 0.149 4.399*** Online x operator 3.706*** 
(0.000)

1.000 
(0.317) 0 -

0.715 0.606 0.147 4.135*** Online x partner 3.498*** 
(0.000)

0.758 
(0.448)

-0.250 
(0.802) 0
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The path coefficient when the customer redeems the reward from an offline operator is lower than 
the path coefficient when redeeming the reward from an online partner. Moreover, the verification 
results of the difference between the path coefficients showed that z-value = 3.498 (p = 0.000), which 
is statistically significant. Hence, H4-3-3 was accepted.

However, the verification results of the path coefficient difference between customers who 
redeem rewards from the offline partner and online operator showed that z = 1.000 (p = 0.317). This 
means there is no statistically significant difference. The verification results of the path coefficient 
difference between redeeming rewards from the offline partner and online partner showed that z = 
0.758 (p = 0.448), which is not a statistically significant difference. The verification results of the 
path coefficient difference between the reward redemption from the online partner and online operator 
showed that z = -0.250 (p = 0.802). There was no statistically significant difference. Based on these 
results, H4-4 was accepted.

dISCUSSION ANd CONTRIBUTIONS

Research Conclusions and discussion
Customers have benefited from the rapid development of the Internet and mobile technology. These 
tools facilitate users’ search for product information and improves the quality of online purchasing 
decisions (Pavlou, 2003; Pavlou et al., 2007). However, there is evidence that a lack of information can 
have a deterrent effect on customers’ purchasing decisions. The information provided by organizations 
does not always meet customers’ information needs. Information may not available. In some cases, 
organizations do not provide the information, resulting in a lack of transparency.

This study investigated the influence of LP information transparency on customer participation 
intention by experimental design. From the perspective of CLT and ELM, the authors analyzed 
whether the channel of customer choice to redeem rewards can regulate the relationship between 
information transparency and customer participation intention in the context of customer psychology. 
The hypothesis test results appear in Table 8. The results show that LP information visibility and 

Table 8. Hypothesis test results

Hypothesis Path Moderator variable Results

H1-1 IV → PI
-

Accepted

H1-2 IA → PI Accepted

H2-1 IV → PI
Merchant types (operator, alliance partner)

Accepted

H2-2 IA → PI Rejected

H3-1 IV → PI
Channel types (online, offline)

Rejected

H3-2 IA → PI Accepted

H4-1-1 IV → PI Offline x operator, offline x partner Accepted

H4-1-2 IV → PI Offline x operator, online x operator Rejected

H4-1-3 IV → PI Offline x operator, online x partner Accepted

H4-2 IV → PI Offline x partner, online x operator, online x partner Accepted

H4-3-1 IA → PI Offline x operator, offline x partner Accepted

H4-3-2 IA → PI Offline x operator, online x operator Accepted

H4-3-3 IA → PI Offline x operator, online x partner Accepted

H4-4 IA → PI Offline x partner, online x operator, online x partner Accepted

IV (information visibility), IA (information accessibility), PI (participation intention)
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accessibility positively impact customer participation intention (H1-1, H1-2). That is, if customers 
can easily obtain LP information, they can understand and evaluate the value of the LP. The more 
transparent the information (e.g., membership rules, points rules, point-redemption rules, personal 
privacy, and security policies), the more willing the customers are to join and participate in the LP.

Products are experience- and service-oriented. Therefore, market research should investigate 
how information transparency influences purchasing decisions (Grant et al., 2007). Customers tend 
to make purchasing decisions after evaluating monetary and non-monetary benefits, basing the 
source of the evaluation on the product information supplied by the company (Dianati Deilami et al., 
2018). Manganari et al. (2011) pointed out that online customers rely on digital information before 
making their purchase decision. Information transparency has become a very important criterion in 
this type of purchase. Websites should provide external stimuli like product images, descriptions of 
amenities, and customer reviews. These factors could have a significant impact on online customers’ 
perception and purchase intention (Manganari et al., 2011). Similarly, Zhou et al. (2018) conducted 
in-depth research to understand how information transparency affects customers’ perceived benefits 
in B2C transactions. This, in turn, impacts customers’ final purchase decisions. Their study pointed 
out that greater perceived information transparency equates to stronger customer willingness to buy. 
In other words, the more transparent the information, the more customers will react positively to 
organizations’ marketing.

When a customer redeems a reward from an LP program operator, information visibility has a 
more positive impact on customer participation intention than redemption from an alliance partner (H2-
1). When customers choose to redeem rewards from LP operators or brands, they believe they know 
more about the products or services the operator provides than when the alliance partner provides the 
products or services. Customers perceive frequent similarities and correlations between the rewards 
that operators provide. There was no significant difference in the effect of information accessibility on 
customers’ willingness to participate in the LP when they redeem rewards from operators or alliance 
partners (H2-2). This may be because the participants are familiar with and understand the content 
of the reward information given by the experimental stimulus. As a result, they do not need to invest 
high levels of information cognition and effort. Information accessibility has no significant impact 
when customers choose the type of merchants to redeem their rewards.

Similarly, when customers choose to redeem their rewards online or offline, there is no significant 
difference in the impact of information visibility on their willingness to participate in the LP (H3-1). 
Customers must compare the products and services to redeem or purchase when deciding to redeem 
their rewards. Therefore, they need to make a greater effort to search, collect, and compare information 
by exploring and consider the clues behind it. Customers will process the information through a central 
route, resulting in a high degree of information processing. In this case, the accessibility of information 
is more conducive to information processing. Information visibility has a relatively low impact on 
information processing, resulting in no influence. When customers redeem rewards online or offline, 
the influence of information visibility has no significant moderating effect. When customers redeem 
rewards from online channels, the positive impact of information accessibility on their willingness to 
participate in LPs is greater than that for offline channel reward redemption (H3-2). Zhu (2002) indicated 
that information transparency in electronic markets, such as B2B and B2C electronic marketplaces, 
enables more efficient buyer-seller matchmaking. Customers benefit from information transparency 
information, spending less effort to find the most time- or money-saving products and speeding up their 
decision-making process. Therefore, when customers redeem rewards online, they can search, collect, 
and compare information related to LP operators online. The easier it is to understand, compare, and 
calculate the information provided by LP operators, the stronger customer willingness to join the LP.

The current analysis found that information visibility has a more positive impact on the customer’s 
willingness to participate in the LP when a customer redeems a reward through an offline LP operator than 
an offline alliance partner channel (H4-1-1). From the perspective of customer psychological distance, 
customers tend to think that the products or services offered by the LP operators are like (or consistent with) 
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their purchasing habits. Therefore, the richness and diversity of information about LP reward content (e.g., 
images and lists) are more likely to attract and motivate customers to join the LP. However, no significant 
difference appeared between rewards redemption from offline operators and online operators (H4-1-2).

In the experimental design, the LP operator is the FamilyMart store. The brand effect may enhance 
the customer’s choice to redeem the reward from the operator. In other words, if the customer redeems 
the reward from the operator, whether through online (long psychological distance) or offline (close 
psychological distance) channels, there is no role for information visibility as an experience clue.

The authors observed no significant difference in the impact of information visibility on 
customers’ willingness to engage with offline or online operators when redeeming rewards. However, 
the impact of information visibility on customers’ willingness to participate is significantly greater 
when customers redeem rewards from offline operators than online affiliates (4-1-3). This proves that if 
customers perceive a close psychological distance, peripheral routes will affect their decision making. 
Enterprises should, therefore, pay more attention to the richness and diversity of information content.

Also, the authors found that the positive impact of information transparency on customers’ 
willingness to participate in LPs does not differ whether the customer redeems a reward through an 
offline alliance partner, online LP operator, or online alliance partner channel (H4-2, H4-4). This 
shows that the synergy effect between merchant type and channel type when customers choose to 
redeem rewards is not obvious. That may be because, in the context of the omnichannel market, 
companies actively promote online and offline homogenization and consistency.

Long psychological distance influences customers to pay more attention to the central path clues when 
processing information. When customers choose to redeem rewards from offline affiliates, online operators, 
and online affiliates, they care more about whether they can easily obtain LP information or calculate and 
compare benefits and losses. This is consistent with the study’s test results (H4-3-1, H4-3-2, H4-3-3).

Theoretical and Practical Contributions
By reviewing a large amount of literature, the authors found that most of the research on customer 
LPs occurs at the enterprise level and customer level (with the relationship between enterprises and 
customers). It is also relative to the service interaction between enterprises and customers. These 
studies focus on measures to improve customer LPs. However, few studies specifically discuss and 
analyze the information-design aspects of customer LPs.

The current study addresses the impact of information visibility and accessibility on customers’ 
willingness to participate in LPs. In the context of redeeming rewards, the study discusses whether the 
merchant type and channel type can regulate the relationship between information transparency and 
customers’ willingness to participate. This also supplements the relevant literature of previous LPs. 
Most of the existing literature on information transparency research studies stock market supervision 
and banking policy, accounting, and auditing in the financial field. In some cases, companies provide 
various types of information broadly or in limited portions to markets, value chains, or competitors. 
Scholars who study information transparency tend to focus on the inventory transparency of 
competitors that leads to the formulation and adjustment of dynamic pricing strategies (Dewan et al., 
2007). They also look at the effect of cost transparency on organization pricing, organization profits, 
customer surplus and purchasing time, and new product innovation (Jiang et al., 2021). Information 
transparency can increase the multi-homing behavior of complementors and customers because 
competitors’ platforms can use this information to selectively mine high-performance complementarity. 
Customers are encouraged to adopt their own platforms (Li & Zhu, 2021). Online retailers disclose 
product availability to influence customer decision making as a form of pressure selling, to force 
customers to rush to buy. Low product-availability disclosure drives company sales and profitability 
(Calvo et al., 2020), and some scholars also focus on the ethical issue of information transparency 
(Turilli & Floridi, 2009). In marketing, exploring the research of information transparency as a source 
of enterprise competitive advantage has great potential. This helps to expand and enrich the research 
on information transparency in marketing as well as in this research scenario.
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The authors also analyze and explain the influence mechanism between information transparency, 
merchant types and channel types, and customer participation intention from the perspective of CLT 
and ELM. This deepens the internal mechanism of information visibility and accessibility on customer 
participation intention when customers decide to participate in LPs. It also enriches the theoretical 
system of customer LP research.

This study aimed to provide practical guidance on how organizations should engage customers 
to increase their willingness to participate in LPs through increased transparency. First, companies 
that design LPs must develop diverse, rich reward content that makes customers feel they are getting 
value for their money. Second, improving legibility and simple information prompts enhances the 
ease of understanding information content. In particular, the influence of information visibility 
is more significant under the conditions of close psychological distance, such as customers who 
redeem rewards in offline physical stores from operators and online operators. Under the condition 
of psychological distance, individuals will rely more on heuristics for decision making. In addition, 
under the condition of close psychological distance, customers’ tendency to avoid cognitive efforts 
requires balancing the problem of information overload in designing information visibility with the 
effective use of more pictures and text to explain or present.

When customers redeem rewards from online LP channels or alliance partners (online or offline), 
their perceived psychological distance is greater. The impact of information accessibility on their 
willingness to participate in LPs is more significant. That is, in these scenarios, customers will 
put more effort into identifying and recognizing the information and benefits provided by the LPs. 
Therefore, when designing LP reward content under the condition of long psychological distance, 
enterprises can understand the real needs of customers sufficient market research. They should also 
use the products in which customers are interested to increase the effectiveness of the rewards.

Limitation and Suggestions for Future Research
This study examines the intrinsic psychological mechanisms of information transparency, merchant 
type, and channel type on customers’ willingness to participate in LPs. It is studies from the perspective 
of CLT and ELM. The authors verified the hypotheses by designing experiments and obtaining 
desirable results. However, the research has some shortcomings. The authors hope that scholars will 
continue to supplement and improve research on information transparency and LPs.

First, this study targeted college students as experimental subjects. The sample is, however, 
relatively narrow. Controlling factors like gender, product price, and customer shopping experience 
may have been ignored. Future studies should, therefore, consider such factors. They should also 
vary the sample size to improve the experimental data. External factors may not have been controlled 
during the experiment due to experimental site limitations. This, in turn, could impact the data.

Second, the current study’s experimental design used stimuli that was limited to convenience 
stores. This did not reflect the situation in other types of retail enterprises.

Third, although the authors selected the most representative stimulus category, it is relatively 
singular. Selecting a variety of categories could better verify the hypotheses. In addition, reward 
products comprise practical rewards and hedonistic rewards, tangible rewards and intangible rewards, 
and cash and non-cash rewards. These require more in-depth explorations.

Fourth, in addition to the moderating effect of reward channels and reward types, future research 
should obtain more theoretical and management enlightenment. It should include organization size, 
product characteristics, and customer characteristics as moderating variables.

Finally, future research should explore customer responses to information transparency related 
to the role of price fairness and price sensitivity.

ACKNOwLEdGMENT

This research was supported by the doctoral research project of Yan’an University (YAU202303999).



Journal of Organizational and End User Computing
Volume 35 • Issue 1

21

REFERENCES

Alshurideh, M., Gasaymeh, A., Ahmed, G., Alzoubi, H., & Kurd, B. (2020). Loyalty program effectiveness: 
Theoretical reviews and practical proofs. Uncertain Supply Chain Management, 8(3), 599–612. doi:10.5267/j.
uscm.2020.2.003

Alshurideh, M. T. (2017). A theoretical perspective of contract and contractual customer-supplier relationship 
in the mobile phone service sector. International Journal of Business and Management, 12(7), 201–210. 
doi:10.5539/ijbm.v12n7p201

Andrews, J. C., & Shimp, T. A. (1990). Effects of involvement, argument strength, and source characteristics 
on central and peripheral processing of advertising. Psychology and Marketing, 7(3), 195–214. doi:10.1002/
mar.4220070305

Arbore, A., & Estes, Z. (2013). Loyalty program structure and customers’ perceptions of status: Feeling special in a 
grocery store? Journal of Retailing and Customer Services, 20(5), 439–444. doi:10.1016/j.jretconser.2013.03.002

Bagchi, R., & Li, X. (2011). Illusionary progress in loyalty programs: Magnitudes, reward distances, and step-
size ambiguity. Journal of Customer Research, 37(5), 888–901. doi:10.1086/656392

Bagozzi, R. P., & Yi, Y. (1988). On the evaluation of structural equation models. Journal of the Academy of 
Marketing Science, 16(1), 74–94. doi:10.1007/BF02723327

Bar-Anan, Y., Liberman, N., & Trope, Y. (2006). The association between psychological distance and construal 
level: Evidence from an implicit association test. Journal of Experimental Psychology. General, 135(4), 609–622. 
doi:10.1037/0096-3445.135.4.609 PMID:17087576

Bar-Anan, Y., Liberman, N., Trope, Y., & Algom, D. (2007). Automatic processing of psychological distance: 
Evidence from a Stroop task. Journal of Experimental Psychology. General, 136(4), 610–622. doi:10.1037/0096-
3445.136.4.610 PMID:17999574

Behrens, J., & Ernst, H. (2014). What keeps managers away from a losing course of action? Go/stop decisions in 
new product development. Journal of Product Innovation Management, 31(2), 361–374. doi:10.1111/jpim.12100

Berman, B. (2006). Developing an effective customer loyalty program. California Management Review, 49(1), 
123–148. doi:10.2307/41166374

Bhaduri, G., & Ha-Brookshire, J. E. (2011). Do transparent business practices pay? Exploration of 
transparency and customer purchase intention. Clothing & Textiles Research Journal, 29(2), 135–149. 
doi:10.1177/0887302X11407910

Bhattacherjee, A., & Sanford, C. (2006). Influence processes for information technology acceptance: An 
elaboration likelihood model. Management Information Systems Quarterly, 30(4), 805–825. doi:10.2307/25148755

Bijmolt, T. H., Dorotic, M., & Verhoef, P. C. (2010). Loyalty programs: Generalizations on their adoption, 
effectiveness and design. Foundations and Trends in Marketing, 5(4), 197–258. doi:10.1561/1700000026

Bolton, R. N., Kannan, P. K., & Bramlett, M. D. (2000). Implications of loyalty program membership and service 
experiences for customer retention and value. Journal of the Academy of Marketing Science, 28(1), 95–108. 
doi:10.1177/0092070300281009

Bolton, R. N., Lemon, K. N., & Verhoef, P. C. (2004). The theoretical underpinnings of customer asset 
management: A framework and propositions for future research. Journal of the Academy of Marketing Science, 
32(3), 271–292. doi:10.1177/0092070304263341

Bombaij, N. J., & Dekimpe, M. G. (2020). When do loyalty programs work? The moderating role of design, 
retailer-strategy, and country characteristics. International Journal of Research in Marketing, 37(1), 175–195. 
doi:10.1016/j.ijresmar.2019.07.003

Breugelmans, E., Bijmolt, T. H., Zhang, J., Basso, L. J., Dorotic, M., Kopalle, P., Minnema, A., Mijnlieff, W. 
J., & Wünderlich, N. V. (2015). Advancing research on loyalty programs: A future research agenda. Marketing 
Letters, 26(2), 127–139. doi:10.1007/s11002-014-9311-4

Breugelmans, E., & Liu-Thompkins, Y. (2017). The effect of loyalty program expiration policy on customer 
behavior. Marketing Letters, 28(4), 537–550. doi:10.1007/s11002-017-9438-1

http://dx.doi.org/10.5267/j.uscm.2020.2.003
http://dx.doi.org/10.5267/j.uscm.2020.2.003
http://dx.doi.org/10.5539/ijbm.v12n7p201
http://dx.doi.org/10.1002/mar.4220070305
http://dx.doi.org/10.1002/mar.4220070305
http://dx.doi.org/10.1016/j.jretconser.2013.03.002
http://dx.doi.org/10.1086/656392
http://dx.doi.org/10.1007/BF02723327
http://dx.doi.org/10.1037/0096-3445.135.4.609
http://www.ncbi.nlm.nih.gov/pubmed/17087576
http://dx.doi.org/10.1037/0096-3445.136.4.610
http://dx.doi.org/10.1037/0096-3445.136.4.610
http://www.ncbi.nlm.nih.gov/pubmed/17999574
http://dx.doi.org/10.1111/jpim.12100
http://dx.doi.org/10.2307/41166374
http://dx.doi.org/10.1177/0887302X11407910
http://dx.doi.org/10.2307/25148755
http://dx.doi.org/10.1561/1700000026
http://dx.doi.org/10.1177/0092070300281009
http://dx.doi.org/10.1177/0092070304263341
http://dx.doi.org/10.1016/j.ijresmar.2019.07.003
http://dx.doi.org/10.1007/s11002-014-9311-4
http://dx.doi.org/10.1007/s11002-017-9438-1


Journal of Organizational and End User Computing
Volume 35 • Issue 1

22

Broekhuizen, T. L., & Jager, W. (2004). A conceptual model of channel choice: Measuring online and offline 
shopping value perceptions. University of Groningen.

Bruneau, V., Swaen, V., & Zidda, P. (2018). Are loyalty program members really engaged? Measuring customer 
engagement with loyalty programs. Journal of Business Research, 91, 144–158. doi:10.1016/j.jbusres.2018.06.002

Cacioppo, J. T., Cacioppo, S., & Petty, R. E. (2018). The neuroscience of persuasion: A review with an emphasis 
on issues and opportunities. Social Neuroscience, 13(2), 129–172. doi:10.1080/17470919.2016.1273851 
PMID:28005461

Calvo, E., Cui, R., & Wagner, L. (2020). Disclosing product availability in online retail. Manufacturing & Service 
Operations Management, msom.2020.0882. doi:10.1287/msom.2020.0882

Capizzi, M. T., & Ferguson, R. (2005). Loyalty trends for the twenty‐first century. Journal of Customer Marketing. 

Carmon, Z., & Ariely, D. (2000). Focusing on the forgone: How value can appear so different to buyers and 
sellers. Journal of Customer Research, 27(3), 360–370. doi:10.1086/317590

Chang, H. H., Lu, Y.-Y., & Lin, S. C. (2020). An elaboration likelihood model of customer respond action to 
Facebook second-hand marketplace: Impulsiveness as a moderator. Information & Management, 57(2), 103171. 
doi:10.1016/j.im.2019.103171

Chen, C.-D., & Ku, E. (2012). Building member’s relationship quality toward online community from the 
elaboration likelihood model perspective. Academic Press.

Chen, H. S., Mitchell, R. K., Brigham, K. H., Howell, R., & Steinbauer, R. (2018). Perceived psychological 
distance, construal processes, and abstractness of entrepreneurial action. Journal of Business Venturing, 33(3), 
296–314. doi:10.1016/j.jbusvent.2018.01.001

Colliander, J., Söderlund, M., & Szugalski, S. (2016). Multi-level loyalty program rewards and their effects on 
top-tier customers and second-tier customers. Journal of Customer Marketing. 

Danaher, P. J., Sajtos, L., & Danaher, T. S. (2016). Does the reward match the effort for loyalty program members? 
Journal of Retailing and Customer Services, 32, 23–31. doi:10.1016/j.jretconser.2016.05.015

Das, T. K., & Teng, B.-S. (2000). A resource-based theory of strategic alliances. Journal of Management, 26(1), 
31–61. doi:10.1177/014920630002600105

Dekay, F., Toh, R. S., & Raven, P. (2009). Loyalty programs: Airlines outdo hotels. Cornell Hospitality Quarterly, 
50(3), 371–382. doi:10.1177/1938965509338780

Dewan, R. M., Freimer, M. L., & Jiang, Y. (2007). A temporary monopolist: Taking advantage of information 
transparency on the Web. Journal of Management Information Systems, 24(2), 167–194. doi:10.2753/MIS0742-
1222240207

Dhar, R., & Kim, E. Y. (2007). Seeing the forest or the trees: Implications of construal level theory for customer 
choice. Journal of Customer Psychology, 17(2), 96–100. doi:10.1016/S1057-7408(07)70014-1

Dianati Deilami, Z., Balooti, E., & Darvand, R. (2018). Value-driven Internet shopping: The mental accounting 
theory perspective (Case Study: Diji Kala). Management Accounting, 11(39), 49–65.

Dodds, W. B., Monroe, K. B., & Grewal, D. (1991). Effects of price, brand, and store information on buyers’ 
product evaluations. JMR, Journal of Marketing Research, 28(3), 307–319.

Dorotic, M. (2010). The influence of marketing instruments and rewarding on cardholders’ behavior in coalition 
loyalty programs [Thesis].

Dorotic, M., Bijmolt, T. H., & Verhoef, P. C. (2012). Loyalty programmes: Current knowledge and research 
directions. International Journal of Management Reviews, 14(3), 217–237. doi:10.1111/j.1468-2370.2011.00314.x

Dorotic, M., Verhoef, P. C., Fok, D., & Bijmolt, T. H. (2014). Reward redemption effects in a loyalty program 
when customers choose how much and when to redeem. International Journal of Research in Marketing, 31(4), 
339–355. doi:10.1016/j.ijresmar.2014.06.001

Dowling, G. R., & Uncles, M. (1997). Do customer loyalty programs really work? Sloan Management Review, 
38, 71–82.

http://dx.doi.org/10.1016/j.jbusres.2018.06.002
http://dx.doi.org/10.1080/17470919.2016.1273851
http://www.ncbi.nlm.nih.gov/pubmed/28005461
http://dx.doi.org/10.1287/msom.2020.0882
http://dx.doi.org/10.1086/317590
http://dx.doi.org/10.1016/j.im.2019.103171
http://dx.doi.org/10.1016/j.jbusvent.2018.01.001
http://dx.doi.org/10.1016/j.jretconser.2016.05.015
http://dx.doi.org/10.1177/014920630002600105
http://dx.doi.org/10.1177/1938965509338780
http://dx.doi.org/10.2753/MIS0742-1222240207
http://dx.doi.org/10.2753/MIS0742-1222240207
http://dx.doi.org/10.1016/S1057-7408(07)70014-1
http://dx.doi.org/10.1111/j.1468-2370.2011.00314.x
http://dx.doi.org/10.1016/j.ijresmar.2014.06.001


Journal of Organizational and End User Computing
Volume 35 • Issue 1

23

Eggert, A., & Helm, S. (2003). Exploring the impact of relationship transparency on business relationships: 
A cross-sectional study among purchasing managers in Germany. Industrial Marketing Management, 32(2), 
101–108. doi:10.1016/S0019-8501(02)00224-9

Esmark, C. L., Noble, S. M., & Bell, J. E. (2016). Open versus selective customer loyalty programmes. European 
Journal of Marketing, 50(5/6), 770–795. doi:10.1108/EJM-11-2014-0730

Evanschitzky, H., Ramaseshan, B., Woisetschläger, D. M., Richelsen, V., Blut, M., & Backhaus, C. (2012). 
Consequences of customer loyalty to the loyalty program and to the company. Journal of the Academy of 
Marketing Science, 40(5), 625–638. doi:10.1007/s11747-011-0272-3

Ferguson, R., & Hlavinka, K. (2006). Loyalty trends 2006: Three evolutionary trends to transform your loyalty 
strategy. Journal of Customer Marketing. 

Frisou, J., & Yildiz, H. (2011). Customer learning as a determinant of a multi-partner loyalty program’s 
effectiveness: A behaviorist and long-term perspective. Journal of Retailing and Customer Services, 18(1), 
81–91. doi:10.1016/j.jretconser.2010.10.002

Gandomi, A., & Zolfaghari, S. (2011). A stochastic model on the profitability of loyalty programs. Computers 
& Industrial Engineering, 61(3), 482–488. doi:10.1016/j.cie.2011.04.002

Gómez, B. G., Arranz, A. M. G., & Cillán, J. G. (2012). Drivers of customer likelihood to join grocery retail 
loyalty programs. An analysis of reward programs and loyalty cards. Journal of Retailing and Customer Services, 
19(5), 492–500. doi:10.1016/j.jretconser.2012.06.004

Granados, N., Gupta, A., & Kauffman, R. J. (2008). Designing online selling mechanisms: Transparency levels 
and prices. Decision Support Systems, 45(4), 729–745. doi:10.1016/j.dss.2007.12.005

Hair, J. F. (2009). Multivariate data analysis. Academic Press.

Hair, J. F., Black, W. C., Babin, B. J., Anderson, R. E., & Tatham, R. L. (2006). Multivariate data analysis (6th 
ed.). Pearson Prentice Hall.

Haisley, E., & Loewenstein, G. (2011). It’s not what you get but when you get it: The effect of gift sequence on 
deposit balances and customer sentiment in a commercial bank. JMR, Journal of Marketing Research, 48(1), 
103–115. doi:10.1509/jmkr.48.1.103

Halter, M. V., De Arruda, M. C. C., & Halter, R. B. (2009). Transparency to reduce corruption? Journal of 
Business Ethics, 84(3), 373–385. doi:10.1007/s10551-009-0198-6

Henderson, M. D., Fujita, K., Trope, Y., & Liberman, N. (2006). Transcending the” here”: The effect of spatial 
distance on social judgment. Journal of Personality and Social Psychology, 91(5), 845–856. doi:10.1037/0022-
3514.91.5.845 PMID:17059305

Hong, S.-H. (2000). The criteria for selecting appropriate fit indices in structural equation modeling and their 
rationales. Korean Journal of Clinical Psychology, 19(1), 161–177.

Hu, L., & Bentler, P. M. (1999). Cutoff criteria for fit indexes in covariance structure analysis: Conventional 
criteria versus new alternatives. Structural Equation Modeling, 6(1), 1–55. doi:10.1080/10705519909540118

Jiang, B., Sudhir, K., & Zou, T. (2021). Effects of cost‐information transparency on intertemporal price 
discrimination. Production and Operations Management, 30(2), 390–401. doi:10.1111/poms.13270

Kester, L., Griffin, A., Hultink, E. J., & Lauche, K. (2011). Exploring portfolio decision‐making processes. 
Journal of Product Innovation Management, 28(5), 641–661.

Kim, J. J., Steinhoff, L., & Palmatier, R. W. (2021). An emerging theory of loyalty program dynamics. Journal 
of the Academy of Marketing Science, 49(1), 71–95. doi:10.1007/s11747-020-00719-1

Kim, K., Kim, S., Corner, G., & Yoon, S. (2019). Dollar-off or percent-off? Discount framing, construal levels, and 
advertising appeals. Journal of Promotion Management, 25(3), 314–327. doi:10.1080/10496491.2019.1557808

Kim, K., & Park, J. (2019). Cultural influences on brand extension judgments: Opposing effects of thinking 
style and regulatory focus. International Journal of Research in Marketing, 36(1), 137–150. doi:10.1016/j.
ijresmar.2018.09.006

http://dx.doi.org/10.1016/S0019-8501(02)00224-9
http://dx.doi.org/10.1108/EJM-11-2014-0730
http://dx.doi.org/10.1007/s11747-011-0272-3
http://dx.doi.org/10.1016/j.jretconser.2010.10.002
http://dx.doi.org/10.1016/j.cie.2011.04.002
http://dx.doi.org/10.1016/j.jretconser.2012.06.004
http://dx.doi.org/10.1016/j.dss.2007.12.005
http://dx.doi.org/10.1509/jmkr.48.1.103
http://dx.doi.org/10.1007/s10551-009-0198-6
http://dx.doi.org/10.1037/0022-3514.91.5.845
http://dx.doi.org/10.1037/0022-3514.91.5.845
http://www.ncbi.nlm.nih.gov/pubmed/17059305
http://dx.doi.org/10.1080/10705519909540118
http://dx.doi.org/10.1111/poms.13270
http://dx.doi.org/10.1007/s11747-020-00719-1
http://dx.doi.org/10.1080/10496491.2019.1557808
http://dx.doi.org/10.1016/j.ijresmar.2018.09.006
http://dx.doi.org/10.1016/j.ijresmar.2018.09.006


Journal of Organizational and End User Computing
Volume 35 • Issue 1

24

Kim, N. L., Kim, G., & Rothenberg, L. (2020). Is honesty the best policy? Examining the role of price and 
production transparency in fashion marketing. Sustainability, 12(17), 6800. doi:10.3390/su12176800

Kollmann, T., & Hasel, M. (2008). Cross-channel cooperation: On the collaborative integration of online and 
offline business models of e-entrepreneurs and traditional SMEs. International Journal of Entrepreneurship 
and Small Business, 6(2), 212–229. doi:10.1504/IJESB.2008.018629

Laurenceau, J.-P., Barrett, L. F., & Pietromonaco, P. R. (1998). Intimacy as an interpersonal process: The 
importance of self-disclosure, partner disclosure, and perceived partner responsiveness in interpersonal 
exchanges. Journal of Personality and Social Psychology, 74(5), 1238–1251. doi:10.1037/0022-3514.74.5.1238 
PMID:9599440

Lee, S., & Kim, K. (2005). The reward program effect: A strategic framework for acquiring new customers. 
Asia Marketing Journal, 7(2), 123–139.

Lee, S. M., Kim, S. Y., & Kim, D. Y. (2019). Effect of program type and reward timing on customer loyalty: The 
role of the sunk cost effect. Social Behavior and Personality, 47(11), 1–10. doi:10.2224/sbp.8407

Lemon, K. N., & Wangenheim, F. V. (2009). The reinforcing effects of loyalty program partnerships 
and core service usage: A longitudinal analysis. Journal of Service Research, 11(4), 357–370. 
doi:10.1177/1094670508330451

Li, H., & Zhu, F. (2021). Information transparency, multihoming, and platform competition: A natural experiment 
in the daily deals market. Management Science, 67(7), 4384–4407. doi:10.1287/mnsc.2020.3718

Liberman, N., & Förster, J. (2009). Distancing from experienced self: How global-versus-local perception 
affects estimation of psychological distance. Journal of Personality and Social Psychology, 97(2), 203–216. 
doi:10.1037/a0015671 PMID:19634971

Liberman, N., Sagristano, M. D., & Trope, Y. (2002). The effect of temporal distance on level of mental construal. 
Journal of Experimental Social Psychology, 38(6), 523–534. doi:10.1016/S0022-1031(02)00535-8

Liu, Y. (2007). The long-term impact of loyalty programs on customer purchase behavior and loyalty. Journal 
of Marketing, 71(4), 19–35. doi:10.1509/jmkg.71.4.019

Liu, Y., Eisingerich, A. B., Auh, S., Merlo, O., & Chun, H. E. H. (2015). Service organization performance 
transparency: How, when, and why does it pay off? Journal of Service Research, 18(4), 451–467. 
doi:10.1177/1094670515584331

Liviatan, I., Trope, Y., & Liberman, N. (2008). Interpersonal similarity as a social distance dimension: Implications 
for perception of others’ actions. Journal of Experimental Social Osychology, 44(5), 1256–1269. doi:10.1016/j.
jesp.2008.04.007 PMID:19352440

Manganari, E. E., Siomkos, G. J., Rigopoulou, I. D., & Vrechopoulos, A. P. (2011). Virtual store layout effects 
on customer behaviour: Applying an environmental psychology approach in the online travel industry. Internet 
Research. Advance online publication. doi:10.1108/10662241111139336

Melero, I., Sese, F. J., & Verhoef, P. C. (2016). Recasting the customer experience in today’s omni-channel 
environment. Universia Business Review, (50), 18–37.

Miao, L., & Mattila, A. S. (2007). How and how much to reveal? The effects of price transparency on 
customers’ price perceptions. Journal of Hospitality & Tourism Research (Washington, D.C.), 31(4), 530–545. 
doi:10.1177/1096348007302354

Michener, G., & Bersch, K. (2013). Identifying transparency. Information Polity, 18(3), 233–242. doi:10.3233/
IP-130299

Mimouni-Chaabane, A., & Volle, P. (2010). Perceived benefits of loyalty programs: Scale development 
and implications for relational strategies. Journal of Business Research, 63(1), 32–37. doi:10.1016/j.
jbusres.2009.01.008

Mohan, M., Casidy, R., Thaichon, P., & Nyadzayo, M. (2022). Leveraging customer behavior research to forge 
new insights into B2B buyer behavior: Contextualizing extant research and developing a research agenda. 
Industrial Marketing Management, 105, 1–17. doi:10.1016/j.indmarman.2022.05.010

http://dx.doi.org/10.3390/su12176800
http://dx.doi.org/10.1504/IJESB.2008.018629
http://dx.doi.org/10.1037/0022-3514.74.5.1238
http://www.ncbi.nlm.nih.gov/pubmed/9599440
http://dx.doi.org/10.2224/sbp.8407
http://dx.doi.org/10.1177/1094670508330451
http://dx.doi.org/10.1287/mnsc.2020.3718
http://dx.doi.org/10.1037/a0015671
http://www.ncbi.nlm.nih.gov/pubmed/19634971
http://dx.doi.org/10.1016/S0022-1031(02)00535-8
http://dx.doi.org/10.1509/jmkg.71.4.019
http://dx.doi.org/10.1177/1094670515584331
http://dx.doi.org/10.1016/j.jesp.2008.04.007
http://dx.doi.org/10.1016/j.jesp.2008.04.007
http://www.ncbi.nlm.nih.gov/pubmed/19352440
http://dx.doi.org/10.1108/10662241111139336
http://dx.doi.org/10.1177/1096348007302354
http://dx.doi.org/10.3233/IP-130299
http://dx.doi.org/10.3233/IP-130299
http://dx.doi.org/10.1016/j.jbusres.2009.01.008
http://dx.doi.org/10.1016/j.jbusres.2009.01.008
http://dx.doi.org/10.1016/j.indmarman.2022.05.010


Journal of Organizational and End User Computing
Volume 35 • Issue 1

25

Mol, A. P. (2015). Transparency and value chain sustainability. Journal of Cleaner Production, 107, 154–161. 
doi:10.1016/j.jclepro.2013.11.012

Mustak, M., Jaakkola, E., Halinen, A., & Kaartemo, V. (2016). Customer participation management: Developing a 
comprehensive framework and a research agenda. Journal of Service Management, 27(3), 250–275. doi:10.1108/
JOSM-01-2015-0014

Nunnally, J. C. (1994). Psychometric theory (3rd ed.). McGraw-Hill.

Nussbaum, S., Trope, Y., & Liberman, N. (2003). Creeping dispositionism: The temporal dynamics of behavior 
prediction. Journal of Personality and Social Psychology, 84(3), 485–497. doi:10.1037/0022-3514.84.3.485 
PMID:12635911

Pan, M. C., Kuo, C. Y., Pan, C. T., & Tu, W. (2013). Antecedent of purchase intention: Online seller reputation, 
product category and surcharge. Internet Research, 23(4), 507–522. doi:10.1108/IntR-09-2012-0175

Pavlou, P. A. (2003). Customer acceptance of electronic commerce: Integrating trust and risk with the technology 
acceptance model. International Journal of Electronic Commerce, 7(3), 101–134. doi:10.1080/10864415.200
3.11044275

Pavlou, P. A., Liang, H., & Xue, Y. (2007). Understanding and mitigating uncertainty in online exchange 
relationships: A principal-agent perspective. Management Information Systems Quarterly, 31(1), 105–136. 
doi:10.2307/25148783

Peschel, A. O., & Aschemann-Witzel, J. (2020). Sell more for less or less for more? The role of transparency 
in customer response to upcycled food products. Journal of Cleaner Production, 273, 122884. doi:10.1016/j.
jclepro.2020.122884

Petty, R. E., & Cacioppo, J. T. (1986). The elaboration likelihood model of persuasion. In Communication and 
persuasion (pp. 1–24). Springer.

Petty, R. E., Cacioppo, J. T., & Schumann, D. (1983). Central and peripheral routes to advertising effectiveness: 
The moderating role of involvement. Journal of Customer Research, 10(2), 135–146. doi:10.1086/208954

Rajamma, R. K., Paswan, A. K., & Ganesh, G. (2007). Services purchased at brick and mortar versus online stores, 
and shopping motivation. Journal of Services Marketing, 21(3), 200–212. doi:10.1108/08876040710746552

Rehnen, L. M. (2016). Exit strategies of loyalty programs. Jbm-Journal of Business Market Management, 9(1), 
564–596.

Rothchild, M. L., & Gaidis, W. C. (1981). Behavioral learning theory: Its relevance to marketing and promotion. 
Journal of Marketing, 45(2), 70–78. doi:10.1177/002224298104500207

Septianto, F., Kemper, J., & Paramita, W. (2019). The role of imagery in promoting organic food. Journal of 
Business Research, 101, 104–115. doi:10.1016/j.jbusres.2019.04.016

Shankar, V., Smith, A. K., & Rangaswamy, A. (2003). Customer satisfaction and loyalty in online and 
offline environments. International Journal of Research in Marketing, 20(2), 153–175. doi:10.1016/S0167-
8116(03)00016-8

Sharma, D., & Verma, V. (2014). Psychological and economic considerations of rewards programs. Journal of 
Retailing and Customer Services, 21(6), 924–932. doi:10.1016/j.jretconser.2014.08.010

Sharp, B., & Sharp, A. (1997). Loyalty programs and their impact on repeat-purchase loyalty patterns. 
International Journal of Research in Marketing, 14(5), 473–486. doi:10.1016/S0167-8116(97)00022-0

Söderlund, M. (2019). Can the label ‘member’ in a loyalty program context boost customer satisfaction? The 
International Review of Retail, Distribution, and Customer Research, 29(3), 340–357. doi:10.1080/09593969
.2019.1598469

Son, Y., Oh, W., Han, S. P., & Park, S. (2020). When loyalty goes mobile: Effects of mobile loyalty apps on 
purchase, redemption, and competition. Information Systems Research, 31(3), 835–847. doi:10.1287/isre.2019.0918

Steinfield, C. (2004). Does online and offline channel integration work in practice. Paper presented at the 
Workshop on e-commerce impacts revisited, DIW, Berlin, Germany.

http://dx.doi.org/10.1016/j.jclepro.2013.11.012
http://dx.doi.org/10.1108/JOSM-01-2015-0014
http://dx.doi.org/10.1108/JOSM-01-2015-0014
http://dx.doi.org/10.1037/0022-3514.84.3.485
http://www.ncbi.nlm.nih.gov/pubmed/12635911
http://dx.doi.org/10.1108/IntR-09-2012-0175
http://dx.doi.org/10.1080/10864415.2003.11044275
http://dx.doi.org/10.1080/10864415.2003.11044275
http://dx.doi.org/10.2307/25148783
http://dx.doi.org/10.1016/j.jclepro.2020.122884
http://dx.doi.org/10.1016/j.jclepro.2020.122884
http://dx.doi.org/10.1086/208954
http://dx.doi.org/10.1108/08876040710746552
http://dx.doi.org/10.1177/002224298104500207
http://dx.doi.org/10.1016/j.jbusres.2019.04.016
http://dx.doi.org/10.1016/S0167-8116(03)00016-8
http://dx.doi.org/10.1016/S0167-8116(03)00016-8
http://dx.doi.org/10.1016/j.jretconser.2014.08.010
http://dx.doi.org/10.1016/S0167-8116(97)00022-0
http://dx.doi.org/10.1080/09593969.2019.1598469
http://dx.doi.org/10.1080/09593969.2019.1598469
http://dx.doi.org/10.1287/isre.2019.0918


Journal of Organizational and End User Computing
Volume 35 • Issue 1

26

Steinhoff, L., & Palmatier, R. W. (2016). Understanding loyalty program effectiveness: Managing target and 
bystander effects. Journal of the Academy of Marketing Science, 44(1), 88–107. doi:10.1007/s11747-014-0405-6

Stourm, V., Bradlow, E. T., & Fader, P. S. (2015). Stockpiling points in linear loyalty programs. JMR, Journal 
of Marketing Research, 52(2), 253–267. doi:10.1509/jmr.12.0354

Strahilevitz, M. A., & Loewenstein, G. (1998). The effect of ownership history on the valuation of objects. 
Journal of Customer Research, 25(3), 276–289. doi:10.1086/209539

Sukmaningsih, D. W., Meyliana, M., Prabowo, H., & Nizar Hidayanto, A. (2019). Loyalty program dimension 
and future trend for hospitality and travel industry: A systematic literature review. International Journal of 
Mechanical Engineering and Technology, 10(3).

Taylor, G. A., & Neslin, S. A. (2005). The current and future sales impact of a retail frequency reward program. 
Journal of Retailing, 81(4), 293–305. doi:10.1016/j.jretai.2004.11.004

Trope, Y., & Liberman, N. (2010). Construal-level theory of psychological distance. Psychological Review, 
117(2), 440–463. doi:10.1037/a0018963 PMID:20438233

Trope, Y., Liberman, N., & Wakslak, C. (2007). Construal levels and psychological distance: Effects on 
representation, prediction, evaluation, and behavior. Journal of Customer Psychology, 17(2), 83–95. doi:10.1016/
S1057-7408(07)70013-X PMID:21822366

Turilli, M., & Floridi, L. (2009). The ethics of information transparency. Ethics and Information Technology, 
11(2), 105–112. doi:10.1007/s10676-009-9187-9

Van Riel, A. C., Liljander, V., & Jurriens, P. (2001). Exploring customer evaluations of e‐services: A portal 
site. International Journal of Service Industry Management, 12(4), 359–377. doi:10.1108/09564230110405280

Vandaie, R., & Zaheer, A. (2015). Alliance partners and organization capability: Evidence from the motion 
picture industry. Organization Science, 26(1), 22–36. doi:10.1287/orsc.2014.0925

Vishwanath, T., & Kaufmann, D. (2001). Toward transparency: New approaches and their application to financial 
markets. The World Bank Research Observer, 16(1), 41–57. doi:10.1093/wbro/16.1.41

Wakslak, C. J., Trope, Y., Liberman, N., & Alony, R. (2006). Seeing the forest when entry is unlikely: Probability 
and the mental representation of events. Journal of Experimental Psychology. General, 135(4), 641–653. 
doi:10.1037/0096-3445.135.4.641 PMID:17087578

Walther, B. R. (2004). Discussion of information transparency and coordination failure: Theory and experiment. 
Journal of Accounting Research, 42(2), 197–205. doi:10.1111/j.1475-679X.2004.00135.x

Winters, E., & Ha, S. (2012). Customer evaluation of customer loyalty programs: The role of customization in 
customer loyalty program involvement. Journal of Global Scholars of Marketing Science, 22(4), 370–385. doi
:10.1080/21639159.2012.720752

Wirtz, J., Orsingher, C., & Cho, H. (2019a). Engaging customers through online and offline referral reward 
programs. European Journal of Marketing, 53(9), 1962–1987. doi:10.1108/EJM-10-2017-0756

Wirtz, J., Orsingher, C., & Cho, H. (2019b). Engaging customers through online and offline referral reward 
programs. European Journal of Marketing, 53(9), 1962–1987. doi:10.1108/EJM-10-2017-0756

Yi, A. Y. A., & Hwa, C. K. (2018). Factors affecting customer’s intention to adopt coalition loyalty program in 
Kuala Lumpur. Journal of Services & Management, 9(3-1). 

Yi, R., Stuppy-Sullivan, A., Pickover, A., & Landes, R. D. (2017). Impact of construal level manipulations on 
delay discounting. PLoS One, 12(5), e0177240. doi:10.1371/journal.pone.0177240 PMID:28542259

Zeithaml, V. A. (1988). Customer perceptions of price, quality, and value: A means-end model and synthesis 
of evidence. Journal of Marketing, 52(3), 2–22. doi:10.1177/002224298805200302

Zhou, L., Wang, W., Xu, J. D., Liu, T., & Gu, J. (2018). Perceived information transparency in B2C e-commerce: 
An empirical investigation. Information & Management, 55(7), 912–927. doi:10.1016/j.im.2018.04.005

Zhu, K. (2002). Information transparency in electronic marketplaces: Why data transparency may hinder the 
adoption of B2B exchanges. Electronic Markets, 12(2), 92–99. doi:10.1080/10196780252844535

http://dx.doi.org/10.1007/s11747-014-0405-6
http://dx.doi.org/10.1509/jmr.12.0354
http://dx.doi.org/10.1086/209539
http://dx.doi.org/10.1016/j.jretai.2004.11.004
http://dx.doi.org/10.1037/a0018963
http://www.ncbi.nlm.nih.gov/pubmed/20438233
http://dx.doi.org/10.1016/S1057-7408(07)70013-X
http://dx.doi.org/10.1016/S1057-7408(07)70013-X
http://www.ncbi.nlm.nih.gov/pubmed/21822366
http://dx.doi.org/10.1007/s10676-009-9187-9
http://dx.doi.org/10.1108/09564230110405280
http://dx.doi.org/10.1287/orsc.2014.0925
http://dx.doi.org/10.1093/wbro/16.1.41
http://dx.doi.org/10.1037/0096-3445.135.4.641
http://www.ncbi.nlm.nih.gov/pubmed/17087578
http://dx.doi.org/10.1111/j.1475-679X.2004.00135.x
http://dx.doi.org/10.1080/21639159.2012.720752
http://dx.doi.org/10.1108/EJM-10-2017-0756
http://dx.doi.org/10.1108/EJM-10-2017-0756
http://dx.doi.org/10.1371/journal.pone.0177240
http://www.ncbi.nlm.nih.gov/pubmed/28542259
http://dx.doi.org/10.1177/002224298805200302
http://dx.doi.org/10.1016/j.im.2018.04.005
http://dx.doi.org/10.1080/10196780252844535


Journal of Organizational and End User Computing
Volume 35 • Issue 1

27

APPENdIX


